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Background: The Centre for Disease Control and Prevention in Yangquan, 
China, has taken a series of preventive and control measures in response to the 
increasing trend of Kala-Azar. In response, we propose a new model to more 
scientifically evaluate the effectiveness of these interventions.

Methods: We obtained the incidence data of Kala-Azar from 2017 to 2021 
from the Centre for Disease Control and Prevention (CDC) in Yangquan. 
We  constructed Poisson segmented regression model, harmonic Poisson 
segmental regression model, and improved harmonic Poisson segmented 
regression model, and used the three models to explain the intervention effect, 
respectively. Finally, we  selected the optimal model by comparing the fitting 
effects of the three models.

Results: The primary analysis showed an underlying upward trend of Kala-Azar 
before intervention [incidence rate ratio (IRR): 1.045, 95% confidence interval 
(CI): 1.027–1.063, p  <  0.001]. In terms of long-term effects, the rise of Kala-Azar 
slowed down significantly after the intervention (IRR:0.960, 95%CI:0.927–0.995, 
p  =  0.026), and the risk of Kala-Azar increased by 0.3% for each additional month 
after intervention (β1  +  β3  =  0.003, IRR  =  1.003). The results of the model fitting 
effect showed that the improved harmonic Poisson segmental regression 
model had the best fitting effect, and the values of MSE, MAE, and RMSE were 
the lowest, which were 0.017, 0.101, and 0.130, respectively.

Conclusion: In the long term, the intervention measures taken by the Yangquan 
CDC can well curb the upward trend of Kala-Azar. The improved harmonic 
Poisson segmented regression model has higher fitting performance, which can 
provide a certain scientific reference for the evaluation of the intervention effect 
of seasonal infectious diseases.
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1 Background

Kala-Azar, also known as visceral leishmaniasis, is a chronic 
endemic infectious disease caused by the invasion of Leishmania 
species into the human body through the bite of a sandfly and its 
parasitism in human macrophages (1). China declared the basic 
eradication of Kala-Azar in 1958 (2), however, in recent years, the 
number of reported cases of Kala-Azar in China’s Shanxi Province has 
increased year by year, ranking first in China in the number of 
reported cases in 2019–2020, with the city of Yangquan having the 
highest number of sick people (3). In response, the Yangquan Centre 
for Disease Prevention and Control (CDC) carried out preventive and 
control measures in May 2020, mainly by means of screening patients, 
eradicating sandflies and culling sick dogs. A simple comparison of 
the difference in morbidity rates before and after this intervention is 
not yet sufficient to make a sound evaluation of the effectiveness of 
this measure, so further exploration of suitable statistical methods 
is essential.

In recent years, interrupted time series analysis (ITSA) has often 
been used to quantitatively evaluate the effectiveness of public health 
interventions (4), which is a quasi-experimental design to evaluate the 
effectiveness of an intervention at a well-defined point in time (5). In 
interrupted time series design, segmented regression analysis is a 
powerful statistical method for evaluating the effects of interventions, 
which can reflect both short-term and long-term effects of 
interventions, and is able to construct different models based on 
different data types, such as linear segmented regression models or 
Poisson segmented regression models (6). In reality, the onset of some 
diseases is often accompanied by significant seasonality, and this 
seasonality can make the time series unstable and generate 
autocorrelation (7), and this autocorrelation may make the standard 
errors of the parameter estimates of the segmented regression model 
small, thus overestimating the effect of the intervention, and at the 
same time, if the morbidity rates before and after the intervention are 
not uniformly distributed across the months, it may also make the 
study results significantly biased (4). In this regard, harmonic 
regression models constructed using the frequency domain approach 
in time series analysis have been shown to be able to cope with such 
problems (8). In 2017, Margaret et  al. used a Poisson harmonic 
regression model to fit and predict the seasonal cyclical component of 
the Ross River disease, brucellosis, and dengue sequences in Australia, 
and showed that this model could fit the characteristics of the data 
well, with better predictive performance (9). Hongjie Yu et al. used a 
linear regression model with harmonic terms to estimate the seasonal 
characteristics of influenza in 30 provinces in China from 2005 to 
2011, and the results showed that the model could fit the seasonal and 
cyclical fluctuations present in the influenza data well (10).

Harmonic regression model can only fit the data with regular 
periodic fluctuations well. The model becomes inadequate when 
there are irregular cyclical situations of disease change, such as peaks 
of incidence becoming steeper and troughs of incidence being 
prolonged (11). We  find that an improved harmonic regression 
model proposed by Ramanathan et al. can better fit seasonally steep 
peaks by introducing sine and cosine transformation functions as 
quadratic terms into the harmonic regression model (12). With this 
in mind, we constructed an improved Poisson harmonic regression 
model in the hope of fitting the time-series data of Kala-Azar more 
accurately, and thus scientifically evaluating the effectiveness of 
the interventions.

In this study, we  constructed an improved Poisson harmonic 
regression model for the first time and used it for data fitting and 
evaluation of interventions for Kala-Azar. We  first constructed a 
Poisson segmented regression model as a basic model, then 
constructed a Poisson harmonic segmented regression model and an 
improved Poisson harmonic segmented regression model to cope with 
the seasonal cyclical condition of the time series. Finally, through the 
comparison of the three models, the optimal model was selected to 
accurately evaluate the intervention effect of Kala-Azar, which can 
provide a certain scientific reference for the evaluation of the 
intervention effect of seasonal infectious diseases.

2 Materials and methods

2.1 Data sources

The data were obtained from the Yangquan CDC, spanning from 
1 January 2017 to 31 December 2021, and contained the number of 
confirmed local cases of Kala-Azar reported in Yangquan and related 
population data. The diagnosis of Kala-Azar was made with reference 
to the Diagnostic Criteria for Kala-Azar (WS 258–2006), and all cases 
were identified according to the time of onset of the disease (13), and 
the time-series indicator used was the incidence rate. The interval unit 
of the time series is month, a total of 60 months, and the intervention 
point is May 2020.

2.2 Analysis of Kala-Azar sequence 
characteristics and stationarity test

Seasonal-trend decomposition using Loess (STL) can be used to 
analyze the long-term trend, seasonal trend and random effect of 
Kala-Azar incidence in Yangquan from 2017 to 2021 as follows 
(Equation 1) (14):

 Xt Tt St It= + +  (1)

where Xt is the actual value of Kala-Azar incidence at time t and 
Tt, St and It are the long-term trends, seasonal trends and random 
effects, respectively. The augmented Dickey–Fuller test (ADF) test was 
used to evaluate the stationarity of the sequence.

2.3 Poisson segmented regression model

The general expression of the model is as follows:

 log logy n X X Xi i( ) = ( ) + + + + +β β β β ε0 1 1 2 2 3 3  (2)

Since the number of observed populations varies from year to year, 
log(ni) is introduced here as an offset to remove the effect of unequal 
number of observation units on the results, where ni is the number of 
observed populations per year. The dependent variable yi is the number 
of Kala-Azar cases per month, and X1, X2, and X3 denote time variables, 
intervention variables, and post-intervention time variables, respectively. 
β0 is the pre-intervention intercept, indicating the pre-intervention 
baseline level; β1 is the pre-intervention trend parameter, that is, the 

https://doi.org/10.3389/fpubh.2024.1326225
https://www.frontiersin.org/journals/public-health
https://www.frontiersin.org


Hao et al. 10.3389/fpubh.2024.1326225

Frontiers in Public Health 03 frontiersin.org

slope of the pre-intervention regression line; β2 is the immediate change 
parameter, that is, the difference between the estimated values of the 
indicators in the two regression models before and after the intervention 
at the moment of the intervention, which indicates the change in the 
level of the indicator values caused by the intervention and is used for 
evaluating the short-term effect of the intervention; β3 is the amount of 
change in the trend parameter, which describes the difference between 
the pre and post-intervention slopes, and is used for evaluating the long-
term effect of the intervention; and indicates the random error. Since 
June–September of each year is the peak period of sandflies, Yangquan 
City carried out measures to eliminate sandfly during this period. In 
order to evaluate the effectiveness of this measure, this paper introduces 
the dummy variable X4, and the time point during the elimination 
period is set to 1, and the rest of the time point is set to 0. Therefore, the 
model (2) can be changed to:

 log logy n X X X Xi i( ) = ( ) + + + + + +β β β β β ε0 1 1 2 2 3 3 4 4  (3)

The parameter β4 indicates the amount of level change caused by 
elimination of sandfly.

2.4 Harmonic Poisson segmental 
regression model

The expression of the underlying model describing the cyclical 
fluctuations of the time series is (15):

 y tt = + +( ) +µ γ πω ϕ εcos 2  (4)

yt is the value at moment t, t = 1, 2, …, N, N is the effective length 
of the time series, μ is a constant, γ is the amplitude, ω is the frequency, 
φ is the phase angle, and ε denotes the random error. Assuming that 
the period of the sequence is known, the frequency ω, is a fixed 
number, that is, the reciprocal of the period. Thus, the model consists 
of three unknown parameters: the constant μ, the amplitude γ, and the 
phase angle φ. Model (4) can be transformed into:

 

( ) ( )
( )

cos 2 cos 2
sin 2

µ γ πω ϕ ε µ β πω
β πω ε

= + + + = + +
+

t C

S

y t t
t  

(5)

β γ ϕC = cos  and β γ ϕS = − sin  are the coefficients of the model’s 
sine and cosine function terms, respectively. The time series interval 
unit used in this study is month and the cycle length is 12, which 
shows that ω = 1/12. Therefore, model (5) can be rewritten as:

 y t tt C m S mm = + ( ) + ( ) +β β π β π ε0 2 12 2 12cos / sin /  (6)

ytm is the monthly reported incidence value for month t of year 
m; t values range from 1 to 12; m ranges from 1 to L, and L is the 
maximum number of years of observation. The model is a linear 
combination of the sine and cosine functions, which fit the 
sequence into a single, equally spaced variation of regular 
fluctuations. The peak time θ can be estimated using βc and βs by 
the δ method: θ β β π= ( ) +{ }12 2arctan / /S C k , When βc > 0 and 

βs > 0, k = 0; when βc < 0 and βs < 0, k = 2π; in the remaining cases 
k = π (12). We refer to model (6) on the basis of model (3) so as to 
construct the harmonic-based Poisson segmented regression model:

 

( ) ( )
( ) ( )

0 1 1 2 2 3 3 4 4log log
cos 2 / 12 sin 2 / 12

β β β β β
β π β π ε
= + + + + + +

+ +
tm m

C m S m

y n X X X X
t t  

(7)

2.5 Improved harmonic Poisson segmented 
regression model

We use two wave functions 2 1 2− ( ){ }cos /u u  and sin /u u( )
instead of the cosine and sine functions, respectively, so as to better fit 
the seasonally steep peaks. The model is constructed as follows:

 

( )2
0 wave1 2

sin /12 /cosβ β β ε  − = + + +        
m

tm m wave
m m

uy uu u  
(8)

u tmm = −( )2 12π θ / , θ is the time of the peak and can 
be calculated using the δ method described above, βwave1 and βwave2 are 
the coefficients of the two wave functions. The improved harmonic 
Poisson segmented regression model we constructed on this basis is 
as follows:

 

( ) ( )
( )

( )

0 1 1 2 2 3 3
2

4 4 1

2

log log

2 1 cos /

sin /

β β β β

β β

β ε

= + + + + +

 + − + 
  + 

tm m

wave m m

wave m m

y n X X X

X u u

u u
 

(9)

2.6 The construction process of the models

Figure 1 showed the construction framework of the above three 
models, including five parts: data processing preparation, stationarity 
test, model construction, autocorrelation test of residuals and 
model evaluation.

2.6.1 Data processing preparation
The variable assignments of the data were shown in 

Supplementary Table S1, in which X1 represents the time variable, 
which in this study is sequentially from 1 to 60; X2 represents the 
intervention variable, which is 0 before the intervention, and then 1 
after; X3 represents the post-intervention time variable, which is 0 
before the intervention, and then 0–19 sequentially; and X4 is a 
dummy variable, which is set to be 1 for the month of the elimination 
of the sandfly, and 0 for the rest of the months.

2.6.2 Stationarity test
ITSA required sequence stationarity, and ADF test was used to 

estimate the stationarity of the sequence.

2.6.3 Model construction
When the series is stationary, the Poisson segmented regression 

model is established by formula 3. When the sequence is 
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non-stationarity, harmonic Poisson segmental regression model and 
improved harmonic Poisson segmental regression model are 
established by formulas 7, 9 respectively.

2.6.4 Autocorrelation test of residuals
The Ljung-Box test was used to evaluate whether the residual was an 

autocorrelation sequence, and non-autocorrelation showed that the model 
was successfully constructed. In the Ljung-Box test, the null hypothesis is 
that “the residuals are non-autocorrelated.” The autocorrelation was 
double-checked by examining the autocorrelation function plots.

2.6.5 Model evaluation
Mean Squared Error (MSE), Mean Absolute Error (MAE) and 

Root Mean Squared Error (RMSE) were used to compare the fitting 
performance of each model.

2.7 Statistical analysis

Microsoft Excel 2021 was used to collate the data and SAS 9.4 was 
used to implement the construction of the three models described 
above. Anaconda software version 4.10.3 was used for stationarity and 
autocorrelation test. The incidence rate ratio (IRR) and 95% 
confidence interval (CI) were calculated. A p < 0.05 for two-tailed tests 
indicated statistical significance.

3 Results

3.1 Sequence characteristics and 
stationarity test

STL was used to study the time series of Kala-Azar in Yangquan 
from 2017 to 2021, and the results were shown in Figure  2. The 

long-term trend showed that the incidence of Kala-Azar in Yangquan 
had gradually increased since 2017 and reached its peak in mid-2020. 
Kala-Azar had a distinct seasonality, with the peak onset in May each 
year (Figures 2, 3). The stationarity test result showed that the Kala-
Azar sequence was non-stationary (the ADF test: t = −0.403, p = 0.910).

3.2 Model construction and intervention 
effect evaluation

Table 1 showed the results of the three models constructed by 
using formulas 3, 7, and 9 respectively. The primary analysis showed 
an underlying upward trend of Kala-Azar before intervention (Model 
A: IRR:1.045, 95%CI:1.026–1.064, p < 0.001; Model B: IRR:1.045, 
95%CI:1.027–1.064, p < 0.001; Model C: IRR:1.045, 95%CI: 1.027–
1.063, p < 0.001). On top of this underlying trend, we found that in 
terms of long-term effects, the rise of Kala-Azar slowed down 
significantly after the intervention (Model A: IRR:0.947, 95%CI:0.915–
0.981, p = 0.002; Model B: IRR:0.958, 95%CI:0.925–0.992, p = 0.016; 
Model C: IRR:0.960, 95%CI:0.927–0.995, p = 0.026), but the short-
term effect of the intervention was not statistically significant (Model 
A: IRR:1.290, 95%CI:0.789–2.107, p = 0.310; Model B: IRR:1.208, 
95%CI:0.741–1.970, p = 0.448; Model C: IRR:1.236, 95%CI:0.758–
2.016, p = 0.395). The Poisson segmented regression model indicated 
that the risk of developing Kala-Azar decreases by 1% for each 
additional month after intervention (β1 + β3 = −0.010, IRR = 0.990). 
The harmonic Poisson segmental regression model showed that the 
risk of Kala-Azar increased by 0.1% for each additional month after 
intervention (β1 + β3 = 0.001, IRR = 1.001). Although in the opposite 
direction to the results obtained from the Poisson segmented 
regression model, the trend of Kala-Azar was significantly slower after 
the intervention compared to the pre-intervention period. The 
improved harmonic Poisson segmented Regression Model suggested 

FIGURE 1

Flow chart of the three Poisson segment regression models.
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that the risk of Kala-Azar increased by 0.3% for each additional month 
after intervention (β1 + β3 = 0.003, IRR = 1.003), the results were also 
contrary to the results of the Poisson segmented regression model, and 
larger than the results of the harmonic Poisson segmented regression 
model, but it also showed that the upward trend in the incidence of 
Kala-Azar slowed down significantly after the intervention. The results 
of the three models indicated that the interventions were not 

statistically significant (Model A: IRR:1.110, 95%CI:0.786–1.569, 
p = 0.554; Model B: IRR:1.090, 95%CI:0.704–1.687, p = 0.699; Model 
C: IRR:1.066, 95%CI:0.723–1.572, p = 0.748). The four parameters 
used to adjust seasonal periodicity were statistically significant, 
(Model B: IRRsine:1.279, 95%CI:1.030–1.588, p = 0.026; IRRcosine:0.771, 
95%CI:0.623–0.953, p = 0.016. Model C: IRRwave1:6.309, 95%CI:2.584–
15.402, p < 0.001; IRRwave2:0.259, 95%CI:0.102–0.656, p = 0.004).

FIGURE 2

Seasonal decomposition of monthly Kala-Azar in Yangquan from 2017 to 2021. The unit is incidence per 100,000 population. (A–D) The original data, 
long-term trends, seasonal trends, and residuals, respectively.

FIGURE 3

The seasonal distribution of monthly Kala-Azar in Yangquan from 2017 to 2021.
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3.3 Comparison of model performance

Ljung-Box method and residual autocorrelation plots were used 
to test autocorrelation on the residual parts of the three models. The 
results of the Ljung-Box test indicated that autocorrelation still existed 
in the residuals of the Poisson segmented regression model (χ2 = 1.402, 
P < 0.001), whereas there is no autocorrelation found in the remaining 
two models, as shown in Table 2. The residual autocorrelation plots of 
the three models were shown in Supplementary Figure S1, which can 
be  more intuitively seen that the residual series of the Poisson 
segmented regression model still had seasonal characteristics.

In order to evaluate the fitting effect of the three models more 
objectively, the time series plots of the actual incidence rate and the 
fitted values of the three models were shown in Figure 4. MSE, MAE 
and RMSE were used to quantitatively compare the performance of 
the models (16). From Figure  4, it can be  seen that the Poisson 
segmented regression model has the worst fitting effect; the improved 
harmonic Poisson segmented regression model is more advantageous 
in fitting the peaks and more accurately fits the trend. Among the 
three models, the values of MSE, MAE, and RMSE of the improved 
harmonic Poisson segmented regression model are the lowest, which 
can indicate the optimal fitting performance of the improved 
harmonic Poisson segmented regression model, as shown in Table 3.

4 Discussion

As the reported incidence of Kala-Azar in Yangquan City, China, is 
increasing year by year and is prone to serious health service burden and 
economic losses, the Yangquan CDC has taken active preventive and 
control measures. Accurate and rational intervention effect evaluation 
models are important guides for infectious disease prevention, control 
and governmental decision-making (17). The reported incidence of 
Kala-Azar in Yangquan City from January 2017–December 2021 showed 
an increasing trend year by year, and there was a clear seasonal cyclical 
feature, with the peak in May each year. This may be due to the fact that 
May is an active period for sandfly each year, making it easier for Kala-
Azar to spread, which suggests that May is an appropriate window to 
carry out residual spraying to control vector densities each year.

This study used a segmented regression model based on an 
interrupted time series design to evaluate the effect of the intervention 
of Kala-Azar in Yangquan City. There is obvious seasonality in the 
Kala-Azar sequence, which will make the time series unstable, 
produce autocorrelation, and make the results of the study appear 
obvious bias (18). In order to solve the seasonal periodicity and 
autocorrelation of the Kala-Azar time series, the Harmonic Poisson 
Segmented Regression Model, and the Improved Harmonic Poisson 
Segmented Regression Model were established in this paper. The 
results of these two models showed that the short-term effect of the 
intervention was poor, which may be due to the lag of intervention, it 
was difficult to take effect in the short term; but in the long term, the 
intervention curbed the onset of Kala-Azar.

Compared to the Poisson segmented regression model and the 
harmonic Poisson segmented regression model, the improved 
harmonic Poisson segmented regression model can fit the Kala-Azar 
sequence better. It may be due to the fact that the model uses two wave 
functions to simulate the seasonal cycle portion of the Kala-Azar 

TABLE 1 Effect analysis of intervention measures for prevention and control of Kala-Azar by CDC in Yangquan.

Model A Model B Model C

β IRR (95% 
CI)

p-
value

β IRR (95% 
CI)

p-value β IRR (95% 
CI)

p-value

Trend pre-

intervention
β1

0.044

1.045 (1.026 to 

1.064)
<0.001

0.044

1.045 (1.027 to 

1.064)
<0.001

0.044

1.045 (1.027 to 

1.063)
<0.001

Immediate change β2
0.254

1.290 (0.789 to 

2.107)
0.310

0.189

1.208 (0.741 to 

1.970)
0.448

0.212

1.236 (0.758 to 

2.016)
0.395

Change in trend 

post-intervention
β3

−0.054

0.947 (0.915 to 

0.981)
0.002

−0.043

0.958 (0.925 to 

0.992)
0.016

−0.041

0.960 (0.927 to 

0.995)
0.026

Measures to 

eliminate sandfly
β4

0.105

1.110 (0.786 to 

1.569)
0.554

0.086

1.090 (0.704 to 

1.687)
0.699

0.064

1.066 (0.723 to 

1.572)
0.748

sine βS
0.246

1.279 (1.030 to 

1.588)
0.026

cosine βc
−0.260

0.771 (0.623 to 

0.953)
0.016

wave1 βwave1
1.842

6.309 (2.584 to 

15.402)
<0.001

wave1 βwave2
−1.352

0.259 (0.102 to 

0.656)
0.004

IRR, incidence rate ratio; CI, confidence interval; Sine, cosine, wave1 and wave2 was used to adjust seasonality. Model A: Poisson segmented regression model. Model B: Harmonic Poisson 
Segmental Regression Model. Model C: Improved Harmonic Poisson Segmented Regression Model. Bolded values indicate p-values less than 0.05.

TABLE 2 Ljung-Box tests for the three model residuals.

Model Ljung-Box

χ2 P

Poisson segment regression model 1.402 <0.001

Harmonic Poisson segment regression model 2.051 0.152

improved harmonic Poisson segment regression model 1.030 0.310
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sequence, which is better suited to seasonal steep peaks. This is also 
consistent with the findings of Ramanathan et al. (12).

To the best of our knowledge, we are the first one to explore the 
segmented regression model based on ITSA for analyzing the 
intervention effect of Kala-Azar in Yangquan, China. Its advantage is that 
the model can accurately evaluate the short-term and long-term effects 
of Kala-Azar intervention. Second, the harmonic Poisson segmented 
regression model and the improved harmonic Poisson segmented 
regression model established in this paper can more accurately fit the 
seasonal and periodic parts of the Kala-Azar sequence. At the same time, 
the two models can solve the autocorrelation in the sequence.

However, there are also some limitations. (1) The three models 
established in this study only evaluated the short-term and long-term 
effects of the intervention measures, but the intervention may have a 
certain lag, and the model could not determine the specific time when the 
intervention would have an effect. (2) This study only established 
segmented regression models, and the superiority of the improved 
harmonic Poisson segmented regression model and other models 
remained to be  verified. (3) There are many factors affecting the 
occurrence of infectious diseases, and this study only used historical 
incidence data, and other factors can be included in the model for further 
research. In the future, the influence factors of Kala-Azar will 
be incorporated into the model, and we will consider the delayed effects 
of the intervention to determine exactly when the intervention takes effect.

5 Conclusion

In the long term, the intervention measures taken by Yangquan 
CDC can curb the upward trend of Kala-Azar. The improved harmonic 
Poisson segmented regression model is more suitable for seasonal 
infectious diseases, which can provide a certain scientific reference basis 
for the evaluation of the intervention effect of infectious diseases.

Data availability statement

The data analyzed in this study is subject to the following licenses/
restrictions: the data that support the findings of this study are 
available from the corresponding author upon reasonable request. 
Requests to access these datasets should be  directed to LQ, 
qlx_1126@163.com.

Author contributions

CH: Conceptualization, Writing – original draft, Writing – review 
& editing. ZZ: Methodology, Software, Writing – review & editing. PZ: 
Data curation, Investigation, Writing – review & editing. BW: Data 
curation, Investigation, Writing – review & editing. HR: Validation, 
Writing – review & editing. XW: Software, Validation, Writing – 
review & editing. YQ: Validation, Writing – review & editing. YC: 
Validation, Writing – review & editing. LQ: Conceptualization, 
Funding acquisition, Supervision, Writing – review & editing.

Funding

The author(s) declare that financial support was received for the 
research, authorship, and/or publication of this article. This research 

FIGURE 4

Time series plots of fitted values of the three models and actual value. The figure is divided into two parts by a dashed line. The left side of the figure is 
the pre-intervention part, and the right side is the post-intervention part.

TABLE 3 Performance comparison of the three models.

Model MSE MAE RMSE

Poisson segment regression model 0.028 0.120 0.166

Harmonic Poisson segment regression model 0.019 0.103 0.138

Improved harmonic Poisson segment 

regression model
0.017 0.101 0.130

Bold indicates MSE, MAE and MRSE has the lowest value.

https://doi.org/10.3389/fpubh.2024.1326225
https://www.frontiersin.org/journals/public-health
https://www.frontiersin.org
mailto:qlx_1126@163.com


Hao et al. 10.3389/fpubh.2024.1326225

Frontiers in Public Health 08 frontiersin.org

was supported by the National Natural Science Foundation of China 
(grant no. 81973155).

Acknowledgments

We would like to thank all the participants in this study.

Conflict of interest

The authors declare that the research was conducted in the 
absence of any commercial or financial relationships that could 
be construed as a potential conflict of interest.

Publisher’s note

All claims expressed in this article are solely those of the authors 
and do not necessarily represent those of their affiliated organizations, 
or those of the publisher, the editors and the reviewers. Any product 
that may be evaluated in this article, or claim that may be made by its 
manufacturer, is not guaranteed or endorsed by the publisher.

Supplementary material

The Supplementary material for this article can be found online 
at: https://www.frontiersin.org/articles/10.3389/fpubh.2024.1326225/
full#supplementary-material

References
 1. Cloots K, Uranw S, Ostyn B, Bhattarai NR, Le Rutte E, Khanal B, et al. Impact of 

the visceral leishmaniasis elimination initiative on Leishmania donovani transmission 
in Nepal: a 10-year repeat survey. Lancet Global Health. (2020) 8:e237–43. doi: 10.1016/
S2214-109X(19)30536-4

 2. Yan-jia L. A review of in China from 1949 to 1959. Trans R Soc Trop Med Hyg. 
(1982) 76:531–7. doi: 10.1016/0035-9203(82)90157-2

 3. Dai P, Tian X, Zhao J, Dong H, Cheng J. Epidemiological characteristics of visceral 
leishmaniasis in Shanxi province, China, 2020. Chin J Vect Biol Control. (2022) 33:405–8. 
doi: 10.11853/j.issn.1003.8280.2022.03.017

 4. Bernal JL, Cummins S, Gasparrini A. Interrupted time series regression for the 
evaluation of public health interventions: a tutorial. Int J Epidemiol. (2016) 
46:dyw098–355. doi: 10.1093/ije/dyw098

 5. Korevaar E, Karahalios A, Turner SL, Forbes AB, Taljaard M, Cheng AC, et al. 
Methodological systematic review recommends improvements to conduct and reporting 
when meta-analyzing interrupted time series studies. J Clin Epidemiol. (2022) 145:55–69. 
doi: 10.1016/j.jclinepi.2022.01.010

 6. Islam MM, Heiny EL. A robust statistical method to estimate the intervention effect 
with longitudinal data. Statist Optim Inform Comput. (2020) 8:318–27. doi: 10.19139/
soic-2310-5070-811

 7. OJT B, Amerasinghe PH, Penelope V, Clive S. Generalized seasonal autoregressive 
integrated moving average models for count data with application to malaria time series 
with low case numbers. PLoS One. (2013) 8:e65761. doi: 10.1371/journal.pone.0065761

 8. Jagai JS, Rajiv S, Denise C, Kattula D, McEntee J, Ward H, et al. Seasonality of 
rotavirus in South Asia: a meta-analysis approach assessing associations with 
temperature, precipitation, and vegetation index. PLoS One. (2012) 7:e38168. doi: 
10.1371/journal.pone.0038168

 9. Stratton MD, Ehrlich HY, Mor SM, Naumova EN. A comparative analysis of three 
vector-borne diseases across Australia using seasonal and meteorological models. Sci 
Rep. (2017) 7:40186. doi: 10.1038/srep40186

 10. Yu H, Alonso WJ, Feng L, Tan Y, Shu Y, Yang W, et al. Characterization of regional 
influenza seasonality patterns in China and implications for vaccination strategies: 
Spatio-temporal modeling of surveillance data. PLoS Med. (2013) 10:e1001552. doi: 
10.1371/journal.pmed.1001552

 11. Coxe S, West SG, Aiken LS. The analysis of count data: a gentle introduction to 
Poisson regression and its alternatives. J Pers Assess. (2009) 91:121–36. doi: 
10.1080/00223890802634175

 12. Ramanathan K, Thenmozhi M, George S, Anandan S, Veeraraghavan B, Naumova 
EN, et al. Assessing seasonality variation with harmonic regression: accommodations for 
sharp peaks. Int J Environ Res Public Health. (2020) 17:1318. doi: 10.3390/ijerph17041318

 13. Jun-Yun ANG, Chun-Hua GAO. Interpretation of diagnostic criteria for kala-azar. 
Chin J Schisto Control. (2017) 29:541–3. doi: 10.16250/j.32.1374.2017109

 14. Sanchez-Vazquez MJ, Nielen M, Gunn GJ, Lewis FI. Using seasonal-trend 
decomposition based on loess (STL) to explore temporal patterns of pneumonic lesions 
in finishing pigs slaughtered in England, 2005-2011. J Prev Vet Med. (2012) 104:65–73. 
doi: 10.1016/j.prevetmed.2011.11.003

 15. Naumova EN, Jagai JS, Matyas B, DeMaria A, MacNeill IB, Griffiths JK. Seasonality 
in six enterically transmitted diseases and ambient temperature. Epidemiol Infect. (2007) 
135:281–92. doi: 10.1017/S0950268806006698

 16. Turner SL, Korevaar E, Cumpston MS, Kanukula R, Forbes AB, McKenzie JE. 
Effect estimates can be  accurately calculated with data digitally extracted from 
interrupted time series graphs. Res Syn Meth. (2023) 14:622–38. doi: 10.1002/jrsm.1646

 17. Manheim D, Chamberlin M, Osoba OA, Vardavas R, Moore M. Improving 
decision support for infectious disease prevention and control: aligning models and 
other tools with policymakers' needs. Santa Monica, CA: RAND Corporation (2016) 
Available at: https://www.rand.org/pubs/research_reports/RR1576.html.

 18. Arendt F, Mestas M. Suicide among soldiers and social contagion effects: an 
interrupted time-series analysis. Soc Sci Med. (2023) 320:115747. doi: 10.1016/j.
socscimed.2023.115747

https://doi.org/10.3389/fpubh.2024.1326225
https://www.frontiersin.org/journals/public-health
https://www.frontiersin.org
https://www.frontiersin.org/articles/10.3389/fpubh.2024.1326225/full#supplementary-material
https://www.frontiersin.org/articles/10.3389/fpubh.2024.1326225/full#supplementary-material
https://doi.org/10.1016/S2214-109X(19)30536-4
https://doi.org/10.1016/S2214-109X(19)30536-4
https://doi.org/10.1016/0035-9203(82)90157-2
https://doi.org/10.11853/j.issn.1003.8280.2022.03.017
https://doi.org/10.1093/ije/dyw098
https://doi.org/10.1016/j.jclinepi.2022.01.010
https://doi.org/10.19139/soic-2310-5070-811
https://doi.org/10.19139/soic-2310-5070-811
https://doi.org/10.1371/journal.pone.0065761
https://doi.org/10.1371/journal.pone.0038168
https://doi.org/10.1038/srep40186
https://doi.org/10.1371/journal.pmed.1001552
https://doi.org/10.1080/00223890802634175
https://doi.org/10.3390/ijerph17041318
https://doi.org/10.16250/j.32.1374.2017109
https://doi.org/10.1016/j.prevetmed.2011.11.003
https://doi.org/10.1017/S0950268806006698
https://doi.org/10.1002/jrsm.1646
https://www.rand.org/pubs/research_reports/RR1576.html
https://doi.org/10.1016/j.socscimed.2023.115747
https://doi.org/10.1016/j.socscimed.2023.115747

	Application of improved harmonic Poisson segmented regression model in evaluating the effectiveness of Kala-Azar intervention in Yangquan City, China
	1 Background
	2 Materials and methods
	2.1 Data sources
	2.2 Analysis of Kala-Azar sequence characteristics and stationarity test
	2.3 Poisson segmented regression model
	2.4 Harmonic Poisson segmental regression model
	2.5 Improved harmonic Poisson segmented regression model
	2.6 The construction process of the models
	2.6.1 Data processing preparation
	2.6.2 Stationarity test
	2.6.3 Model construction
	2.6.4 Autocorrelation test of residuals
	2.6.5 Model evaluation
	2.7 Statistical analysis

	3 Results
	3.1 Sequence characteristics and stationarity test
	3.2 Model construction and intervention effect evaluation
	3.3 Comparison of model performance

	4 Discussion
	5 Conclusion
	Data availability statement
	Author contributions

	References

