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Introduction: Disseminating health science information via the internet has become

an essential means for improving Chinese residents’ health literacy, which has

received constant attention from the Chinese government. Therefore, it is important

to explore Chinese residents’ perceived value and emotional response to mobile

health science information for determining Chinese residents’ satisfaction and

use intention.

Methods: This study applied the cognition–a�ect–conation model to evaluate the

perceived value, arousal, pleasure, trust, satisfaction, and continuous use intention.

A mobile device was used to obtain health science information from 236 Chinese

residents via an online survey and the data were analyzed using partial least squares

(PLS)-structural equation modeling.

Results: The results showed that Chinese residents’ perceived value of health science

information obtained using the mobile device directly a�ect the degree of arousal

(β = 0.412, P < 0.001), pleasure (β = 0.215, P < 0.01), and trust (β = 0.339, P <

0.001). The degree of arousal (β = 0.121, P < 0.01), pleasure (β = 0.188, P < 0.01),

and trust (β = 0.619, P < 0.001) directly a�ected Chinese residents’ satisfaction, which

further a�ected their continuous use intention (β = 0.513, P < 0.001). Similarly, trust

directly a�ected Chinese residents’ continuous use intention (β = 0.323, P < 0.001).

The degree of arousal directly a�ected their degree of pleasure (β = 0.304, P < 0.001),

and pleasure also imposed a direct e�ect on trust (β = 0.293, P < 0.001).

Discussion: The result of this study provided an academic and practical reference

to improve mobile health science popularization information. A�ective changes have

imposed an important e�ect on Chinese residents’ continuous use intention. High-

quality, diversified and frequent use of health science information can significantly

increase residents’ continuous use intention, improving their health literacy as

a consequence.

KEYWORDS

health science information, cognition-a�ect-conation model, Chinese residents, perceived
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1. Introduction

People’s health is considered the basic condition of a country’s

social and economic development and has become an important

symbol of a country’s prosperity. In 2020, Chinese residents’ health

literacy rate was 23.15% (1). Due to this relatively low health

literacy rate, there was an imbalance in regional development,

especially in the prevention and control of chronic diseases and

in acquiring knowledge reserved for basic medical treatment (2).

The Chinese government has adopted practical measures, such

as the promulgation of “China Health 2030” (3), “China Health

Action” (4), and other related medical policies and plans, to

continuously pay attention to the health of Chinese residents. The

rapid development and improvement of Chinese residents’ health

literacy have provided a good policy environment in China. Although

tremendous efforts have been made and a certain level of success

has been achieved, Chinese residents’ health literacy and status are

still not ideal (5). Therefore, it is crucial to improve their health

levels by actively improving their health literacy and constructing

a holistic, multidimensional, and individualized medical science

popularization mode.

Due to the wide application of 5G technology, health science

information obtained using mobile devices has become an integral

part of people’s lives. Mobile health science information changes

people’s lifestyles and affects Chinese residents’ health literacy and

behaviors (6, 7). The Chinese government officially released the

“Outline of the National Medical and Health System Planning

(2015–2020),” which proposed new technologies, such as mobile

internet, the internet of things, and cloud computing, to promote

Chinese residents’ health information services and intelligent

medical services (8). Numerous scholars studied the relationships

between mobile health science information and health literacy,

initiating intensive discussions and drawing attention. Regarding

research on mobile health science information, extensive studies

focused on the application of information management systems

and their implications for physician–patient relationships (9–11).

Other studies focused on healthcare information, supplementing

and perfecting the existing healthcare system and promoting its

future development (12–14). Some scholars indicated that the use of

mobile devices for health literacy could promote the dissemination

of health science information efficiently and accurately. In addition,

some studies showed that mobile health science information

provided users with more convenient ways to obtain the necessary

information, which greatly improved users’ health literacy (15–17).

Meanwhile, other scholars found that disseminating health science

information in the community could improve Chinese residents’

satisfaction (18). Moreover, both online and offline platforms

provide users with multiple methods to obtain health science

information. Consequently, multiple platforms (WeChat, DouYin,

and XiaoHongShu) for health science information have emerged and

become the primary ways for Chinese residents to obtain health

science information and to improve their health literacy. Although

mobile health science information plays a vital role in disseminating

health science information, there are still some unresolved questions

regarding its use among users and Chinese residents: What is

the Chinese residents’ perceived value of mobile health science

information? How does this perceived value affect their satisfaction

and continuous use intention? Mobile health science has become the

key to the sustainable development of health science information.

Several studies demonstrated the effectiveness of the cognition–

affect–conation model for predicting user behavior. It is widely used

in other fields like information and business (19–21). Scholars used

this model to predict user stickiness and loyalty. They propose that

the ultimate behavior of users is influenced by their intentions, which

are closely related to cognition and affection (22, 23). Therefore,

the assessment of users’ cognition and affection can effectively

predict their intentions. Based on this, we used the cognition–

affect–conation model to review a few previous literature studies

to discover the potential variables that affected Chinese residents’

sustainable use of mobile health science information. In addition

to enriching the conceptual model of existing research, this study

also attempted to build a new conceptual model by investigating

the relationship between cognition, affection, and continuous use

intention. This study also developed and provided references for

the popularization of health science information in the internet era,

injecting new driving forces to improve Chinese residents’ health

awareness and literacy.

2. Literature review and hypotheses
development

2.1. Theoretical background

Human behavior is ordered and purposeful. People carefully

consider situations before making decisions (24). In the cognition–

affect–conation model (25), the three stages of consumer purchase

behavior are proposed: cognitive, affective, and conative, which refer

to thinking, feeling, and behaving, respectively. First, consumers

begin to realize their needs and collect the necessary information

through multimedia platforms. Once consumers know what they

need, they progress into the affective stage. In the meantime, the

collected information can impose positive or negative emotional

feelings, which can influence their consumption. Finally, in the

conative stage, consumers behave according to their previous

emotions. This theory has been applied and developed in different

fields in the internet era. For example, Han and Choi (23) proposed

that, in brand consumption, consumers’ self-expressed needs were

essential to meet their affective experience. The willingness to

express their needs inspires consumers’ affection, making it efficient

to transmit information and promote consumption. Tran et al.

(26) researched tourism consumption to explore the relationship

between tourists’ perceived value and satisfaction as well as the

impact on tourists’ loyalty to the local tourism brand and their

continuous consumption intention. Gao and Lin (27) discovered

that consumers’ perceived value could be obtained from their

cognitive and sensory levels to assess its influence on consumer

satisfaction and loyalty. Liang et al. (28) proposed that, in tourism

consumption, consumers’ perceived service quality and emotional

value experience as substantial impacts on their satisfaction and

continuous consumption intentions. In the era of information

consumption, the use of information has become one of the

main consumption methods of consumers. There is a significant

relationship between consumers’ continuous consumption intention

of information and their perceived values (29). An increase

in continuous use intention indicates that user stickiness has

been enforced and customer loyalty has improved (30). This
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increase represents the potential value and demand of information

by consumers.

Because media use is regarded as social behavior, its value is

divided into utilitarian and enjoyment values (31, 32). The practical

value is the material needs of consumers for information content,

and the enjoyment value is the consumer’s spiritual demand for

information content. In the consumption process, these two values

may overlap and affect changes in consumers’ cognition and affection.

Emotional perception is the most complicated stage of consumers’

psychological activities. At this stage, consumers will not only be

affected by the psychological activity of external stimuli beyond

information content (33). They can also be affected by their own

needs for information content (34, 35). Consumers will have positive

and negative emotional changes that are influenced by internal

and external factors, ultimately influencing their continuous use

intention. However, emotional changes are affected by various

factors, such as information quality, trust, pleasure, and satisfaction.

This multifactor-influenced relationship is structural and has a

progressive relationship between the aforementioned factors (36–38).

Therefore, exploring the relationships between the items of affection

in the consumption process is essential to users’ continuous intention.

Health science information has the characteristics of information

consumption. Therefore, it is feasible and effective to use the

cognition–affect–conation model as a basis for further research.

The model effectively explains an interactive relationship between

users’ cognition, affection, and conation while exploring how

users’ continuous use intention is created. In addition, it

reveals relationships between the different variables, which

significantly influence the improvement and development of health

science information.

2.2. Hypothesis development

This study explores new variables that influence affection by

reviewing a few relevant literature studies on the cognition–affect–

conationmodel. This research also discusses the influencing factors—

and their relationships—of Chinese residents’ perceived value of

health science information and their continuous use intention.

2.2.1. The relationship between perceived value
and arousal, pleasure, and trust

Perceived value is users’ inner judgment of a product, service, or

new technology. It connotes usefulness and comprises dimensions

of utilitarian and enjoyment values (31, 32, 39). It has been

found that perceived value significantly influences users’ affection.

Users’ affective response has two primary dimensions: valence

(negative/positive) and arousal (calmness/excitement) (40, 41).

Arousal refers to users’ affective level after a specific stimulation

(42). When users are stimulated by the information, their emotional

states would be aroused, resulting in multiple emotional states

(43). Therefore, when Chinese residents use a mobile device to

obtain health science information according to their needs, the

content will evoke their emotions. As a result, the emotional

change influences Chinese residents’ assessment of health science

information. Perceived value refers to their level of enjoyment,

which stimulates their pleasure and satisfaction with products,

services, and information (44). Consequently, when Chinese

residents apply the necessary health science information, their

biological and psychological needs can be met, thus inducing

users’ pleasantness. Trust significantly influences the relationship

and loyalty between users and the use of information (45).

Studies showed that high-quality information content provided

by mobile service providers (authenticity and credibility) can

improve trust and build loyalty among users (46, 47). Therefore,

when mobile health science information provides high-quality

content, Chinese residents will trust the content, which will

strengthen loyalty and user viscosity toward health science

information. Therefore, this study outlines the following assumptions

based on Chinese residents’ perceived value of mobile health

science information:

Hypothesis 1 (H1). Chinese residents’ perceived value of mobile

health science information significantly influences their arousal.

Hypothesis 2 (H2). Chinese residents’ perceived value of mobile

health science information significantly influences their pleasure.

Hypothesis 3 (H3). Chinese residents’ perceived value of mobile

health science information significantly influences their trust.

2.2.2. The relationship between satisfaction and
arousal, pleasure, and trust

Affective performance is the result of arousal in information

processing. A few studies showed that affection assimilates users’

evaluation, decisions, and behavior (48, 49). Similar to the

manifestation of behavior, satisfaction can also be influenced by

affection. Orru et al. (50) proposed that the arousal of affection was

the main predictive factor of satisfaction, which confirmed that the

level of affection arousal would have various impacts on satisfaction.

The degree of pleasure is a person’s good feelings and happiness.

Past research confirmed that users’ pleasure could affect trust

and satisfaction (42, 51, 52). Trust is conceptualized as a set of

beliefs about a specific service provider’s honesty and ability (53–

55). In addition to influencing emotional components (preferences,

frequency use, etc.), users’ trust also affects use intention (56).

Satisfaction is related to the user’s emotional composition and use

intention. Based on this, the following assumptions were made based

on Chinese residents’ arousal, pleasure, and trust in mobile health

science information:

Hypothesis 4 (H4). Chinese residents’ arousal level in

the use of mobile health science information significantly

influences satisfaction.

Hypothesis 5 (H5). Chinese residents’ pleasure level in

the use of mobile health science information significantly

influences satisfaction.

Hypothesis 6 (H6). Chinese residents’ trust in the use of mobile

health science information significantly influences satisfaction.

2.2.3. The relationship between satisfaction, trust,
and continuous use intention

Users’ satisfaction refers to people’s expectations and feelings

about the use of certain products and services. According to previous

studies, users’ perceived value directly influenced their use intention.

Consistent with the customer satisfaction theory, satisfaction directly

affects consumers’ willingness to buy products (57). Trust is an

essential factor affecting the vigorous development of e-commerce
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businesses (58). Li et al. (59) and Wang et al. (60) also confirmed

that, in the use of information services, there was a relationship

between users’ trust and their use intention. Consequently, once

users’ satisfaction and trust in mobile health science information

reach a certain level, they will have continuous use intention.

Conversely, this intention gradually disappears. According to the

abovementioned inference, the following assumptions can be made

based on Chinese residents’ satisfaction and trust in mobile health

science information:

Hypothesis 7 (H7). Chinese residents’ satisfaction with the use

of health science information significant influences continuous

use intention.

Hypothesis 8 (H8). Chinese residents’ trust in the use of

health science information significantly influences continuous

use intention.

2.2.4. The relationship between arousal, pleasure,
and trust

Affection is a kind of attachment produced in the process

of cognition. In this process, arousal is an inevitable result of

affection (61). A study confirmed a similar arousal-to-pleasure

pathway relationship (62, 63). Russell (64) found that pleasure and

excitement had an independent dimension in affection. In the arousal

process, pleasure can exist as an independent variable. Therefore,

we propose that residents’ arousal obtained from mobile health

science information content can directly affect their pleasure. Eroulu

et al. (65) indicated that pleasure had an essential impact on the

attitude and behavior of online shoppers. Similarly, in psychology

(51) and marketing (52), it was evident that pleasure played an

essential role in satisfaction. When a website is used, some users

have a high sense of pleasure and continuous access behavior,

which means that they are loyal to the website. Here, we define

loyalty and trust as consistent when the user’s pleasure evokes

loyalty. Based on this, we made the following assumptions based

on Chinese residents’ arousal, pleasure, and trust in mobile health

science information:

Hypothesis 9 (H9). The arousal of Chinese residents’ use of mobile

health science information significantly influences pleasure.

Hypothesis 10 (H10). The pleasure of Chinese residents’

use of mobile health science information significantly

influences trust.

2.3. Construction of the conceptual model

Based on the cognition–affect–conationmodel, this study intends

to explore the influence of factors of Chinese residents’ affection

on their continuous use intention when they use mobile science

information, as shown in Figure 1.

3. Methodology

3.1. Data collection

The study’s questionnaire was designed on the Questionnaire

Star System Platform (China). We used a mobile phone to distribute

the questionnaire and collect data. Online questionnaires have the

following advantages (66): (1) their sampling is not limited to a

single geographic location, (2) they are inexpensive, and (3) the

responses to them are quicker. To improve participants’ willingness

and trust, participants were instructed to complete the questionnaire

FIGURE 1

Model construction.
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TABLE 1 Variable scale and items.

Variables Factors Items References

Perceived value PV1 The content and services provided by mobile health science information are valuable. (68, 69)

PV2 It is more beneficial to me to read the content of health science information from mobile devices than

books, newspapers, Baidu, Toutiao, etc.

PV3 Viewing mobile health medical information is more valuable to me than the time I spend checking medical

popularization from books, newspapers, Baidu, headlines, etc.

PV4 Overall, mobile health science information provides high-quality perceived value

Arousal A1 Reading mobile health science information makes you feel (relaxed/ nervous). (70, 71)

A2 Reading mobile health science information makes you feel (calm/ excited).

A3 Reading mobile health science information makes you feel (tired/ awake).

Pleasure P1 Reading mobile health science information makes you feel (angry/ pleasant). (70, 71)

P2 Reading mobile health science information makes you feel (unhappy/ happy).

P3 Reading health science information makes you (painful/ pleasant).

Trust T1 I believe that mobile health science information can solve my concerned question (72, 73)

T2 Mobile health science information is helpful to me, and I trust it.

T3 The content in mobile health science information is trustworthy.

Satisfaction S1 I am satisfied with the overall quality of mobile health science information content (74, 75)

S2 I feel satisfied with the content of mobile health science information.

S3 I feel satisfied with the service of mobile health science information.

Continuous use intention CI1 I will continue to read mobile health science information in the future (73, 76)

CI2 I will continue using mobile devices to read health science information even with other platforms.

CI3 I will continue reading mobile health science information and increase my reading frequency.

carefully and were randomly allocated rewards ranging from RMB

U2 to 5 in a red envelope. A total of 308 completed questionnaires

were obtained. All participants were from second- and third-tier

cities in China to ensure that the data mostly reflect the situation of

Chinese urban residents (67). The questionnaires of 45 respondents

who did not use mobile phones to read health science information

were excluded. Another 27 questionnaires were also excluded because

the respondents completed them within <3min; others in this set

had unclear responses. Therefore, 236 valid questionnaires remained,

among which 110 were completed by male users, accounting for

46.6% of the total number of participants, and the rest were female

users, accounting for 53.4% of the total number of participants.

Regarding age distribution, users aged between 18 and 35

accounted for 24.1% of participants, those aged between 36 and 50

accounted for 38.9%, those aged between 50 and 65 accounted for

29.8%, and those aged over 65 years accounted for 6.7%. Considering

participants’ educational background, 95.6% of the users had at least a

junior high school education, and 93.8% had an income of more than

RMB U3,000. The demographic characteristics of the data sample

indicate that the sample is representative of the Chinese population.

3.2. Measurement of variables

The questionnaires used were based on similar scales with high

reliability and validity, which were previously used in both domestic

and foreign studies. According to Kim et al. (68) and Gupta and Kim

(69) research, the perceived value was measured with four question

options. The questionnaires in this study were adopted and adjusted

from Mehrabian (70) and Watson et al. (71), having three questions

respectively tomeasure arousal and pleasure. According to the studies

by Bart et al. (72) and Davis et al. (73), confidence measurement

was performed, which had three question options. According to

Bhattacherjee (74) and Bhattacherjee et al. (75) study, trust was

evaluated and measured with three question options. According to

Davis et al. (73) and Cheikh-Ammar and Barki (76), continuous

use intention was measured, and three question options were used.

The dimensions of the measurement items were set according to

the five-point Likert scale, namely, “strongly disagree,” “disagree,”

“undecided,” “agree,” and “strongly agree,” with assigned values of 1, 2,

3, 4, and 5, respectively. The items in the questionnaire are presented

in Table 1.

Because data were collected in China, translation and back

translation were performed to ensure accuracy. First, two linguistic

professors were consulted to review the significance and readability

of each item. The English questionnaire was then translated into

Chinese with their assistance. Second, a doctoral student translated

the questionnaire from Chinese into English. Third, we compared

the translated items to the original English version. To ensure the

consistency of the two English versions, we polished the translation

and eliminated all inconsistencies.

4. Data analysis

This study used partial least squares (PLS) regression to

analyze the reliability and validity of data and the estimation and

validation of the structural model’s path coefficients and explanatory
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TABLE 2 Model reliability and validity analysis.

Variable Item Standardized factor load Cronbach’s alpha CR AVE

Perceived value PV1 0.703 0.749 0.841 0.571

PV2 0.791

PV3 0.786

PV4 0.739

Arousal A1 0.735 0.714 0.840 0.638

A2 0.839

A3 0.819

Pleasure P1 0.852 0.874 0.922 0.799

P2 0.930

P3 0.897

Trust T1 0.845 0.853 0.911 0.773

T2 0.893

T3 0.899

Satisfaction S1 0.856 0.829 0.898 0.745

S2 0.879

S3 0.854

Continuous use intention CI1 0.878 0.850 0.909 0.769

CI2 0.874

CI3 0.877

power. Confirming the validity and reliability of variables aids in

verifying the relationship between them (77). The PLS method

reports causal relationships between the construct variables and

deals with the content of model construction and measurement

items (78). Concurrently, PLS has relatively loose requirements

for the normality and randomness of variables and is suitable for

dealing with the relationship between the variables in abnormal data

distribution. Furthermore, it can analyze complex predictive models

(79). Majchrzak et al. (80) suggested that the maximum number of

model paths should be at least 5–10 times the number of samples. The

sample size used in this study was 236, and the maximum number of

paths was 10, which met the recommended criteria. Therefore, PLS

is suitable for analysis. This study used Smart-PLS (Version 3.3.7)

developed by Ringle et al. (81).

4.1. Reliability and validity test

After analyzing the reliability of the items and the internal

consistency, convergent validity, and discriminant validity of each

construct, the factor loading of each item in this study met the

threshold of 0.6 (82), and the composite of each construct was

reliable. The property of composite reliability (CR) value was more

than 0.7 (83), indicating that the structure’s interior is consistent. In

terms of convergent validity, the average variance index (AVE) index

of each construct is considered. If the index is >0.5, the construct

has good convergent validity (84), as presented in Table 2. According

to Table 3, the square root AVE value of all variables is greater than

both the value alone and the value of the relationship between this

TABLE 3 Square AVE values and correlation coe�cients of each variable.

A CI P PV S T

A 0.799

CI 0.184 0.877

P 0.392 0.471 0.894

PV 0.412 0.460 0.340 0.755

S 0.286 0.744 0.489 0.493 0.863

T 0.146 0.689 0.408 0.439 0.714 0.879

A, Arousal; CI, Continuous use intention; P, Pleasure; PV, Perceived Value; S, Satisfaction;

T, Trust.

The diagonal is the square root of AVE.

variable and others, indicating that the discriminant validity of the

scale is satisfactory.

In this study, goodness-of-fit (GOF) proposed by Tenenhaus et al.

(85) was calculated to know the overall quality of the proposedmodel,

t. GOF was calculated as follows:

GOF =

√

AVE× R2 =
√
0.811× 0.206 = 0.408

According to the abovementioned result, GOF was 0.408, which

exceeded the cutoff criterion of 0.36 for a large effect size (86). It is

shown that the model fit is good.
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4.2. Hypothesis testing

This study used PLS to test the hypothesized model path

coefficients. The hypothetical results are presented in Table 4.

In the test of perceived value’s effect on arousal, pleasure, and

trust, a perceived value significantly positively affected arousal,

pleasure, and trust (PV→A: β = 0.412, t-value = 6.453; PV→P:

β = 0.215, t-value = 3.219; PV→T: β = 0.339, t-value = 5.881),

supporting Hypotheses 1, 2, and 3. The hypothesis test of the effect

of arousal, pleasure, and trust on satisfaction revealed that arousal,

pleasure, and trust had a significant positive impact on satisfaction

(A→S: β = 0.121, t-value = 2.560; P→S: β = 0.188, t-value =

3.187; T→S: β = 0.619, t-value = 13.991), supporting Hypotheses

4, 5, and 6. Satisfaction and trust had a significant positive impact

on continuous use intention (S→CI: β = 0.513, t-value = 8.616;

TABLE 4 Summary of hypotheses testing results.

Hypothesis Path coe�cient t-value Result

H1: PV→A 0.412∗∗∗ 6.453 Supported

H2: PV→P 0.215∗∗ 3.219 Supported

H3: PV→T 0.339∗∗∗ 5.881 Supported

H4: A→S 0.121∗∗ 2.560 Supported

H5: P→S 0.188∗∗ 3.187 Supported

H6: T→S 0.619∗∗∗ 13.991 Supported

H7: S→CI 0.513∗∗∗ 8.616 Supported

H8: T→CI 0.323∗∗∗ 5.249 Supported

H9: A→P 0.304∗∗∗ 4.201 Supported

H10: P→T 0.293∗∗∗ 3.187 Supported

A, Arousal; CI, Continuous use intention; P, Pleasure; PV, Perceived value; S, Satisfaction;

T, Trust.
∗p < 0.05; ∗∗p < 0.01; ∗∗∗p < 0.001.

Number of bootstrap samples= 5,000.

T→CI: β = 0.323, t-value = 5.249), supporting Hypotheses 5 and

6. Hypotheses 9 and 10 in this study were also supported: arousal

positively affected pleasure (A→P: β = 0.304, t-value = 4.201) and

pleasure positively affected trust (P→T: β = 0.293, t-value = 3.187).

In total, all hypotheses were significantly valid, the model normalized

the path (Figure 2).

4.3. Testing of mediation e�ects

This study used the bootstrapping method with bias-corrected

confidence estimates to assess the mediation effect (87). We used

95% confidence intervals for specific mediation effects by resampling

5,000 bootstraps. The zero value did not fall within the 95%

confidence interval, indicating a significant mediating effect, as

presented in Table 5.

5. Discussion and conclusions

Based on the cognition–affect–conation theory (25), this study

regarded perceived value (cognitive factor) as an independent

variable in the theoretical model, affective factor (arousal, pleasure,

and trust) as a mediating variable, and satisfaction and continuous

use intention as the dependent variables. All these variables

are used to build the theoretical model of Chinese residents’

continuous use intention of mobile health science information. The

empirical results of this study make two important conclusions and

contributions. First, Chinese residents’ perceived value of mobile

health science information can arouse their emotional responses.

Changes in their emotional responses can affect their satisfaction

and willingness to continue using them. Therefore, this model helps

us to understand Chinese residents’ expectations and use intentions

for mobile health science information and to explore Chinese

residents’ demand for mobile health science information. Mobile

health science information content is an essential factor influencing

Chinese residents’ continuous use intention. Moreover, the accuracy,

FIGURE 2

Hypothesis testing results. *p < 0.05; **p < 0.01; ***p < 0.001.
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TABLE 5 Analysis of the results of the mediation e�ect.

Relationship Path
coe�cient

Bias-corrected percentile
bootstrap confidence

intervals (95%)

PV→A→S 0.050∗ (0.018, 0.091)

PV→ P →S 0.040∗ (0.014, 0.080)

PV→ T →S 0.210∗∗∗ (0.140, 0.081)

A → S → CI 0.062∗∗ (0.023, 0.106)

P → S → CI 0.097∗∗ (0.046, 0.159)

T → S → CI 0.318∗∗∗ (0.253, 0.390)

PV → T → CI 0.110∗∗∗ (0.068, 0.163)

A → P → T 0.089∗∗∗ (0.051, 0.137)

A, Arousal; CI, Continuous use intention; P, Pleasure; PV, Perceived value; S, Satisfaction;

T, Trust.
∗p < 0.05; ∗∗p < 0.01; ∗∗∗p < 0.001.

Number of bootstrap samples= 5,000.

timeliness, authority, and expression of the content are the keys to

improving the quality of health science information content (15,

16). Therefore, relevant national institutions and mobile internet

platforms need to continuously improve the quality of mobile health

science information to meet Chinese residents’ inherent needs. In

addition, the effectiveness of information dissemination can be

improved because of the high quality of mobile health science

information (88). In this way, health science information can be

significantly popularized and promoted among Chinese residents.

It was suggested that relevant national institutions and mobile

internet platforms should fully understand the core needs of Chinese

residents. In addition, health science information should address the

most critical issues and dissect its complex, tedious, and challenging

content or jargon into comprehensible expressions, allowing Chinese

residents to more easily perceive the value of relevant information.

Moreover, it is better to enhance the diversity of the content to arouse

Chinese residents’ interest in health science information. Chinese

residents’ trust in health science information would be gradually

reinforced, satisfaction would improve, and continuous use intention

would increase (57, 60).

Second, affection plays a crucial role in decision-making, and

the process of affective change is gradual. Changes in affection are

affected by many factors such as arousal, pleasure, and trust. In

essence, affective change is a change in psychological satisfaction (89).

This study found that the affective response of Chinese residents

is a process: from arousal to pleasure and finally trust. In this

process, Chinese residents’ perceived value of mobile health science

information affects their affective response of arousal, pleasure, and

trust. These factors, in turn, impact their satisfaction and continuous

use intention. Therefore, it is evident that the affective response is a

complex process, and its subsequent effects are also enormous. In the

internet era, the design and promotion of health science information

should be guided by the psychological needs of Chinese residents,

which should be met progressively.

The previous related studies indicated that content quality, use

frequency played important roles in the continuous use intention

(56). Provided applied into health science information, these factors

should also impose influence on the continuous use intention. Once

health science information is regularly and repeatedly implanted into

Chinese residents, the stimulation of this content can constantly

produce a sense of arousal, pleasure, trust, and satisfaction. By this

method, health science information can be fully understood and used

by residents.

6. Research limitations

In this study, despite strict controls on research design, methods,

and data collection, some limitations remain to be addressed in

future studies. First, because the data sample in this study is cross-

sectional, the analysis results can only explain current Chinese

residents’ willingness to use mobile health science information. Thus,

long-term user intention and willingness need further longitudinal

observation. Second, although the use of mobile devices to promote

health science information has gradually become a mainstream

method, offline communication is also indispensable. Therefore,

future research should test the model in both online and offline

scenarios. Third, because of time and space constraints, samples

in this study were selected only from second- and third-tier cities

in China, which inhibited generalization to the entire Chinese

population. Thus, more cities and regions, such as developed

first-tier cities and underdeveloped remote rural areas, should be

incorporated into future research, which will expand the sample

size, further improve the accuracy of the research, and allow for

generalization. Finally, in future research, it is possible to test whether

the characteristics of Chinese residents (income, educational level,

health concerns, etc.) influence their continuous use intention of

mobile health science information.

Data availability statement

The raw data supporting the conclusions of this article will be

made available by the authors, without undue reservation.

Author contributions

KT wrote the draft of the manuscript. WX contributed to the

samples of the research. LH played a major role in the technical

support. RH and WW gave support to the data analysis. TP gave

guidance on the methodology. All authors contributed to the article

and approved the submitted version.

Funding

This work was funded by Basic Research Plan Project in

Shanxi Province: Structural Equation Modeling: Risk Modeling

Construction and Early Warning Identification of Sexually

Transmitted Diseases among College Students (202103021223417).

Conflict of interest

The authors declare that the research was conducted in the

absence of any commercial or financial relationships that could be

construed as a potential conflict of interest.

Frontiers in PublicHealth 08 frontiersin.org

https://doi.org/10.3389/fpubh.2023.1034231
https://www.frontiersin.org/journals/public-health
https://www.frontiersin.org


Tian et al. 10.3389/fpubh.2023.1034231

Publisher’s note

All claims expressed in this article are solely those of the

authors and do not necessarily represent those of their affiliated

organizations, or those of the publisher, the editors and the reviewers.

Any product that may be evaluated in this article, or claim that may

be made by its manufacturer, is not guaranteed or endorsed by the

publisher.

References

1.National Health Literacy Monitoring Data Released in 2020: Residents’ Health Literacy
Continues to Improve. Health Research. 116.

2. Yu HY, Yan QY, Xie J. Advances in Health Literacy Among
Chinese Residents. Chronic Dis Prev Cont China. (2021) 29:530–34.
doi: 10.16386/j.cjpccd.issn.1004-6194.2021.07.013

3. Central People’s Government of the People’s Republic of China.
The State Council of the CPC Central Committee Issued the “Health
China 2030” Planning Outline [EB/OL]. (2016). Available online
at: http://www.gov.cn/gongbao/content/2016/content_5133024.htm (accessed October
25, 2016).

4. National Health and Wellness Commission of the People’s Republic of
China. Health China Action (2019-2030)[EB/OL]. (2019). Available online
at: http://www.nhc.gov.cn/guihuaxxs/s3585u/201907/e9275fb95d5b4295be8308415d4c
d1b2.shtml (accessed July 15, 2019).

5. Wu H, Gai Z, Guo Y, Li Y, Hao Y, Lu ZN. Does environmental pollution inhibit
urbanization in China? A new perspective through residents’ medical and health costs.
Environ Res. (2020) 182:109128. doi: 10.1016/j.envres.2020.109128

6. Pandey SK, Hart JJ, Tiwary S. Women’s health and the Internet:
understanding emerging trends and implications. Soc Sci Med. (2003) 56:179–91.
doi: 10.1016/S0277-9536(02)00019-9

7. Tan SSL, Goonawardene N. Internet health information seeking and the patient-
physician relationship: a systematic review. J Med Internet Res. (2017) 19:e5729.
doi: 10.2196/jmir.5729

8. National Health and Wellness Commission of the People’s Republic of China. 2015
Outline of the National Healthcare System Plan (2015-2020) [EB/OL]. (2015). Available
online at: http://www.gov.cn/zhengce/content/201503/30/content_9560.htm (accessed
March 30, 2015).

9. Magrabi F, Coiera EW, Westbrook JI, Gosling AS, Vickland V. General practitioners’
use of online evidence during consultations. Int J Med Inform. (2005) 74:1–12.
doi: 10.1016/j.ijmedinf.2004.10.003

10. Alazzam MB, Al Khatib H, Mohammad WT, Alassery F. E-health system
characteristics, medical performance, and healthcare quality at Jordan’s health centres.
J Healthc Eng. (2021) 1–7. doi: 10.1155/2021/5887911

11. Peng Y, Yin P, Deng Z, Wang R. Patient–Physician Interaction and Trust in Online
Health Community: the role of perceived usefulness of health information and services.
Int J Environ Res Public Health. (2020) 17:139. doi: 10.3390/ijerph17010139

12. Chib A, van Velthoven MH, Car J. mHealth adoption in low-resource
environments: a review of the use of mobile healthcare in developing countries. J Health
Commun. (2015) 20:4–34. doi: 10.1080/10810730.2013.864735

13. Ittefaq M, Iqbal A. Digitization of the health sector in Pakistan: challenges and
opportunities to online health communication: a case study of MARHAM social and
mobile media. Digit Health. (2018) 4:1–13. doi: 10.1177/2055207618789281

14. Zhou H, Zhang J, Su J. Internet access, usage and trust among medical
professionals in China: a web-based survey. Int J Nurs Sci. (2020) 7:S38–S45.
doi: 10.1016/j.ijnss.2020.07.003

15. Zeng F, Deng G, Wang Z, Liu L. WeChat: a new clinical teaching tool for
problem-based learning. Int J Med Educ. (2016) 7:119. doi: 10.5116/ijme.5708.e5c4

16. Zhu C, Xu X, Zhang W, Chen J, Evans R. How health communication
via Tik Tok makes a difference: a content analysis of Tik Tok accounts run by
Chinese provincial health committees. Int J Environ Res Public Health. (2020) 17:192.
doi: 10.3390/ijerph17010192

17. Dang Q, Luo Z, Ouyang C, Wang L. First systematic review on health
communication using the CiteSpace Software in China: exploring its research
hotspots and frontiers. Int J Environ Res Public Health. (2021) 18:13008.
doi: 10.3390/ijerph182413008

18. Jiang P. Impact of Different Popular Science Models and Other Factors on
Satisfaction of Community Health Popular Science Activities in Shanghai Community
Residents. Res Square. (2021) 1–10. doi: 10.21203/rs.3.rs-970704/v1

19. Barry TE. The development of the hierarchy of effects: an historical perspective.
Curr Issues Res Advert. (1987) 10:251–95.

20. Tsiotsou RH. Sport team loyalty: integrating relationship marketing and hierarchy
of effects. J Serv Mark. (2013) 27:458–71. doi: 10.1108/JSM-01-2012-0002

21. Li J, Guo F, Qu QX, Hao D. How Does Perceived Overload in Mobile Social Media
Influence Users’ Passive Usage Intentions? Considering the Mediating Roles of Privacy

Concerns and Social Media Fatigue. Int J Hum Comput Interact. (2021) 38:983–92.
doi: 10.1080/10447318.2021.1986318

22. Oliver RL. Effect of expectation and disconfirmation on postexposure
product evaluation: an alternative interpretation. J Appl Psychol. (1977) 62:480–6.
doi: 10.1037/0021-9010.62.4.480

23. Han TI, Choi D. Fashion brand love: application of a cognition–affect–conation
model. Soc Sci. (2019) 8:256. doi: 10.3390/socsci8090256

24. Heider. F. The psychology of interpersonal relations. Am Sociol Rev. (1958) 79–124.
doi: 10.1037/10628-000

25. Lavidge RJ, Steiner GA. A model for predictive measurements of advertising
effectiveness. J Mark. (1961) 25:59–62. doi: 10.1177/002224296102500611

26. Tran PKT, Nguyen PD, Le AHN, Tran VT. Linking self-congruity, perceived quality
and satisfaction to brand loyalty in a tourism destination: the moderating role of visit
frequency. Tour Rev. (2021) 77:287–301. doi: 10.1108/TR-04-2020-0143

27. Gao LM, Lin ZM. Exploring the influence of brand image on brand
loyalty from the CAC model of attitude theory. Mod Manag. (2020) 10:898.
doi: 10.12677/MM.2020.105107

28. Liang ZX, Hui TK, Sea PZ. Is pricemost important? Healthcare tourism in Southeast
Asia. Tour Geogr. (2017) 19:823–47. doi: 10.1080/14616688.2017.1376224

29. Chou SW, Min HT, Chang YC, Lin CT. Understanding continuance intention
of knowledge creation using extended expectation-confirmation-theory: an empirical
study of Taiwan and China online communities. Behav Inf Technol. (2010) 29:557–70.
doi: 10.1080/01449290903401986

30. Chen SC, Yen DC, Huang Ml. Factors influencing the continuance intention
to the usage of web 2.0: an empirical study. Comput Hum Behav. (2012) 28:933–41.
doi: 10.1016/j.chb.2011.12.014

31. Kim AJ, Johnson KK. Power of consumers using social media: examining the
influences of brand-related user-generated content on Facebook. Comput Hum Behav.
(2016) 58:98–108. doi: 10.1016/j.chb.2015.12.047

32. Zhao L, Lu Y. Enhancing perceived interactivity through network externalities: an
empirical study on micro-blogging service satisfaction and continuance intention. Decis
Support Syst. (2012) 53:825–34. doi: 10.1016/j.dss.2012.05.019

33. Illeris K. Towards a contemporary and comprehensive theory of learning. Int J
Lifelong Educ. (2003) 22:396–406. doi: 10.1080/02601370304837

34. Khan ML. Social media engagement: What motivates user participation
and consumption on YouTube? Comput Hum Behav. (2017) 66:236–47.
doi: 10.1016/j.chb.2016.09.024

35. Cheung CM, Shen XL, Lee ZW, Chan TK. Promoting sales of online
games through customer engagement. Electron Commer Res Appl. (2015) 14:241–50.
doi: 10.1016/j.elerap.2015.03.001

36. Danish RQ, Ahmad F, Ateeq A, Ali HY, Humayon AA. Factors affecting customer
retention in the telecom sector of Pakistan. Am J Mark Res. (2005) 1:28–36. Available
online at: https://www.researchgate.net/publication/279997254

37. Xu X. Examining the role of emotion in online consumer reviews of various
attributes in the surprise box shopping model. Decis Support Syst. (2020) 136:113344.
doi: 10.1016/j.dss.2020.113344

38. Prasetyo YT, Tanto H, Mariyanto M, Hanjaya C, Young MN, Persada SF, et al.
Factors affecting customer satisfaction and loyalty in online food delivery service during
the COVID-19 pandemic: its relation with open innovation. J Open Innov. (2021) 7:76.
doi: 10.3390/joitmc7010076

39. Babin BJ, Willian RD. Work and/or fun: measuring hedonic and
utilitarian shopping value. J Consum Res. (1994) 20:644–56. doi: 10.1086/2
09376

40. Lang PJ, Greenwald MK, Bradley MM, Hamm AO. Looking at pictures:
affective, facial, visceral, and behavioural reactions. Psychophysiology. (1993) 30:261–73.
doi: 10.1111/j.1469-8986.1993.tb03352.x

41. Kensinger EA. Remembering emotional experiences: the contribution of valence
and arousal. Rev Neurosci. (2004) 15:241–51. doi: 10.1515/REVNEURO.2004.15.4.241

42. Bigne E, Andreu L, Gnoth J. The theme park experience: an analysis
of pleasure, arousal and satisfaction. Tour Manag. (2005) 26:833–44.
doi: 10.1016/j.tourman.2004.05.006

43. Oxendine JB. Emotional arousal and motor performance. Quest. (1970) 13:23–32.
doi: 10.1080/00336297.1970.10519673

Frontiers in PublicHealth 09 frontiersin.org

https://doi.org/10.3389/fpubh.2023.1034231
https://doi.org/10.16386/j.cjpccd.issn.1004-6194.2021.07.013
http://www.gov.cn/gongbao/content/2016/content_5133024.htm
http://www.nhc.gov.cn/guihuaxxs/s3585u/201907/e9275fb95d5b4295be8308415d4cd1b2.shtml
https://doi.org/10.1016/j.envres.2020.109128
https://doi.org/10.1016/S0277-9536(02)00019-9
https://doi.org/10.2196/jmir.5729
http://www.gov.cn/zhengce/content/201503/30/content_9560.htm
https://doi.org/10.1016/j.ijmedinf.2004.10.003
https://doi.org/10.1155/2021/5887911
https://doi.org/10.3390/ijerph17010139
https://doi.org/10.1080/10810730.2013.864735
https://doi.org/10.1177/2055207618789281
https://doi.org/10.1016/j.ijnss.2020.07.003
https://doi.org/10.5116/ijme.5708.e5c4
https://doi.org/10.3390/ijerph17010192
https://doi.org/10.3390/ijerph182413008
https://doi.org/10.21203/rs.3.rs-970704/v1
https://doi.org/10.1108/JSM-01-2012-0002
https://doi.org/10.1080/10447318.2021.1986318
https://doi.org/10.1037/0021-9010.62.4.480
https://doi.org/10.3390/socsci8090256
https://doi.org/10.1037/10628-000
https://doi.org/10.1177/002224296102500611
https://doi.org/10.1108/TR-04-2020-0143
https://doi.org/10.12677/MM.2020.105107
https://doi.org/10.1080/14616688.2017.1376224
https://doi.org/10.1080/01449290903401986
https://doi.org/10.1016/j.chb.2011.12.014
https://doi.org/10.1016/j.chb.2015.12.047
https://doi.org/10.1016/j.dss.2012.05.019
https://doi.org/10.1080/02601370304837
https://doi.org/10.1016/j.chb.2016.09.024
https://doi.org/10.1016/j.elerap.2015.03.001
https://www.researchgate.net/publication/279997254
https://doi.org/10.1016/j.dss.2020.113344
https://doi.org/10.3390/joitmc7010076
https://doi.org/10.1086/209376
https://doi.org/10.1111/j.1469-8986.1993.tb03352.x
https://doi.org/10.1515/REVNEURO.2004.15.4.241
https://doi.org/10.1016/j.tourman.2004.05.006
https://doi.org/10.1080/00336297.1970.10519673
https://www.frontiersin.org/journals/public-health
https://www.frontiersin.org


Tian et al. 10.3389/fpubh.2023.1034231

44. Hong JC, Lin PH, Hsieh PC. The effect of consumer innovativeness on perceived
value and continuance intention to use smartwatch. Comput Hum Behav. (2017) 67:264–
272. doi: 10.1016/j.chb.2016.11.001

45. Chu R. Stated-importance versus derived-importance customer satisfaction
measurement. J Serv Mark. (2009) 16:285–301. doi: 10.1108/08876040210433202

46. Aydin, S. Ozer G. How switching costs affect subscriber loyalty in the Turkish
mobile phone market: an exploratory study. J Target Meas Anal Mark. (2005) 14:141–55.
doi: 10.1057/palgrave.jt.5740176

47. Sharma VM, Klein A. Consumer perceived value, involvement, trust, susceptibility
to interpersonal influence, and intention to participate in online group buying. J Retail
Consum Serv. (2020) 52:101946. doi: 10.1016/j.jretconser.2019.101946

48. Perugini M, Bagozzi RP. The role of desires and anticipated emotions in goal-
directed behaviours: Broadening and deepening the theory of planned behaviour. Br J
Soc Psychol. (2001) 40:79–98. doi: 10.1348/014466601164704

49. Han PZ, Yang L, Xiao LS, Zong MT, Zhi JZ. Mood and social presence on
consumer purchase behaviour in c2c e-commerce in Chinese culture. Electron Mark.
(2012) 22:143–54. doi: 10.1007/s12525-012-0097-z

50. Orru K, Kask S, Nordlund A. Satisfaction with virtual nature tour: The roles of
the need for emotional arousal and pro-ecological motivations. J Ecotourism. (2019)
18:221–42. doi: 10.1080/14724049.2018.1526290

51. Van Dolen W, Lemmink J, Mattsson J, Rhoen I. Affective consumer responses
in service encounters: the emotional content in narratives of critical incidents. J Econ
Psychol. (2001) 22:359–76. doi: 10.1016/S0167-4870(01)00038-1

52. Fiore AM, Yu H. Effects of imagery copy and product samples on responses toward
the product. J Interact Mark. (2001) 15:36–46. doi: 10.1002/dir.1009

53. Mayer R, Davis J, Shoorman F. An integrative model of organizational trust. Acad
Manag Rev. (1995) 20:709–34. doi: 10.5465/amr.1995.9508080335

54. Gefen D. E-commerce: the role of familiarity and trust. Int J Manag Sci. (2000)
28:725–37. doi: 10.1016/S0305-0483(00)00021-9

55. Sirdeshmukh D, Singh J, Sabol B. Consumer trust, value and loyalty in relational
exchanges. J Mark. (2002) 66:15–37. doi: 10.1509/jmkg.66.1.15.18449

56. Aldas-Manzano J, Ruiz-Mafe C, Sanz-Blas S, Lassala-Navarre C. Internet banking
loyalty: evaluating the role of trust, satisfaction, perceived risk and frequency of use. Serv
Ind J. (2011) 31:1165–90. doi: 10.1080/02642060903433997

57. Zhu Y, Wei Y, Zhou Z, Jiang H. Consumers’ continuous use intention of O2O E-
commerce platform on community: a value co-creation perspective. Sustainability. (2022)
14:1666. doi: 10.3390/su14031666

58. Gefen D, Karahanna E, Straub DW. Trust and TAM in online shopping: An
integrated model.MIS Q. (2003) 27:51–90. doi: 10.2307/30036519

59. Li D, Browne GJ, Chau PY. An empirical investigation of website
use using a commitment-based model. Decis Sci. (2006) 37:427–44.
doi: 10.1111/j.1540-5414.2006.00133.x

60. Wang YS, Wang YM, Lin HH, Tang TI. Determinants of user acceptance
of Internet banking: an empirical study. Int J Serv Ind Manag. (2003) 14:501–19.
doi: 10.1108/09564230310500192

61. Zajonc RB, Markus H. Affect and cognition: the hard interface. Emot Cogn Behav.
(1984) 73–102.

62. Babin BJ, Attaway JS. Atmospheric affect as a tool for creating value and gaining
share of customer. J Bus Res. (2000) 49:91–9. doi: 10.1016/S0148-2963(99)00011-9

63. Chebat JC, Michon R. Impact of ambient odors on mall shoppers’ emotions,
cognition, and spending: a test of competitive causal theories. J Bus Res. (2003) 56:529–39.
doi: 10.1016/S0148-2963(01)00247-8

64. Russell JA. A circumplex model of affect. J Pers Soc Psychol. (1980) 39:1161.
doi: 10.1037/h0077714

65. Eroglu SA, Machleit KA, Davis LM. Empirical testing of a model of
online store atmospherics and shopper responses. Psychol Mark. (2003) 20:139–50.
doi: 10.1002/mar.10064

66. Tan M, Teo TS. Factors influencing the adoption of Internet banking. J Assoc Inf
Syst. (2000) 1:5. doi: 10.17705/1jais.00005

67. Chen L, Mu T, Li X, Dong J. Population prediction of chinese prefecture-level
cities based on multiple models. Sustainability. (2022) 14:4844. doi: 10.3390/su140
84844

68. Kim HW, Chan HC, Gupta S. Value-based adoption of mobile internet: an
empirical investigation. Decis Support Syst. (2007) 43:111–26. doi: 10.1016/j.dss.2005.
05.009

69. Gupta S, Kim HW. Value-driven Internet shopping: the mental accounting theory
perspective. Psychol Mark. (2010) 27:13–35. doi: 10.1002/mar.20317

70. Mehrabian A. Framework for a comprehensive description and measurement of
emotional states. Genet Soc Gen Psychol Monogr. (1995) 121:339–61.

71. Watson D, Clark LA, Tellegen A. Development and validation of brief measures
of positive and negative affect: the PANAS scales. J Pers Soc Psychol. (1988) 54:1063.
doi: 10.1037/0022-3514.54.6.1063

72. Bart Y, Shankar V, Sultan F, Urban GL. Are the drivers and role of online trust the
same for all websites and consumers? A large-scale exploratory empirical study. J Mark.
(2005) 69:133–52. doi: 10.1509/jmkg.2005.69.4.133

73. Davis FD, Bagozzi RP, Warshaw PR. User acceptance of computer technology:
a comparison of two theoretical models. Manage Sci. (1989) 35:982–1003.
doi: 10.1287/mnsc.35.8.982

74. Bhattacherjee A. Understanding information systems continuance: an expectation-
confirmation model.MIS Q. (2001) 25:351–70. doi: 10.2307/3250921

75. Bhattacherjee A, Perols J, Sanford C. Information technology continuance:
a theoretic extension and empirical test. J Comput Inf Syst. (2008) 49:17–26.
doi: 10.1080/08874417.2008.11645302

76. Cheikh-Ammar M, Barki H. The influence of social presence, social exchange and
feedback features on SNS continuous use: the facebook context. J Org End User Comput.
(2016) 28:33–52. doi: 10.4018/JOEUC.2016040103

77. Hulland J. Use of partial least squares (PLS) in strategic management
research: A review of four recent studies. Strateg Manag J. (1999) 20:195–204.
doi: 10.1002/(SICI)1097-0266(199902)20:2<195::AID-SMJ13>3.0.CO;2-7

78. Petter S, Straub D, Rai A. Specifying formative constructs in information systems
research.MIS Q. (2007) 31:623–56. doi: 10.2307/25148814

79. Haenlein M, Kaplan AM. A beginner’s guide to partial least squares analysis.
Understand Stat. (2004) 3:283–97. doi: 10.1207/s15328031us0304_4

80. Majchrzak A, Malhotra A, John R. Perceived individual collaboration know-how
development through information technology–enabled contextualization: evidence from
distributed teams. Inf Syst Res. (2005) 16:9–27. doi: 10.1287/isre.1050.0044

81. Ringle CM, Wende S, Becker JM. SmartPLS 3. SmartPLS GmbH, Boenningstedt.
(2015). Available online at: http://www.smartpls.com

82. Hair Jr. JF, Black WC, Babin BJ, Anderson RE.Multivariate Data Analysis: A Global
Perspective. 7th ed. Pearson Education International. 83 complete (2010).

83. ChinWW. The partial least squares approach to structural equation modeling.Mod
Methods Bus Res. (1998) 295:295–336.

84. Fornell C, Larcker DF. Evaluating structural equation models with
unobservable variables and measurement error. J Mark Research. (1981) 18:39–50.
doi: 10.1177/002224378101800104

85. Tenenhaus M, Vinzi VE, Chatelin YM, Lauro C. PLS path modeling. Comput Stat
Data Anal. (2005) 48:159–205. doi: 10.1016/j.csda.2004.03.005

86. Wetzels M, Odekerken-Schröder G, Van Oppen C. Using PLS path modeling for
assessing hierarchical construct models: Guidelines and empirical illustration. MIS Q.
(2009) 33:177–95. doi: 10.2307/20650284

87. Hayes AF, Preacher KJ. Statistical mediation analysis with a multicategorical
independent variable. Br J Math Stat Psychol. (2014) 67:451–70. doi: 10.1111/bmsp.12028

88. Holzner S. Facebook marketing: leverage social media to grow your business.
Pearson Educ. (2008) 3:13–22.

89. Kenrick DT, Griskevicius V, Neuberg SL, Schaller M. Renovating
the pyramid of needs: Contemporary extensions built upon ancient
foundations. Perspect Psychol Sci. (2010) 5:292–314. doi: 10.1177/17456916103
69469

Frontiers in PublicHealth 10 frontiersin.org

https://doi.org/10.3389/fpubh.2023.1034231
https://doi.org/10.1016/j.chb.2016.11.001
https://doi.org/10.1108/08876040210433202
https://doi.org/10.1057/palgrave.jt.5740176
https://doi.org/10.1016/j.jretconser.2019.101946
https://doi.org/10.1348/014466601164704
https://doi.org/10.1007/s12525-012-0097-z
https://doi.org/10.1080/14724049.2018.1526290
https://doi.org/10.1016/S0167-4870(01)00038-1
https://doi.org/10.1002/dir.1009
https://doi.org/10.5465/amr.1995.9508080335
https://doi.org/10.1016/S0305-0483(00)00021-9
https://doi.org/10.1509/jmkg.66.1.15.18449
https://doi.org/10.1080/02642060903433997
https://doi.org/10.3390/su14031666
https://doi.org/10.2307/30036519
https://doi.org/10.1111/j.1540-5414.2006.00133.x
https://doi.org/10.1108/09564230310500192
https://doi.org/10.1016/S0148-2963(99)00011-9
https://doi.org/10.1016/S0148-2963(01)00247-8
https://doi.org/10.1037/h0077714
https://doi.org/10.1002/mar.10064
https://doi.org/10.17705/1jais.00005
https://doi.org/10.3390/su14084844
https://doi.org/10.1016/j.dss.2005.05.009
https://doi.org/10.1002/mar.20317
https://doi.org/10.1037/0022-3514.54.6.1063
https://doi.org/10.1509/jmkg.2005.69.4.133
https://doi.org/10.1287/mnsc.35.8.982
https://doi.org/10.2307/3250921
https://doi.org/10.1080/08874417.2008.11645302
https://doi.org/10.4018/JOEUC.2016040103
https://doi.org/10.1002/(SICI)1097-0266(199902)20:2<195::AID-SMJ13>3.0.CO;2-7
https://doi.org/10.2307/25148814
https://doi.org/10.1207/s15328031us0304_4
https://doi.org/10.1287/isre.1050.0044
http://www.smartpls.com
https://doi.org/10.1177/002224378101800104
https://doi.org/10.1016/j.csda.2004.03.005
https://doi.org/10.2307/20650284
https://doi.org/10.1111/bmsp.12028
https://doi.org/10.1177/1745691610369469
https://www.frontiersin.org/journals/public-health
https://www.frontiersin.org

	The impact of perceived value and affection on Chinese residents' continuous use intention of mobile health science information: An empirical study
	1. Introduction
	2. Literature review and hypotheses development
	2.1. Theoretical background
	2.2. Hypothesis development
	2.2.1. The relationship between perceived value and arousal, pleasure, and trust
	2.2.2. The relationship between satisfaction and arousal, pleasure, and trust
	2.2.3. The relationship between satisfaction, trust, and continuous use intention
	2.2.4. The relationship between arousal, pleasure, and trust

	2.3. Construction of the conceptual model

	3. Methodology
	3.1. Data collection
	3.2. Measurement of variables

	4. Data analysis
	4.1. Reliability and validity test
	4.2. Hypothesis testing
	4.3. Testing of mediation effects

	5. Discussion and conclusions
	6. Research limitations
	Data availability statement
	Author contributions
	Funding
	Conflict of interest
	Publisher's note
	References


