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Introduction: In the digital era, the integration of advanced, hyper-connected 
technologies deeply reshaped work dynamics and organizational practices, 
especially through the transformation of the spatial and temporal dimensions 
of work. This study examines the complex relationship between digitalization 
and work-related stress, with a particular emphasis on the impact of both 
digital activities (i.e., number of actions and virtual meetings) and employees’ 
attitudes (i.e., job satisfaction, person-organization fit, engagement, and work-
life interface) on stress levels.

Methods: Drawing on data from Microsoft 365 activity records and an online 
survey of employees in an Italian AI firm, this study applies Factor Analysis and 
Generalized Additive Models to analyze the above-mentioned interactions in a 
highly digitalized context.

Results: Findings indicate that the time–space intensification and extension of the 
working experience has a significant impact in terms of increasing work-related 
stress when exceeding certain number of off-hours digital actions and virtual 
meetings. Conversely, job satisfaction, perceptions of work-life enrichment and 
person-organization fit represent subjective employees’ attitudes that significantly 
influence and reduce work-related stress in a digitalized working environment.

Discussion: This study contributes to the existing academic literature by providing 
a more nuanced understanding of the dual impact of work digitalization on 
employees’ well-being. Furthermore, our findings offer practical insights into 
the management of employees and their level of stress in digital work settings.
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1 Introduction

The pervasiveness of the increased use of digital technologies is commonly associated with 
crucial changes within organizations (Hanelt et al., 2021; Schwarzmüller et al., 2018). More 
precisely, the introduction and massive employment of the most advanced and sophisticated 
Information and Communication Technologies (ICTs) in working environments requires 
attention to be  focused on the interaction between people and technology within the 
organization (Imran et al., 2021), a complex system that consists of interdependent components 
(Davis et al., 2014), both tangible and intangible, structurally embedded within everyday 

OPEN ACCESS

EDITED BY

Monica Thiel,  
Asian Institute of Management, Philippines

REVIEWED BY

Dragan Mijakoski,  
Institute of Occupational Health of RNM, 
North Macedonia
Watcharin Joemsittiprasert,  
New York Institution for Continuing 
Education, United States
Emrah Özsoy,  
Sakarya University, Türkiye
Nur Yulianto,  
Polythecnic Balekambang, Jepara, Indonesia
Sekar Prasetyaningtyas,  
Binus University, Indonesia

*CORRESPONDENCE

Anna Chiara Scapolan  
 annachiara.scapolan@unimore.it

RECEIVED 19 December 2024
ACCEPTED 22 January 2025
PUBLISHED 11 February 2025

CITATION

Cavicchioli M, Demaria F, Nannetti F, 
Scapolan AC and Fabbri T (2025) Employees’ 
attitudes and work-related stress in the digital 
workplace: an empirical investigation.
Front. Psychol. 16:1546832.
doi: 10.3389/fpsyg.2025.1546832

COPYRIGHT

© 2025 Cavicchioli, Demaria, Nannetti, 
Scapolan and Fabbri. This is an open-access 
article distributed under the terms of the 
Creative Commons Attribution License 
(CC BY). The use, distribution or reproduction 
in other forums is permitted, provided the 
original author(s) and the copyright owner(s) 
are credited and that the original publication 
in this journal is cited, in accordance with 
accepted academic practice. No use, 
distribution or reproduction is permitted 
which does not comply with these terms.

TYPE Original Research
PUBLISHED 11 February 2025
DOI 10.3389/fpsyg.2025.1546832

https://www.frontiersin.org/journals/psychology
https://www.frontiersin.org/journals/psychology
https://www.frontiersin.org
http://crossmark.crossref.org/dialog/?doi=10.3389/fpsyg.2025.1546832&domain=pdf&date_stamp=2025-02-11
https://www.frontiersin.org/articles/10.3389/fpsyg.2025.1546832/full
https://www.frontiersin.org/articles/10.3389/fpsyg.2025.1546832/full
https://www.frontiersin.org/articles/10.3389/fpsyg.2025.1546832/full
https://www.frontiersin.org/articles/10.3389/fpsyg.2025.1546832/full
mailto:annachiara.scapolan@unimore.it
https://doi.org/10.3389/fpsyg.2025.1546832
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
https://www.frontiersin.org/journals/psychology#editorial-board
https://www.frontiersin.org/journals/psychology#editorial-board
https://doi.org/10.3389/fpsyg.2025.1546832


Cavicchioli et al. 10.3389/fpsyg.2025.1546832

Frontiers in Psychology 02 frontiersin.org

practices. Indeed, drawing on the existing literature, there is consensus 
that the inherent complexity of this phenomenon involves a deep and 
systematic reshaping of working processes, encompassing strategies, 
structures, culture, and leadership (Hess et al., 2016; Kane et al., 2015; 
Nadkarni and Prügl, 2020).

However, assuming the perspective that digitalization is not 
simply about technology but requires a specific focus on employees’ 
factors (Trenerry et al., 2021), much of the literature on this never 
stopping phenomenon can be  readily divided into optimistic and 
pessimistic accounts, given the amount of both foreseen and 
unforeseen risks and opportunities that this transformation brings 
with it (Amankwah-Amoah et al., 2021). Indeed, as noted by Shah 
et al. (2017, p. 366), “the dominant focus of change and how it is 
managed within organizations remains at the level of employees’ 
engagement—who, in terms of adopting change may develop positive 
or negative attitudes, beliefs and intentions towards the organization 
as change is implemented.”

This suggests that further investigation into how organizations can 
effectively manage digitalization should take into consideration both 
the digital working experience and the attitudes of employees, with 
the aim of highlighting significant relationships between these factors 
and work-related stress in the context of technology integration into 
daily work activities. It is evident that the use of ICTs has the potential 
to shape work dynamics in ways that can both support and challenge 
employees’ well-being (Chesley, 2014). On the one hand, the 
proliferation of digital technologies enables greater flexibility in the 
organization of work activities (Hokke et  al., 2024), facilitates 
knowledge sharing and creativity, fosters interactions with colleagues 
and supervisors (Bolli and Pusterla, 2022; Castellacci and Viñas-
Bardolet, 2019) and enhances individual autonomy over time and 
location of work (Vega et al., 2015), promoting satisfaction and work-
life balance (Alieva and Powell, 2022). On the other hand, the 
intensification of the pace of work while working due to digital 
scheduling (Berg et al., 2023) and the extension of office hours beyond 
traditional boundaries as a consequence of the ubiquity of technology 
(Beer and Mulder, 2020; La Torre et al., 2019;) can lead to detrimental 
effects on physical and mental well-being, generating for instance 
work-life conflict (Stich et  al., 2018). In this regard, among the 
different types of work-related stress, technostress (Brod, 1984) 
assumes a particularly relevant position in the contemporary 
workplace. This form of stress arises in technology-driven workplaces, 
where employees face challenges such as constant connectivity, 
frequent interruptions, and the overwhelming flow of information. 
Therefore, the existence of divergent perspectives within the existing 
literature pertaining to the impact of digitalization on employee 
wellbeing calls for further empirical research that specifically 
addresses work-related stress experienced in a digitalized work setting. 
Consequently, this article aims to provide useful insights specifically 
exploring what sort of influence the time–space intensification and 
extension of working experience (in terms of number of digital tasks 
and online meetings) and employees’ attitudes towards their job and 
organization (including job satisfaction, person-organization fit, 
engagement, work-life interface) have on work-related stress within a 
deeply digitalized workplace. To effectively address this research 
question, an online self-administrated survey has been submitted to 
144 employees operating in a highly digitalized Italian firm specialized 
in Artificial Intelligence (AI) solutions, and data from the Microsoft 
365 platform was collected.

Our empirical analysis confirms previous research on technostress 
induced by digitalization, by demonstrating that the dissolved spatial 
and temporal boundaries of work— evidenced by constant video 
conferencing and out-of-hours work—significantly increase 
employees’ stress levels. Specifically, our findings indicate that 
performing around 250 work-related actions outside office hours in a 
single day, as well as attending more than 11 meetings per week on 
average, leads to a notable rise in work-related stress. We thus refined 
existing studies, identifying specific thresholds of work intensification 
and extension that contribute to technostress.

However, our analysis also reveals that job satisfaction, effective 
management of the work-life interface (i.e., work-life enrichment), 
and perceived organizational fit play a crucial role in reducing 
employees’ stress levels. Thus, this study contributes to the existing 
academic literature by providing a more nuanced understanding of 
the dual impact of work digitalization on employees’ well-being. 
Specifically, our key contribution lies in highlighting how employees’ 
attitudes toward their job and organization can act as mitigating 
factors against the stress stemming from the intensified and extended 
work time–space in highly digitalized environments. Drawing upon 
these findings, we offer practical insights into the management of 
employees and their level of stress in digital work settings.

This paper is structured as follows. The next section examines the 
existing literature on digital transformation and its impact on 
employees’ experience of their work, followed by the presentation of 
the hypotheses that have been formulated. Section 3 provides a 
detailed explanation of the empirical research, which is based on a 
Confirmatory Factor Analysis (CFA) and Generalized Additive 
Models whose main results are presented in Section 4. Finally, Section 
5 presents a discussion of the findings, identifies practical 
contributions, current limitations and areas for further research.

2 Theoretical framework and 
hypotheses

As mentioned above, recent decades have seen radical changes in 
how people live and work, due to the pervasiveness of the online 
realm. Consequently, in the digitalization era, to understand how 
people respond to their working experience it is necessary to consider 
that digital and hyper-connected technologies transformed the spatial, 
as well as the temporal dimension of work, largely enabling new ways 
of working (Corvello et al., 2022). According to Giacosa et al. (2023), 
ICTs have disrupted the foundations of organizational culture and 
revolutionized the daily work routine of most companies, forcing 
them to reflect on how to adapt their activities and internal processes.

Moreover, Fabbri et al. (2019) argue that the increased adoption 
of collaborative platforms and digital workplaces by companies to 
facilitate work, communication, and collaboration, with the additional 
objective of fostering innovation and promoting innovative work 
practices, inevitably affect the way people feel and behave. A 
considerable amount of literature has been published on the impact of 
digitalization on individuals’ working experience, since, as suggested 
by Giacosa et al. (2023), some innovations that are here to stay, such 
as teleworking, deeply characterize the post-pandemic workplace. 
These studies can be divided into those that highlight the dark side of 
technology (Bondanini et al., 2020), emphasizing the negative effects 
of its introduction at work (Berg-Beckhoff et al., 2017; Burman and 
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Goswami, 2018), and those that instead point out the benefits of ICTs 
on employees’ working conditions (Ninaus et  al., 2021; Vega 
et al., 2015).

More specifically, the extant literature focused on digital 
transformation’s benefits has claimed that the advancement of digital 
technologies provides workers with greater flexibility in work 
schedules, extensive knowledge sharing across organizational 
boundaries and control with respect to the time and place of their 
work (Coenen and Kok, 2014; Ter Hoeven and Van Zoonen, 2015; 
Vega et  al., 2015). According to Cortellazzo et  al. (2019), digital 
technology has influenced organizational dynamics and personnel 
management by facilitating the utilization of virtual teams. This new 
organizational structure has positively affected employees’ working 
experience, reducing travel costs and times (Bergiel et al., 2008) and 
enhancing innovation and creativity (Gupta and Pathak, 2018). This 
is consistent with what emerged from the online survey conducted in 
2023 by Soffia et al. (2024). Indeed, the results, collected after the 
forced use of digital technologies imposed by the lockdown pandemic 
period, suggested that quality of life appeared to be  positively 
correlated with the increased frequency of interaction with digital 
workplace ICTs. Beer and Mulder (2020, p.13) also noted that 
employees “could benefit from experimenting and monitoring one’s 
own strategies for time and attention management.” Moreover, it has 
also been argued that the rise in connectivity and information sharing 
is fostering the dissolution of hierarchies and functional and 
organizational boundaries. This evolution is gradually shifting 
activities from task-based to more project-based endeavors, 
necessitating employees’ direct involvement in generating new value-
added outcomes (Cortellazzo et al., 2019).

It is widely agreed that in this fast-paced and ever-changing 
environment, one of the most striking shifts has been that office hours 
have extended beyond traditional boundaries, which has made work 
both more dynamic and challenging for employees (Mahboob and 
Khan, 2016). However, keeping up with the rapid technological 
advancement of the last few years has also been considered as a stress 
factor (Shepherd, 2008).

The phenomenon of work-related stress has been extensively 
investigated and the stress experienced by different occupation types 
and job roles has been analyzed in many studies (Johnson et al., 2005). 
Mucci et al. (2015, p. 673) summarize the work-related stress concept 
as follows: “the product of the dynamic interaction between the 
person and the social and organizational context in which he or she 
works, constituting the result of a (not equal) relationship between the 
stresses imposed by the task/role and the operator’s ability to cope 
with these.” Of all the different types of work-related stress, 
technostress inevitably is the most widely discussed in the current era. 
Brod (1984) first defined technostress as an ineffective coping with 
technology, due to a combination of performance anxiety, information 
overload, role conflicts and organizational actors. According to 
Tarafdar et al. (2007), this concept refers to any adverse effects on 
attitudes, thoughts, behaviors, or physiological well-being, whether 
originating directly or indirectly from technology.

In this regard, many studies have pointed out that workers face 
new types of work-related stress within environments where 
communication and interaction are dependent on ICTs (Suh and Lee, 
2017), having to deal with the perception of information overload and 
constant availability (La Torre et al., 2019) and to cope with frequent 
tight deadlines and interruptions deriving from electronic workflows 

(Agypt and Rubin, 2012; Fonner and Roloff, 2012). According to Beer 
and Mulder (2020, p.  15) “workload and workflow interruptions 
increase as a general consequence of the ubiquity of technology, 
mainly due to a higher level of job speed and the associated time and 
workload pressure.” Similarly, the research of Chesley’s (2014) reveals 
that employees who daily use ICTs often perceive their work as 
requiring rapidity and manifest greater feelings of overwhelm 
compared to their counterparts who use these technologies less 
frequently. The time and energy (Stich et  al., 2018) expended in 
managing such interruptions can lead to detrimental effects on 
productivity (Addas and Pinsonneault, 2015) as well as on physical 
and mental well-being (Barber and Santuzzi, 2015). For instance, the 
colloquially called Zoom fatigue (Fosslien and Duffy, 2020) or 
videoconferencing fatigue “refers to the extent to which people 
experience exhaustion that is directly linked to their participation in 
videoconferences” (Luebstorf et  al., 2023, p.151). For example, 
Abramova and Gladkaya (2024), whose first study was conducted 
shortly after the first COVID-19 outbreak, while the second one was 
completed a year later, confirmed the criticality of videoconferences’ 
duration as a predictor of exhaustion and found that “the effects of 
self-view frequency are significant for negative affect and exhaustion 
after a VC” (2024, p. 15).

As the existing literature primarily insists on how digital 
technologies support new ways of working that promote an extension 
of work “into virtually any space where a smartphone, tablet or laptop 
can be operated” (Hassard and Morris, 2022, p. 1651), with digital 
scheduling intensifying the pace of work while working (Berg et al., 
2023) and multitasking requiring to switch “back and forth between 
different work tasks in a relatively short time” (Luebstorf et al., 2023, 
p. 159), we first investigated the relationship between digital time–
space intensification and extension of working experience and work-
related stress. Therefore, we formulated our first hypothesis as follows:

H1: In a digitalized working context, time–space intensification 
and extension of working experience significantly increases work-
related stress.

However, from all the above-mentioned studies, it appears as not 
clear whether and how possible negative effects (such as, for instance, 
work-related stress) may interact with potential positive impacts of 
work digitalization (in terms of positive employees’ attitudes towards 
job and organization, such as work-life balance, engagement or 
satisfaction). Therefore, we addressed this issue by formulating a set 
of research hypotheses on the potential relationships that work 
digitalization may feed between employees’ attitudes and work-
related stress.

2.1 Digitalization, work-life interface, and 
work-related stress

The digital devices’ invasion of private life, the possibility to 
constantly monitor and immediately respond to work-related 
messages (Richardson, 2017), but also the perception to be always 
available for work, the necessity to cope with multi-tasking (De et al., 
2020) and the greater working time flexibility under workers’ control 
(Berg et al., 2023) are some of the effects of digital transformation on 
employees’ work-life interface. Work and family are two broad 
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domains of an individual’s life that clearly interact and have influence 
on each other: how people react to and cope with this interaction 
largely affect both the individual himself and the organization 
(Carlson and Kacmar, 2000). In the intricate interface between work 
and personal life, while work and family responsibilities may interfere 
with one another, research indicates that resources acquired in one 
domain can also improve the quality of life in the other (Greenhaus 
and Powell, 2006; Siu et al., 2010). Accordingly, the positive side of the 
work-life interface is known with the expression of work-life 
enrichment, which refers to the way in which work and family benefit 
each other (Carlson et  al., 2006). The other side of the work-life 
interface is precisely referred to as work-life conflict, “a form of 
interrole conflict in which the role pressures from the work and family 
domains are mutually incompatible in some respect. That is, 
participation in the work (family) role is made more difficult by virtue 
of participation in the family (work) role” (Greenhaus and Beutell, 
1985, p. 77).

A consensus exists on the evidence that work-life conflict 
produces stress-related outcomes (Anderson et al., 2002; Fiksenbaum, 
2014), representing one of the prevalent sources of work-related stress 
for both men and women (Frone, 2000). At the same time, the extant 
literature suggests that work-life enrichment positively relates with 
individual’s mental health (Baral and Bhargava, 2010).

As mentioned before, ICTs blurred (Cijan et al., 2019) boundaries 
between job and personal life, transforming the spatial and the 
temporal dimension of both work and private life. As reported in 
Chesley (2014), likewise ICTs usage can enable the extension of work 
into personal time, similar ICT-driven practices can also allow 
non-work-related concerns or demands to infiltrate the workplace. 
Therefore, the flexibility guaranteed from the use of digital 
technologies is strictly related to the dimension of work-life interface. 
This new work dynamic can have positive effects on the interaction 
between the professional and intimate spheres (Ratna and Kaur, 2016; 
Towers et al., 2006;) if enabling not only a better balance between 
them (Alieva and Powell, 2022) but also improving an “enrichment.”

Indeed, Hokke et al. (2024) found that employees who benefit 
from flexible work arrangements tend to report lower levels of work-
to-family conflict, increased enrichment, and greater satisfaction with 
work-life balance compared to those without such flexibility.

On the other hand, such constant availability facilitated by ICTs 
has also been linked to heightened conflict between work and personal 
life (Derks et al., 2015; Stich et al., 2018), causing negative effects 
(Derks et al., 2014; Towers et al., 2006), colonizing home-life (Berg 
et al., 2023) and making it very difficult to completely switch off from 
work and recuperate (Grant et al., 2013). As stated by Marsh et al. 
(2024), whose study is framed in a “context of widespread remote and 
hybrid working practices, especially post-pandemic,” hyper-
connectivity and overload can have detrimental effects on both the 
physical and mental wellbeing of employees.

Accordingly, we  hypothesized that in a digitalized workplace, 
employees’ work-life interface significantly relates to work-related 
stress and specifically we formulated the second hypothesis as follows:

H2a: In a digitalized working context, employees’ work-life 
enrichment significantly reduces work-related stress.

H2b: In a digitalized working context, employees’ work-life 
conflict significantly increases work-related stress.

2.2 Digitalization, positive employees’ 
attitudes towards their job and 
organization, and work-related stress

Despite the evidence that technological innovation influences 
work intensification processes and employees’ levels of work-
related stress, Chesley (2014, p. 607) argues that “the image of the 
‘technologically tethered’ worker or the fragmented, stressful 
workplace is too limited,” because ICTs use has the capability to 
influence work dynamics that are both problematic and helpful 
for employees’ well-being. For instance, even though some 
research conducted during the Covid-19 pandemic observed that 
since the onset of remote work, there has been a decline in work 
engagement (Syrek et al., 2022), other studies revealed that home 
as a work environment facilitates employees’ engagement 
(Mäkikangas et al., 2022) and remote work contributes to higher 
levels of work engagement. More recently, Hooi and Chan (2023) 
affirmed that workplace digitalization positively influences 
employees’ engagement, enhancing resources for achieving work-
related goals. Similarly, Chan et al. (2021) investigated the role of 
digital literacies in workers engagement in a digitalized workplace, 
suggesting that workplace digitalization positively influences 
workers engagement at a significant level and enhancing digital 
literacy enables employees to remain actively engaged while 
embracing digitalization in the workplace.

Additionally, it has also been found that occupational stress 
translates into lower engagement (Anthony-McMann et al., 2017) and 
when work engagement increases, stress tends to decrease, and 
performance tends to increase (Junça Silva and Lopes, 2023). 
Therefore, we formulated the following third research hypothesis to 
examine the relationship between employees’ engagement and work-
related stress in a digitalized workplace:

H3a: In a digitalized working context, employees’ engagement 
towards organization significantly reduces work-related stress.

H3b: In a digitalized working context, employees’ engagement 
towards organization significantly increases work-related stress.

Furthermore, it has been suggested that the mechanisms by which 
digitalization positively affects workers’ experience have implications 
for job satisfaction (Soffia et al., 2024). Specifically, most empirical 
studies focusing on the wellbeing implications of technological 
transformations of work have found that digitalization has a positive 
influence on job satisfaction (Alieva and Powell, 2022) since it 
facilitates information and communication access and sharing 
(Castellacci and Viñas-Bardolet, 2019; Martin and Omrani, 2015). 
Bolli and Pusterla (2022, p. 264) explored different pathways through 
which digital technologies have a potential impact on job satisfaction 
and suggested that “digitalization affects job satisfaction by first 
changing some characteristic of the job itself, and then that change 
impacts the worker’s job satisfaction. Therefore, all of the channels 
through which digitalization might affect job satisfaction are changes 
in job characteristics caused by digitalization.” Specifically, they found 
that the association between digitalization and job satisfaction is 
positive on average, basically by enhancing work productivity, making 
work more engaging and fostering interactions with colleagues 
and supervisors.
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Furthermore, a considerable amount of literature reported that 
job satisfaction strongly links with stress (Stamps and Piedmonte, 
1986), suggesting that that there is a significant negative relationship 
between these interrelated attitudes (Ahsan et al., 2009; Klassen et al., 
2010) so that low job satisfaction is associated with high stress (Brown 
et al., 2012), while the effects of stress can be alleviated by high levels 
of job satisfaction (Fletcher and Payne, 1980).

Drawing on this evidence, we  formulated our fourth research 
hypothesis as follows:

H4: In a digitalized working context, employees’ job satisfaction 
significantly reduces work-related stress.

Finally, since digitalization is a process of organizational change 
and cultural transition that involves the internalization of new values 
and beliefs (Leal-Rodríguez et al., 2023), we concentrate on person-
organization fit (P-O fit), defined as “compatibility between people 
and organizations that occurs when: (a) at least one entity provides 
what the other needs, or (b) they share similar fundamental 
characteristics, or (c) both” (Kristof, 1996, p. 4–5).

It is acknowledged that P-O fit contributes to the employees’ 
embeddedness in the organization, positively affecting task 
performance, extra-role behaviors and intention to stay (Lee et al., 
2014; Mitchell et al., 2001). Furthermore, when P-O fit is high, workers 
are better equipped to comprehend and effectively implement the 
organization’s core requirements for innovation (Zhao et al., 2021). 
Thus, as suggested by Leal-Rodríguez et al. (2023, p. 12), the alignment 
between people and organization’s culture and the willingness and 
commitment of employees to understand and embrace digitalization 
significantly impact the performance, too. Kristof (1996, p. 28) also 

suggested that when individuals join organizations that match with 
their characteristics, they experience lower levels of stress than do 
their “mis-matched” counterparts.

However, job stress usually increases when there is a lack of 
congruence between employees and organizational characteristics 
(Mostafa, 2016). Indeed, it has been suggested that the deeper an 
employee is integrated into the organizational framework, the greater 
the resources he or she is likely to have accumulated to deal with 
potential work pressures, including stressful situations and heavy 
workloads (Chen et al., 2016).

Therefore, we  focused on how P-O fit may contribute to the 
positive effects of the digitalization of work or mitigate its negative 
impacts on individuals, thereby supporting better employees’ work 
(and life) experiences, and we formulated the fifth research hypothesis 
as follows:

H5: In a digitalized working context, employees’ perceptions of 
P-O fit significantly reduce work-related stress.

For a summary of all our research hypotheses, see Figure 1.

3 Materials and methods

3.1 Sample and data collection

The sampling frame for this study encompasses the entire 
organizational workforce (n = 144) of a consulting company based in 
Northern Italy. This company actively participated in the research 
project as an organizational partner through a formal agreement 

H2a (
—)

H2b (+)

H3a (—)

H3b (+)

H5 (—)

H4 (—)

FIGURE 1

Research hypotheses.
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established with the research group. The company specialized in AI 
solutions across various sectors, including marketing, logistics, and 
energy, and operates in a fully digital work environment where nearly 
all activities are conducted via the Microsoft365 platform.

The demographic composition of the sample reveals a significant 
male predominance, with men representing 75.95% of the workforce. 
The employees are predominantly young, with a mean age of 34 years, 
and the majority (62.03%) falling within the 26–35 age range. In terms 
of education, 91.14% of the workforce holds a university degree, 
underscoring a highly educated employees’ base. The employment 
structure is primarily full-time, encompassing 83.54% of the 
workforce, with the remaining employees engaged in various other 
contract types. Job roles are distributed across leadership and technical 
positions, with 39.24% occupying senior roles (including directors and 
managers) and 60.76% serving as specialists. The average tenure 
within the organization is 2.7 years, indicating a relatively new but 
highly skilled workforce. A comprehensive summary of the sample 
characteristics is presented in Table 1.

Data collection was conducted over an eight-month period, from 
October 2021 to May 2022, and involved the collection of two distinct 
types of data: survey data and click metadata. In May 2022, six 
employees’ attitudes were measured using an online self-administered 
questionnaire distributed via the Microsoft Forms tool on the 
Microsoft 365 platform of the organization. The survey employed a 
7-point Likert scale, with responses ranging from 1 (strongly disagree) 
to 7 (strongly agree). The items included in the survey and measuring 
each employees’ attitude were either adopted or adapted from different 
well-established scales in the existing literature (Goldberg and 
Williams, 1988; Grzywacz and Marks, 2000; Netemeyer et al., 1996; 

Ng and Feldman, 2009; Schaufeli et al., 2006; Schneider et al., 2003). 
To ensure clarity and accuracy in responses, the final questionnaire 
was translated and adapted into Italian. The decision to use a 
web-based self-report questionnaire was driven by several advantages, 
including ease of administration, time efficiency, and the provision of 
anonymity. Moreover, previous research has shown that online 
questionnaires can encourage respondents to be  more open and 
truthful in their responses (Meade and Craig, 2012). Participation in 
the survey was voluntary; however, due to the direct involvement of 
the organization, the participation rate reached the whole 
organizational workforce.

The self-administered survey facilitated the collection of primary 
data, which served as the main variables of interest in this study along 
with data from the Microsoft 365 platform. This platform generates 
time-stamped logs documenting every activity undertaken by 
employees, thereby providing a comprehensive digital record of their 
work activities. Specifically, during the aforementioned period of 
inquiry, Microsoft 365 click metadata was sourced and anonymized. 
Then, we used these clicking behaviors as representative of the time–
space intensification and extension of working experience. Lastly, 
we  also collected and employed employees’ demographic data as 
control variables.

The following section offers a more detailed description of the 
survey items and control variables used in this study.

3.2 Measures

The primary variables of this study are derived from the survey 
and the Microsoft 365 platform data and can be  categorized into 
dependent, independent, and control variables.

3.2.1 Dependent variable
Work-related stress: this variable is operationalized through three 

items adapted from Goldberg and Williams (1988). Specifically, these 
items evaluate respondents’ perceived ability to make decisions, 
concentrate on tasks, and feel useful within their work environment. 
An example item include: “Were you able to concentrate on whatever 
you were doing?”

3.2.2 Independent variables
Time–space intensification and extension of working experience: 

according to Alaimo and Kallinikos (2021) and Fabbri et al. (2022), 
we operationalized this variable using the following click metadata 
directly exported from the Microsoft 366 platform’s dashboard: the 
maximum number of actions taken outside standard working hours 
(mean = 50.85, SD = 53.208), and the weekly total number of meetings 
attended (mean = 7.15, SD = 5.59).

Work-Life Enrichment (3 items): This construct assesses the 
positive effects of work on personal life, such as helping with personal 
issues, enhancing one’s personal life, and applying job skills in a home 
setting, as defined by Grzywacz and Marks (2000). For instance, one 
item states: “The things I did at work helped me deal with personal and 
practical issues at home.”

Work-Life Conflict (3 items): This construct measures the degree 
of conflict between work demands and family responsibilities, 
focusing on how work negatively impacts personal life and the strain 
it causes, as measured by Netemeyer et al. (1996). An example of this 

TABLE 1 Sample of the study.

Respondents (n = 144)

Count (%)

Gender

Female 35 (24.31)

Male 109 (75.69)

Age

18–25 4 (2.78)

26–35 89 (61.81)

36–45 36 (25)

> 45 15 (10.42)

Education

Secondary education 13 (9.03)

University degree 131 (90.97)

Role 13 (2.9)

Specialist 87 (60.42)

Manager 27 (18.75)

Head 29 (20.14)

Contract

Full time 120 (83.33)

Other 24 (16.67)
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measurement is: “My job produced strain that made it difficult to fulfil 
family duties.”

Engagement (6 items): It refers to a positive work-focused 
psychological state (Halbesleben and Wheeler, 2008; Lesener et al., 
2020). Following Schaufeli et al. (2006), engagement was assessed 
across three dimensions: vigor, absorption, and dedication. Vigor 
refers to the feeling of energy and resilience at work; absorption 
reflects a state where time passes quickly due to deep involvement in 
work tasks; and dedication relates to experiencing a sense of 
meaningfulness, purpose, and enthusiasm in work. Examples of items 
measuring engagement include: “At my work, I  felt bursting with 
energy,” “I felt happy when I  was working intensely” and “I was 
enthusiastic about my job.”

Job Satisfaction (5 items): This construct stands as a pleasurable 
or positive emotional state that involves a person’s overall evaluation 
of job, job experiences and job environment (Alegre et  al., 2016; 
Aziri, 2011; Locke, 1976). It captures multiple aspects of job 
satisfaction, including satisfaction with empowerment, job fulfilment, 
workgroup dynamics, pay, and job security, as conceptualized by 
Schneider et al. (2003). One illustrative item in this category is: “How 
satisfied are you with your involvement in the decisions that affect 
your work?”

P-O fit (3 items): This concept is grounded in the belief that 
individual attitudes, behaviors, and other outcomes are not solely 
determined by either the individual or the work environment alone, 
but rather by the interplay between the two entities (Westerman and 
Vanka, 2005).Thus, P-O fit measures the extent to which respondents 
perceive they fit within the company culture, match the 
organization’s characteristics, and align with its values. Using the 
scale developed by Ng and Feldman (2009), P-O fit is assessed 
through items like: “My values are compatible with the 
company values.”

3.2.3 Control variables
In addition to the primary variables, the study incorporates four 

demographic data as control variables, i.e., gender, age, type of 
contract, and organizational seniority. These variables are consistent 
with prior research on digital work and employee attitudes (Bolli and 
Pusterla, 2022; Chesley, 2014; Ninaus et al., 2021; Olsen et al., 2023; 
Suh and Lee, 2017). The demographic data were provided by the 
company and linked to survey respondents via anonymous IDs.

A comprehensive description of all study variables is presented in 
Table 2.

3.3 Data analysis

To identify and validate latent constructs from the survey data, 
we  first employed Confirmatory Factor Analysis (CFA). CFA is a 
statistical technique commonly used in psychometric research to 
assess the validity and reliability of latent constructs (Brown, 2015). It 
evaluates the degree to which the observed data align with the 
theoretical framework by testing predefined relationships between 
observed variables and their underlying latent factors. Specifically, 
CFA provides insights into the number of latent constructs being 
measured and helps determine which items are associated with the 
same construct versus those that are linked to different constructs. 
This method relies on prior theory to specify the number of factors 

and the structure of factor loadings (Hair et al., 2019). CFA allows 
researchers to rigorously test measurement models, ensuring both 
construct validity and internal consistency.

Then, we used a Generalized Additive Model (GAM) to investigate 
the effect of the latent constructs emerging from CFA on Work-
related stress.

GAM extend traditional linear regression by allowing non-linear 
relationships between predictors and the response variable through 
smooth functions (James et al., 2017; Wood, 2017). For a response 
variable iy  ( )1, ,i n=  , and p predictors ijx  ( )1, ,j p=  , the GAM 
framework can be expressed as Equation 1:

 
( )0

1
β ε

=
= + +∑

p

i j ij i
j

y f x

 
(1)

where 0β  is the intercept, ( )j ijf x  represents smooth functions 
capturing the non-linear effects of the predictors ijx , and iε  is the error 
term. The smooth functions ( )j ijf x  are modeled as a weighted sum 
of basis functions:
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=
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where jz ijb x  are basis functions, jzβ  are their corresponding 
coefficients, and jN  is the number of basis functions for the j-th 
predictor. Various smoothing methods, such as cubic regression 
splines, thin-plate splines, and P-splines, can be used to model ( )j ijf x  
in Equation 2. The trade-off between smoothness and model fit is 
controlled by a smoothing parameter jλ  specific to each smooth term, 
which penalizes the wiggliness of ( )j ijf x . Both the coefficients jzβ  
and the smoothing parameters jλ  are estimated using Restricted 
Maximum Likelihood (REML). This ensures that both the smooth 
terms and the linear predictors are estimated in a way that maximizes 
the restricted likelihood of the model.

All statistical analyses were conducted through the R software 
environment, using the ‘lavaan’ package for CFA (Rosseel, 2012) and 
the ‘mgvc’ package for GAM estimation (Wood, 2017).

4 Results

4.1 CFA and construct validity

Initially, we conduct CFA to assess the reliability and validity of 
the latent constructs (Fornell and Larcker, 1981). Table 3 presents the 
results of the measurement model, which were obtained using 
maximum likelihood estimation. The chi-square statistic was 
significant (χ2 = 448.824, d.f. = 215, p < 0.01), indicating a discrepancy 
between the expected model and the observed covariance matrix. 
However, given the small sample size and the sensitivity of the 
chi-square statistic to sample size (West et  al., 2012, p.  211), 
we followed the guidelines proposed by Kline (2016) to assess model 
fit using alternative indices: Root Mean Square Error of Approximation 
(RMSEA), Comparative Fit Index (CFI), and Standardized Root Mean 
Square Residual (SRMR). The measurement model demonstrated a 
good fit, with indices either close to or exceeding their respective 
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TABLE 2 Study variables description.

Type of variable Group Variable name Variable description

Dependent Work-related stress (Goldberg and Williams, 1988) Stress1 Did you feel capable of making decisions about the things that happened to you?

Stress2 Were you able to concentrate on whatever you were doing?

Stress3 Did you feel like you were playing a useful part in the things that happened to you?

Independent Click metadata Off-hours actions Maximum number of actions taken by the user in a working day outside working hours.

Weekly meetings Weekly total number of meetings the user attended.

Work-life enrichment (Grzywacz and Marks, 2000) Enrich1 The things I did at work helped me deal with personal and practical issues at home.

Enrich2 The things I did at work made me a more interesting person at home.

Enrich3 The skills I used on my job were useful for things I had to do at home.

Work-life conflict (Netemeyer et al., 1996) Conflict1 Things I wanted to do at home did not get done because of the demands my job put on me.

Conflict2 My job produced strain that made it difficult to fulfil family duties.

Conflict3 The amount of time my job took up made it difficult to fulfil family responsibilities.

Engagement (Schaufeli et al., 2006) Vigor1 At my work, I felt bursting with energy.

Vigor2 At my job, I felt strong and vigorous.

Absorption1 Time flied when I was working.

Absorption2 I felt happy when I was working intensely.

Dedication1 I found the work that I did full of meaning and purpose.

Dedication2 I was enthusiastic about my job.

Job satisfaction (Schneider et al., 2003) Job_sat1 Considering everything, how would you rate your overall satisfaction with the company at the present time?

Job_sat2 I like the kind of work I do.

Job_sat3 How satisfied are you with your involvement in the decisions that affect your work?

Job_sat4 I have enough information to do my job well.

Job_sat5 How do you rate this company in providing job security for people like yourself?

P-O fit (Ng and Feldman, 2009) Embed1 I fit with the company’s culture.

Embed2 I feel like I am a good match for the company.

Embed3 My values are compatible with the company values.

Control Demographic Seniority Individual organizational tenure (years).

Type of contract Binary: 0-fixed term/other, 1-full time.

Age Individual age (years).

Gender Binary: 0-male, 1-female.
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TABLE 3 CFA output.

Factor Item Std. loading Cronbach’s alpha Mean SD

Work-life enrichment 

(CR = 0.800, AVE = 0.814)

0.853

1 The things I did at work helped me deal 

with personal and practical issues at home.
0.772 3.52 1.58

2 The things I did at work made me a more 

interesting person at home.
0.817 4.32 1.58

3 The skills I used on my job were useful for 

things I had to do at home.
0.850 3.81 1.69

Work-life conflict 

(CR = 0.801, AVE = 0.851)
0.886

1 Things I wanted to do at home did not get 

done because of the demands my job put on 

me.

0.892 2.97 1.59

2 My job produced strain that made it 

difficult to fulfil family duties.
0.793 2.42 1.47

3 The amount of time my job took up made it 

difficult to fulfil family responsibilities.
0.865 2.72 1.57

Engagement (CR = 0.891, 

AVE = 0.807)
0.916

1 At my work, I felt bursting with energy. 0.852 5.03 1.39

2 At my job, I felt strong and vigorous. 0.828 4.84 1.44

3 Time flied when I was working. 0.732 5.35 1.27

4 I felt happy when I was working intensely. 0.653 4.94 1.33

5 I found the work that I did full of meaning 

and purpose.
0.849 4.83 1.45

6 I was enthusiastic about my job. 0.904 5.26 1.36

Job Satisfaction 

(CR = 0.836, AVE = 0.762)
0.866

1 Considering everything, how would 

you rate your overall satisfaction with the 

company at the present time?

0.943 5.50 1.22

2 I like the kind of work I do. 0.762 5.57 1.20

3 How satisfied are you with your 

involvement in the decisions that affect your 

work?

0.764 4.96 1.46

4 I have enough information to do my job 

well.
0.704 5.18 1.26

5 How do you rate this company in providing 

job security for people like yourself?
0.596 5.81 1.22

P-O fit (CR = 0.895, 

AVE = 0.885)
0.917

1 I fit with the company’s culture. 0.890 5.77 1.26

2 I feel like I am a good match for the 

company.
0.911 5.76 1.21

3 My values are compatible with the company 

values.
0.854 5.77 1.34

Work-related stress 

(CR = 0.724, AVE = 0.747)

0.754

(Continued)
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thresholds (RMSEA = 0.084; CFI = 0.939; SRMR = 0.064) 
(Byrne, 2016).

The factor and item loadings all exceeded 0.596, and the 
Average Variances Extracted (AVE) were above 0.75, providing 
strong evidence of convergent validity among our measures 
(Fornell and Larcker, 1981). Additionally, all measures 
demonstrated strong reliability, with composite reliabilities ranging 
from 0.724 to 0.895. The AVE for each construct exceeded the 
squared inter-factor correlations, indicating the distinctiveness of 
all four constructs (see Table 4). Overall, our constructs exhibit 
sound measurement properties (Fornell and Larcker, 1981; Hair 
et al., 2019).

Regarding the factor structure, a minimum of three items per 
factor were included, to provide adequate identification for the 
construct (Hair et  al., 2019). In general, all Cronbach’s alpha 
coefficients exceeded 0.754, indicating good internal consistency 
(Cronbach, 1951).

4.2 Common method variance

Given that the data for this study was obtained from a single 
respondent within the same company, there is a potential risk of 
common method bias. To address this concern, we employed the 
Common Latent Factor (CLF) approach (Eichhorn, 2014; Podsakoff 
et al., 2012). This method involves introducing a new latent factor, 
representing common method variance, to which the observed items 
are loaded in addition to their respective theoretical constructs.

Furthermore, the loadings on the CLF were constrained to 
be equal across all items. The results of the Common Method Variance 
(CMV) test met the required criteria, with the overall shared variance 
explained by the CLF being 18.27%, which is significantly below the 
50% threshold suggested by Eichhorn (2014).

4.3 Predictive analysis

Following CFA, we evaluated the impact of each driver on work-
related stress, incorporating additional control variables for a more 
comprehensive analysis. A graphical inspection of Figure 2, which 
shows the bivariate relationships between each independent variable 
and work-related stress, revealed the presence of nonlinear patterns. 
To address these potential nonlinear relationships, we employed a 
GAM specifying smooth terms (i.e., nonlinear functions) for variables 
exhibiting nonlinear associations with the dependent variable. In fact, 
unlike traditional linear models, which assume a fixed linear or 
parametric form for the relationship between the dependent variable 
and covariates, GAMs do not impose any a priori assumptions about 
the functional form of these relationships. This flexibility allows 
GAMs to effectively identify and estimate nonlinear effects of the 
covariates on the dependent variable. As shown in Figure 2, the two 
click-related variables (off-hours actions and weekly meetings), 
Person-organization fit and Work-life enrichment show nonlinear 
patterns in the relationship with Work-related stress. Thus, these 
variables were included as smooth terms in the model, which can 
be defined as follows:

TABLE 3 (Continued)

Factor Item Std. loading Cronbach’s alpha Mean SD

1 Did you feel capable of making decisions 

about the things that happened to you?
0.842

5.33 1.45

2 Were you able to concentrate on whatever 

you were doing?
0.532

5.26 1.16

3 Did you feel like you were playing a useful 

part in the things that happened to you?
0.826

5.51 1.14

Model fit statistics 2χ  = 448.824, d.f. =215, 2χ /d.f. = 2.08; CFI = 0.939, TLI = 0.920, RMSEA = 0.084; SRMR = 0.064

CR, Composite reliability; AVE, Average variance extracted.

TABLE 4 Construct correlations.

Work-life 
enrichment

Work-life 
conflict

Engagement Job satisfaction P-O fit Work-
related 
stress

Work-life 

enrichment
0.902

Work-life conflict 0.240 0.922

Engagement 0.494 0.080 0.898

Job satisfaction 0.526 0.108 0.850 0.873

P-O fit 0.458 0.028 0.778 0.863 0.941

Work-related stress 0.325 0.135 0.817 0.871 0.676 0.864

The diagonal values (in bold) represent the AVE, while the construct correlations are displayed below the diagonal.
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To test the appropriateness of the GAM, we tested it against a 
multiple linear regression model. Specifically, the ANOVA revealed a 
statistically significant reduction in residual deviance (Ä
Deviance = 4.63, p < 0.001) when transitioning from the linear model 

to the GAM, meaning that the latter captures non-linear relationships 
in the data more effectively than the linear model.

The Akaike Information Criterion (AIC) values, reported in 
Table  5, further support the superiority of the GAM 
(AICModel2 = 115.457) over the linear model (AICModel1 = 126.686), with 
the lower AIC reflecting a better trade-off between model complexity 
and goodness of fit. These findings underscore the importance of 
incorporating smooth terms for variables where non-linear effects are 
expected, as this enhances the model’s ability to represent the 
underlying data structure accurately.
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FIGURE 2

Non-linear relationships.

TABLE 5 AIC comparison.

df AIC

Model 1 (Linear) 14.000 126.686

Model 2 (GAM) 31.711 115.457

https://doi.org/10.3389/fpsyg.2025.1546832
https://www.frontiersin.org/journals/psychology
https://www.frontiersin.org


Cavicchioli et al. 10.3389/fpsyg.2025.1546832

Frontiers in Psychology 12 frontiersin.org

In the Equation 3, both the parametric coefficients and the 
coefficients of the basis functions for the smooth terms were 
estimated simultaneously using REML, which jointly optimizes 
the parametric coefficients, the coefficients of the basis functions 
and the related smoothing parameter (λ). The parametric 
estimates from the regression model are presented in Table 6.

For the smooth terms, we employed thin-plate regression splines, 
a type of penalized regression spline. Penalization mitigates overfitting 
by balancing the trade-off between model fit and smoothness, 
enhancing the generalizability of the results. Unlike traditional splines, 
thin-plate splines do not require predefined knot locations; instead, 
the basis functions are derived directly from the underlying data 
structure, ensuring that the smooth function is not overly influenced 
by arbitrary knot placement (Wood, 2003). The results for the smooth 
functions, including Effective Degrees of Freedom (EDF) and 
F-statistics, are reported in Table  7. Moreover, a graphical 
representation of the estimated smooth functions from the full model 
(Model 6) is provided in Figure 3, offering visual insights into the 

functional relationships between the predictors and work-
related stress.

The results of the hierarchical GAM provide several key insights 
into the factors influencing work-related stress in a digitalized work 
environment. Model 1 serves as the baseline specification, 
incorporating both the five constructs extracted from CFA and click 
metadata variables to evaluate their impact on work-related stress. 
Subsequent models (i.e., Models 2 through 6) sequentially introduce 
control variables, and the effects observed in the baseline model are 
consistently confirmed.

Regarding click metadata, the smooth functions in Figure 3 reveal 
that a significant amount of daily work performed outside regular 
hours, as well as prolonged time spent in virtual meetings, both 
contribute to increased work-related stress. These findings support 
Hypothesis 1 (H1), indicating that in a digitalized working context, 
the intensification and extension of work across time and space 
significantly increases work-related stress, particularly when 
associated with out-of-hours work and video calls. From Figure 3 

TABLE 6 Hierarchical GAMs.

Parametric coefficients

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6

(Intercept) 0.000 (0.020) 0.121* (0.065) 0.326*** (0.120) −0.062 (0.239) −0.163 (0.238) −0.057 (0.262)

Work–life conflict 0.238*** (0.029) 0.231*** (0.029) 0.227*** (0.029) 0.233*** (0.029) 0.203*** (0.025) 0.226*** (0.028)

Engagement 0.097 (0.071) 0.112 (0.071) 0.109 (0.070) 0.095 (0.070) 0.079 (0.061) 0.352*** (0.104)

Job satisfaction −2.130*** (0.130) −2.091*** (0.126) −2.095*** (0.125) −2.109*** (0.124) −1.856*** (0.109) −2.178*** (0.122)

Seniority −0.050** (0.024) −0.045** (0.023) −0.048** (0.023) −0.042** (0.020) −0.033 (0.023)

Contract_1 −0.239** (0.115) −0.257** (0.115) −0.240** (0.102) −0.297** (0.113)

Age 0.012* (0.007) 0.012** (0.006) 0.009 (0.007)

Gender_1 0.088 (0.092) 0.119 (0.101)

Engagement × 

Gender_1

−0.281*** (0.087)

R2 adjusted 0.867 0.908 0.901 0.908 0.91 0.918

n 144 144 144 144 144 144

AIC 91.41 90.39 88.68 87.52 86.72 77.19

Gender: 0–male, 1–female; Contract: 0–fixed term/other, 1–full time. ∗ p < 0.1; ∗∗ p < 0.05; ∗∗∗ p < 0.01.

TABLE 7 Smooth terms.

edf F edf F edf F

Model 1 Model 2 Model 3

s(Off-hours actions) 2.313 3.994** 2.729 4.351*** 2.161 5.443***

s(Weekly meetings) 7.189 1.408 7.357 1.790* 7.010 2.134**

s(Work–life enrich.) 5.446 3.889*** 1.434 9.574*** 1.721 9.837***

s(Person–Organization fit) 8.104 23.217*** 8.059 23.795*** 8.108 24.051***

Model 4 Model 5 Model 6

s(Off-hours actions) 2.261 4.865*** 2.207 5.197*** 2.184 7.297***

s(Weekly meetings) 6.960 1.946* 6.805 1.901* 6.966 2.791**

s(Work–life enrich.) 1.417 10.429*** 1.532 9.352*** 4.958 5.505***

s(Person–Organization fit) 8.290 24.344*** 8.369 24.504*** 7.884 28.659***

Models 1–6 refer to the different GAM specifications in Table 6. Asterisks denote statistical significance: *p < 0.1; **p < 0.05; ***p < 0.01.
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we can also extract information regarding the amount of digital work 
that impact significantly on employees’ stress. In fact, an average of 
approximately 250 actions taken by a user during a working day 
outside regular hours significantly increases stress levels. Similarly, 
attending more than 11 meetings per week on average is associated 
with higher stress levels. These thresholds could serve as benchmarks 
for organizations to monitor and manage employees’ digital 
workloads effectively.

The results also strongly support Hypotheses 2a and 2b (H2a, 
H2b). Specifically, work-life enrichment is found to significantly 
reduce work-related stress (F = 3.889, p < 0.01), while work-life 
conflict significantly increases it. However, Hypothesis 3 (H3a, H3b) 
is not supported, as engagement does not exert a significant effect on 
work-related stress. This suggests that engagement may not be  a 
critical factor in shaping stress levels within the digital work 
environment. The model provides strong evidence in favour of 
Hypothesis 4 (H4), demonstrating that higher levels of job satisfaction 
significantly reduce work-related stress (p < 0.01). This finding 
highlights the critical role of job satisfaction in mitigating stress in a 
digitalized workplace. Similarly, Hypothesis 5 (H5) is confirmed, as 
employees’ perceptions of person-organization (P-O) fit, or 

embeddedness, significantly decrease work-related stress (F = 23.217, 
p < 0.01).

Incorporating demographic variables (i.e., seniority, contract type, 
age, and gender) provided additional specificity to the findings. Model 
2 highlights a modest but significant impact of organizational tenure 
on stress, with longer tenure associated with reduced stress, though 
this effect diminishes in later models. Model 3 shows that holding a 
full-time contract alleviates stress levels, while Model 4 identifies a 
positive relationship between age and stress, indicating higher stress 
levels among older employees. Finally, Model 6 incorporates an 
interaction between engagement and gender, revealing a significant 
moderating effect (p < 0.01). The negative coefficient suggests that 
engagement mitigates stress more effectively for females compared to 
their male counterparts.

Regarding model fit, the adjusted R2 values are notably high, 
ranging from 86.7% in Model 1 (AIC = 91.41) to 91.8% in Model 6 
(AIC = 77.19), indicating an excellent fit for the estimated models. 
While GAMs are generally more effective with larger datasets, our 
sample size is sufficient for the model’s complexity. Model diagnostics, 
including high adjusted R2 values, decreasing AIC, indicate that the 
model complexity is adequately justified. The smooth term plots and 
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associated confidence intervals exhibit well-behaved trends without 
excessive fluctuations, indicating that the smoothing penalties are 
effective in preventing overfitting. Finally, both parametric and 
smooth terms show statistically significant effects, providing strong 
evidence that the model’s estimates are stable and meaningful despite 
the sample size.

Additionally, during model fitting, we assessed concurvity, which 
arises when a smooth term or a combination of predictors is highly 
correlated with another smooth term or linear predictor (Hastie and 
Tibshirani, 1986). Concurvity can be  considered the non-linear 
counterpart to collinearity and, if present, may result in unstable 
parameter estimates. In our analysis, as shown in Table 8, concurvity 
estimates remained below 0.50, indicating that it is not a concern in 
our model (Ramsay et al., 2003).

5 Discussion

The redefinition of the boundaries between the material and the 
immaterial, the physical and the virtual, in terms of presence and 
remoteness, constitutes the hallmark of the incorporation of ICTs into 
organizational contexts (Schwarzmüller et  al., 2018). Overall, the 
digital transformation has created new time and space dimensions of 
work, by erasing physical and time barriers (Bissola and Imperatori, 
2018). Hence, the restructuring of an organization, involving people 
and technologies, can be understood as a people-driven organizational 
revolution triggered by the adoption of disruptive digital innovations 
(Nadkarni and Prügl, 2020).

As stated by Johnson et  al. (2020, p.  405), technology has 
increasingly set the pace and method of work, enabling the workforce 
to access unlimited amounts of online information, to rapidly 
complete routine cognitive tasks, to deliver services in-person or 
remotely and to have dynamic collaborations with individuals or 
teams across different time zones around the world. On the other 
hand, the use of ICTs has produced constant connectivity, work 
fragmentation, heavier workload and a perpetual sense of urgency, 
also creating expectations that people need, or are obligated, to work 
faster and more efficiently (Ayyagari et  al., 2011). In this regard, 
Tarafdar et al. (2019) identified techno-overload, techno-invasion, 
techno-uncertainty, techno-insecurity and techno-complexity as 
techno-stressors. Since the influence of technology on work-related 
stress also depends on employees’ perceptions of its effect on their job 
and work experience, as either an opportunity or a damage (Johnson 
et al., 2020; Tarafdar et al., 2019), this study has sought to explore the 
complexity of the relationship between the individual experience of 
work and the broader organizational process of digitalization.

As suggested by Qvarfordt and Lagrosen (2023), results from our 
empirical research demonstrate that digital technologies in the 
workplace have the potential to produce a wide range of effects and 
consequences on employees’ working experience.

More specifically, our findings show several significant 
interactions between digital activities reflecting the intensification and 
extension of working time–space (namely, off-hours actions and 
weekly meeting), employees’ attitudes towards their job and 
organization (namely, work-life interface, job satisfaction, person-
organization fit), and work-related stress in a highly digitalized 
working context.

Firstly, we found that the digital time–space intensification and 
extension of working experience fostered by the digitalization of work 
and measured in terms of daily work performed outside regular office 
hours and extended time spent in virtual meetings significantly 
contributes to an increase in work-related stress. Although several 
studies emphasized the greater flexibility and control with respect to 
the time and place to work (Coenen and Kok, 2014; Ter Hoeven and 
Van Zoonen, 2015; Vega et al., 2015) and the possibility to create 
virtual teams (Cortellazzo et al., 2019), our results suggest that the 
ability to work from virtually any location at any time (Hassard and 
Morris, 2022), coupled with the requirement to be almost constantly 
available for an increasing number of virtual meetings that are both 
more frequent and longer in duration (Luebstorf et  al., 2023) 
significantly impact stress levels among employees. Notably, we found 
that an average number of actions taken by the user in a working day 
outside office hours approaching 250 significantly increases employees’ 
stress, as does attending more than 11 meetings per week on average. 
These quantities could serve as early-warning indicators to proactively 
prevent critical stress levels. By integrating these indicators into 
organizational tools or dashboards, organizations can monitor 
employees’ digital activities and use these thresholds to identify and 
flag individuals who may be at higher risk of work-related stress. In 
this regard, it is recommended that organizational policies place 
greater emphasis on the risks associated with constant availability 
enabled by digital technology. To enhance employees’ well-being, it is 
necessary to limit work outside office hours, thereby promoting a 
complete switch-off from professional responsibilities and facilitating 
the restoration of physical and mental health. Moreover, the 
implementation of specific managerial practices is necessary to 
prevent the occurrence of Zoom fatigue. Measures such as promoting 
asynchronous communication, implementing policies like “no-email 
hours,” or enabling automatic delays for emails sent outside regular 
working hours can be effective. Furthermore, efforts should be made 
to both mitigate the stressors associated with virtual meetings and to 
ensure that videoconferences are scheduled with due consideration for 

TABLE 8 Observed concurvity.

Parameters s(Off-hours 
actions)

s(Weekly 
meetings)

s(Person–
Organization fit)

s(Work–life 
enrich.)

Parameters 1 0 0 0 0

s(Off-hours actions) 0 1 0.098 0.014 0.038

s(Weekly meetings) 0 0.108 1 0.14 0.11

s(Person–Organization 

fit)
0 0.139 0.061 1 0.275

s(Work–life enrich.) 0 0.043 0.052 0.315 1
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their duration and frequency. Furthermore, our findings demonstrate 
that the use of digital technologies in the workplace is strongly related 
to the work-life interface dimension, as argued in Chesley (2014), 
thereby contributing to the extant literature which holds that work-life 
conflict produces stress-related outcomes (Anderson et  al., 2002; 
Fiksenbaum, 2014), while work-life enrichment positively relates with 
individual’s mental health (Baral and Bhargava, 2010). In particular, 
the results reveal that perceived work-related stress increases 
significantly when the digitalization of work leads to greater conflict 
between life and work spheres (Stich et al., 2018). On the other hand, 
when work-life enrichment prevails, stress at work tends to decrease 
(Alieva and Powell, 2022). Moreover, the analysis indicates that higher 
levels of satisfaction with one’s own work, which can be positively 
affected by digitalization (Bolli and Pusterla, 2022), significantly 
reduce work-related stress, as also found by Ahsan et al. (2009) and 
Klassen et  al. (2010). Additionally, the perception of person-
organization fit appears to play a significant role in decreasing work-
related stress, thus confirming the results reported by Mostafa (2016) 
and Chen et al. (2016). However, our study broadens the existing 
literature by demonstrating that the relationship among these 
employees’ attitudes (i.e., work-life interface, p-o fit and work-related 
stress) is significant in the new, contemporary working environment, 
and expanding the current understanding of the role assumed by 
employees’ subjective experiences and perceptions in the mitigation 
of stress in a working context deeply permeated by digital technologies.

These findings also have practical implications in terms of 
monitoring employees’ attitudes as factors influencing stress levels. 
Specifically, the formulation and submission of surveys to collect 
evidence of employees’ subjective perceptions of their work experience 
(in terms of job-satisfaction, p-o fit, engagement, work-life interface) 
would serve as a valuable resource in the development of strategies to 
mitigate work-related stress. By drawing upon the results of these 
surveys, organizations could imagine specific job design practices and 
HRM policies that are intended to enhance, for example, employees’ 
satisfaction with their job activities and responsibilities, as well as the 
alignment between individuals’ values and growth expectations, on 
the one hand, and the organizational culture and career opportunities, 
on the other.

Finally, although we initially supposed that job engagement would 
be a critical factor in influencing stress levels in a digitalized workplace 
(Hooi and Chan, 2023; Syrek et al., 2022;), this evidence does not 
emerge from our study, thus echoing Olsen et al. (2023) that found 
remote working to be  unrelated to job engagement. However, as 
evidenced by the findings, engagement seems to mitigate the impact 
of gender on perceived work-related stress in a digitalized working 
context. Although previous research found that “there are no 
consistent results that indicate that women are less engaged than men 
or the opposite” (Banihani et  al., 2013), since results showed no 
difference between the work engagement of men and women 
(Hartman and Barber, 2020),in our results female employees exhibited 
lower stress levels the more they were engaged. This reveals the 
complex relationship among work digitalization, gender, engagement 
and work-related stress, which should be further investigated in terms 
of organizational diversity and inclusion. Nevertheless, the current 
findings indicate that prospective gender-specific interventions 
designed to support female workers in the management of stress 
should incorporate strategies for enhancing engagement with their 
occupational activities.

Therefore, the primary contribution of this study is to provide 
new perspectives for interpreting the impact of digitalization on 
employees’ working experience, pointing out the role of employees’ 
attitudes in a digitalized workplace and showing how these 
subjective perceptions can influence stress levels also induced by the 
digitalization itself. Indeed, from the analysis of both the digital 
activities and the attitudes of employees, it appears that the dissolved 
spatial and temporal boundaries of work, that underlie the work-life 
conflict and are revealed in continuous video conferencing and 
out-of-hours work, lead to a significant increase in stress. 
Conversely, satisfaction with one’s job, beneficial management of the 
work-life interface (i.e., work-life enrichment) and the perception 
of fit with the organization were found to contribute to lower 
stress levels.

5.1 Limitations and further research

The findings of this study should be considered in light of its 
limitations. Firstly, the short collection period of Microsoft 365 click 
metadata (8 months) may not fully capture long-term effects of 
digitalization on stress. Secondly, the relatively small sample size and 
the focus on a single organization is problematic in terms of 
generalizing findings across different cultural contexts, industries and 
work environments. It would be certainly interesting to analyze a 
comprehensive record of digital activities over a longer period, which 
could provide additional insights into temporal patterns of stress. In 
this regard, further research with longitudinal data would enhance 
understanding of the ongoing impact of digitalization and its long-
term stress implications for employees. Another important sample’s 
limitation consists in the significant male predominance that does not 
allow for an accurate investigation of the female component of the 
workforce and limits the ability to draw conclusion about gender-
specific stressors and coping mechanism. To address gender 
differences more thoroughly, a more diverse sample should 
be included to extend this research and to allow for a more detailed 
discussion of the organizational dimensions of diversity and inclusion. 
Moreover, beyond click metadata, which represents digital activities, 
this study examines digital transformation in terms of a highly 
digitalized work environment. This is a fairly limited perspective on 
the various dimensions of organizational processes of digitalization 
and leaves room for further research, which could be complemented 
by other measures of employees’ digital interactions. Additionally, 
although the Likert-scale self-report measures are standard, they may 
introduce biases such as social desirability or response fatigue. 
Therefore, further qualitative data and interviews could enable a more 
in-depth exploration of the reasons behind certain attitudes toward 
digitalization and stress.

Indeed, as workplaces’ digitalization is becoming more and more 
prominent, employees are constantly required to interact with an 
increasing range of digital assets within the organizational ecosystem 
(Malik et al., 2023). In this regard, “AI is widely heralded as a new and 
revolutionary general purpose technology that will transform the 
world of work” (Charlwood and Guenole, 2022). Therefore, further 
academic research into AI is now particularly recommended to 
explore employees’ attitudes towards AI, with the aim of understanding 
how they perceive and interact with this technology in the workplace. 
Finally, it would provide useful insights to examine both the digital 
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work activities and attitudinal variables included in this research in 
relation to the employees’ physical health or, for example, to the highly 
contemporary phenomenon of quiet quitting (Mahand and 
Caldwell, 2023).

6 Conclusion

In conclusion, this research effectively highlights the complexities 
of digitalization and its dual impact on employees’ well-being, 
specifically providing a comprehensive exploration of the interplay 
between digitalization and work-related stress. The present study 
contributes to the extant academic literature by revealing the influence 
of both subjective perceptions of employees and digital activities on 
work-related stress in a digitalized workplace. The results indicate that 
employees’ attitudes towards their job and organization have the 
potential to reduce stress levels also induced by the time–space 
intensification and extension of working experience within deeply 
digitalized work settings.

Potential contributions to advance theoretical understanding and 
practical implications are suggested to both researchers and 
practitioners, especially about work-life balance and stress 
management in digital environments.

Data availability statement

The dataset for this manuscript is not publicly available because of 
privacy and ethical restrictions (it contains information that could 
compromise research participants’ privacy/consent). Requests to 
access the dataset should be directed to Tommaso Fabbri (tommaso.
fabbri@unimore.it), PI of the research project “Work Datafication and 
Behavioral Visibility in the Digital Workplace” which our empirical 
study is part of.

Ethics statement

Ethical approval was not required for the studies involving 
humans because in this study, data were collected in compliance with 
the GDPR and Italian Legislative Decree no. 196 dated 30/06/2003. 
Participation was voluntary, the participants provided their written 
informed consent to participate and withdrawal from the study was 
allowed at any given time. Data were collected and used for scientific 
purposes only and appropriate measures were applied to prevent the 

disclosure of information concerning individual persons and 
business entities.

Author contributions

AS: Writing  – original draft, Writing  – review & editing, 
Conceptualization. MC: Writing  – original draft, Data curation, 
Formal analysis, Methodology. FD: Writing – original draft, Data 
curation, Formal analysis, Methodology. TF: Writing  – review & 
editing, Conceptualization. FN: Writing – original draft, Writing – 
review & editing.

Funding

The author(s) declare that financial support was received for the 
research, authorship, and/or publication of this article. Indeed, this 
study is part of the wider research project “Work Datafication and 
Behavioural Visibility in the Digital Workplace” funded by University 
of Modena and Reggio Emilia, “FAR 2021 Mission Oriented – 
Linea FOMO”.

Conflict of interest

The authors declare that the research was conducted in the 
absence of any commercial or financial relationships that could 
be construed as a potential conflict of interest.

Generative AI statement

The author(s) declare that no Generative AI was used in the 
creation of this manuscript.

Publisher’s note

All claims expressed in this article are solely those of the authors 
and do not necessarily represent those of their affiliated organizations, 
or those of the publisher, the editors and the reviewers. Any product 
that may be evaluated in this article, or claim that may be made by its 
manufacturer, is not guaranteed or endorsed by the publisher.

References
Abramova, O., and Gladkaya, M. (2024). Behind videoconferencing fatigue at work: 

the taxing effects of self-view and the mediating role of public self-awareness. Bus. Inf. 
Syst. Eng., 1–19. doi: 10.1007/s12599-024-00874-7

Addas, S., and Pinsonneault, A. (2015). The many faces of information technology 
interruptions: a taxonomy and preliminary investigation of their performance effects. 
Inf. Syst. J. 25, 231–273. doi: 10.1111/isj.12064

Agypt, B., and Rubin, B. A. (2012). Time in the new economy: the impact of the 
interaction of individual and structural temporalities on job satisfaction. J. Manag. Stud. 
49, 403–428. doi: 10.1111/j.1467-6486.2011.01021.x

Ahsan, N., Abdullah, Z., Fie, D. Y. G., and Alam, S. S. (2009). A study of job stress on job 
satisfaction among university staff in Malaysia: empirical study. Eur. J. Soc. Sci. 8, 121–131.

Alaimo, C., and Kallinikos, J. (2021). Managing by data: algorithmic categories and 
organizing. Organ. Stud. 42, 1385–1407. doi: 10.1177/0170840620934062

Alegre, I., Mas-Machuca, M., and Berbegal-Mirabent, J. (2016). Antecedents of 
employee job satisfaction: do they matter? J. Bus. Res. 69, 1390–1395. doi: 10.1016/j.
jbusres.2015.10.113

Alieva, J., and Powell, D. J. (2022). The significance of employee behaviours and soft 
management practices to avoid digital waste during a digital transformation. Int. J. Lean 
Six Sigma. 14, 1–32. doi: 10.1108/IJLSS-07-2021-0127

Amankwah-Amoah, J., Khan, Z., Wood, G., and Knight, G. (2021). COVID-19 and 
digitalization: the great acceleration. J. Bus. Res. 136, 602–611. doi: 10.1016/j.
jbusres.2021.08.011

https://doi.org/10.3389/fpsyg.2025.1546832
https://www.frontiersin.org/journals/psychology
https://www.frontiersin.org
mailto:tommaso.fabbri@unimore.it
mailto:tommaso.fabbri@unimore.it
https://doi.org/10.1007/s12599-024-00874-7
https://doi.org/10.1111/isj.12064
https://doi.org/10.1111/j.1467-6486.2011.01021.x
https://doi.org/10.1177/0170840620934062
https://doi.org/10.1016/j.jbusres.2015.10.113
https://doi.org/10.1016/j.jbusres.2015.10.113
https://doi.org/10.1108/IJLSS-07-2021-0127
https://doi.org/10.1016/j.jbusres.2021.08.011
https://doi.org/10.1016/j.jbusres.2021.08.011


Cavicchioli et al. 10.3389/fpsyg.2025.1546832

Frontiers in Psychology 17 frontiersin.org

Anderson, S. E., Coffey, B. S., and Byerly, R. T. (2002). Formal organizational initiatives 
and informal workplace practices: links to work–family conflict and job-related 
outcomes. J. Manag. 28, 787–810. doi: 10.1016/S0149-2063(02)00190-3

Anthony-McMann, P. E., Ellinger, A. D., Astakhova, M., and Halbesleben, J. R. (2017). 
Exploring different operationalizations of employee engagement and their relationships 
with workplace stress and burnout. Hum. Resour. Dev. Q. 28, 163–195. doi: 10.1002/
hrdq.21276

Ayyagari, R., Grover, V., and Purvis, R. (2011). Technostress: technological antecedents 
and implications. MIS Q. 17, 831–858. doi: 10.2307/41409963

Aziri, B. (2011). Job satisfaction: A literature review. Manag. Res. Pract. 3, 77–86.

Banihani, M., Lewis, P., and Syed, J. (2013). Is work engagement gendered? Gend. 
Manag. 28, 400–423. doi: 10.1108/GM-01-2013-0005

Baral, R., and Bhargava, S. (2010). Work-family enrichment as a mediator between 
organizational interventions for work-life balance and job outcomes. J. Manag. Psychol. 
25, 274–300. doi: 10.1108/02683941011023749

Barber, L. K., and Santuzzi, A. M. (2015). Please respond ASAP: workplace telepressure 
and employee recovery. J. Occup. Health Psychol. 20, 172–189. doi: 10.1037/a0038278

Beer, P., and Mulder, R. H. (2020). The effects of technological developments on work 
and their implications for continuous vocational education and training: A systematic 
review. Front. Psychol. 11:918. doi: 10.3389/fpsyg.2020.00918

Berg, J., Green, F., Nurski, L., and Spencer, D. A. (2023). Risks to job quality from 
digital technologies: are industrial relations in Europe ready for the challenge? Eur. J. 
Ind. Relat. 29, 347–365. doi: 10.1177/09596801231178904

Berg-Beckhoff, G., Nielsen, G., and Larsen, E. L. (2017). Use of information 
communication technology and stress, burnout, and mental health in older, middle-
aged, and younger workers – results from a systematic review. Int. J. Occup. Environ. 
Health 23, 160–171. doi: 10.1080/10773525.2018.1436015

Bergiel, B. J., Bergiel, E. B., and Balsmeier, P. W. (2008). Nature of virtual teams: a 
summary of their advantages and disadvantages. Manag. Res. News 31, 99–110. doi: 
10.1108/01409170810846821

Bissola, R., and Imperatori, B. (2018). “HRM 4.0: the digital transformation of the HR 
department” in Human resource management and digitalization. eds. F. Cantoni and G. 
Mangia (Torino: Giappichelli Routledge), 51–69.

Bolli, T., and Pusterla, F. (2022). Decomposing the effects of digitalization on workers’ 
job satisfaction. Int. Rev. Econ. 69, 263–300. doi: 10.1007/s12232-022-00392-6

Bondanini, G., Giorgi, G., Ariza-Montes, A., Vega-Muñoz, A., and 
Andreucci-Annunziata, P. (2020). Technostress dark side of technology in the workplace: 
A scientometric analysis. Int. J. Environ. Res. Public Health 17:8013. doi: 10.3390/
ijerph17218013

Brod, C. (1984). Technostress: The human cost of the computer revolution. New York: 
Basic books.

Brown, T. A. (2015). Confirmatory factor analysis for applied research. 2nd Edn. 
New York: Guilford Press.

Brown, A., Charlwood, A., and Spencer, D. A. (2012). Not all that it might seem: why 
job satisfaction is worth studying despite it being a poor summary measure of job 
quality. Work Employ. Soc. 26, 1007–1018. doi: 10.1177/0950017012461837

Burman, R., and Goswami, T. G. (2018). A systematic literature review of work stress. 
Int. J. Manag. Stud. V, 112–132. doi: 10.18843/ijms/v5i3(9)/15

Byrne, B. M. (2016). Structural equation modeling with AMOS. New York: 
Routledge.

Carlson, D. S., and Kacmar, K. M. (2000). Work–family conflict in the organization: 
do life role values make a difference? J. Manag. 26, 1031–1054. doi: 10.1177/01492063000 
2600502

Carlson, D. S., Kacmar, K. M., Wayne, J. H., and Grzywacz, J. G. (2006). 
Measuring the positive side of the work–family interface: development and 
validation of a work–family enrichment scale. J. Vocat. Behav. 68, 131–164. doi: 
10.1016/j.jvb.2005.02.002

Castellacci, F., and Viñas-Bardolet, C. (2019). Internet use and job satisfaction. 
Comput. Hum. Behav. 90, 141–152. doi: 10.1016/j.chb.2018.09.001

Chan, A. J., Hooi, L. W., and Ngui, K. S. (2021). Do digital literacies matter in 
employee engagement in digitalised workplace? J. Asia Bus. Stud. 15, 523–540. doi: 
10.1108/JABS-08-2020-0318

Charlwood, A., and Guenole, N. (2022). Can HR adapt to the paradoxes of artificial 
intelligence? Hum. Resour. Manag. J. 32, 729–742. doi: 10.1111/1748-8583.12433

Chen, P., Sparrow, P., and Cooper, C. (2016). The relationship between person-
organization fit and job satisfaction. J. Manag. Psychol. 31, 946–959. doi: 10.1108/
JMP-08-2014-0236

Chesley, N. (2014). Information and communication technology use, work 
intensification and employee strain and distress. Work Employ. Soc. 28, 589–610. doi: 
10.1177/0950017013500112

Cijan, A., Jenič, L., Lamovšek, A., and Stemberger, J. (2019). How digitalization 
changes the workplace. Dyn. Relat. Manag. J. 8, 3–21. doi: 10.17708/DRMJ.2019.
v08n01a01

Coenen, M., and Kok, R. (2014). Workplace flexibility and new product development 
performance: the role of telework and flexible work schedules. Eur. Manag. J. 32, 
564–576. doi: 10.1016/j.emj.2013.12.003

Cortellazzo, L., Bruni, E., and Zampieri, R. (2019). The role of leadership in a 
digitalized world: A review. Front. Psychol. 10:1938. doi: 10.3389/fpsyg.2019.01938

Corvello, V., De Carolis, M., Verteramo, S., and Steiber, A. (2022). The digital 
transformation of entrepreneurial work. Int. J. Entrep. Behav. Res. 28, 1167–1183. doi: 
10.1108/IJEBR-01-2021-0067

Cronbach, L. J. (1951). Coefficient alpha and the internal structure of tests. 
Psychometrika 16, 297–334. doi: 10.1007/BF02310555

Davis, M. C., Challenger, R., Jayewardene, D. N., and Clegg, C. W. (2014). Advancing 
socio-technical systems thinking: A call for bravery. Appl. Ergon. 45, 171–180. doi: 
10.1016/j.apergo.2013.02.009

De, R., Pandey, N., and Pal, A. (2020). Impact of digital surge during Covid-19 
pandemic: A viewpoint on research and practice. Int. J. Inf. Manag. 55:102171. doi: 
10.1016/j.ijinfomgt.2020.102171

Derks, D., Brummelhuhis, L., Zecic, A., and Bakker, A. (2014). Switching on and off: 
does smartphone use obstruct the possibility to engage in recovery activities? Eur. J. 
Work Organ. Psychol. 23, 80–90. doi: 10.1080/1359432X.2012.711013

Derks, D., van Duin, D., Tims, M., and Bakker, A. B. (2015). Smartphone use and 
work-home interference: the moderating role of social norms and employee work 
engagement. J. Occup. Organ. Psychol. 88, 155–177. doi: 10.1111/joop.12083

Eichhorn, B. R. (2014). Common method variance techniques. Cleveland: Cleveland 
State University, Department of Operations and supply chain management. SAS Institute 
Inc, 1–11.

Fabbri, T., Scapolan, A. C., Bertolotti, F., and Canali, C. (2019). Hr analytics in the 
digital workplace: exploring the relationship between attitudes and tracked work 
behaviors. HRM 4.0 For Hum. Centered Organ. 23, 161–175. doi: 10.1108/
S1877-636120190000023012

Fabbri, T., Scapolan, A. C., Bertolotti, F., Mandreoli, F., and Martoglia, R. (2022). 
“Work datafication and digital work behavior analysis as a source of HRM insights” in 
Do Machines dream of electric workers? Understanding the impact of digital 
technologies on organizations and innovation. eds. L. Solari, M. Martinez, A. M. 
Braccini and A. Lazazzara (Cham: Springer), 53–65.

Fiksenbaum, L. M. (2014). Supportive work–family environments: implications for 
work–family conflict and well-being. Int. J. Hum. Resour. Manag. 25, 653–672. doi: 
10.1080/09585192.2013.796314

Fletcher, B., and Payne, R. L. (1980). Stress and work: A review and theoretical 
framework. Pers. Rev. 9, 19–29. doi: 10.1108/eb055400

Fonner, K. L., and Roloff, M. E. (2012). Testing the connectivity paradox: linking 
teleworkers' communication media use to social presence, stress from interruptions, and 
organizational identification. Commun. Monogr. 79, 205–231. doi: 
10.1080/03637751.2012.673000

Fornell, C., and Larcker, D. F. (1981). Evaluating structural equation models with 
unobservable variables and measurement error. J. Mark. Res. 18, 39–50. doi: 
10.1177/002224378101800104

Fosslien, L., and Duffy, M. W. (2020). How to combat zoom fatigue. Harv. Bus. Rev. 
Available at: https://hbr.org/2020/04/how-to-combat-zoom-fatigue

Frone, M. R. (2000). Work–family conflict and employee psychiatric disorders: the 
national comorbidity survey. J. Appl. Psychol. 85, 888–895. doi: 
10.1037/0021-9010.85.6.888

Giacosa, E., Alam, G. M., Culasso, F., and Crocco, E. (2023). Stress-inducing or 
performance-enhancing? Safety measure or cause of mistrust? The paradox of digital 
surveillance in the workplace. J. Innov. Knowl. 8:100357. doi: 10.1016/j.
jik.2023.100357

Goldberg, D., and Williams, P. (1988). A User’s guide to the GHQ. Windsor: 
NFER-Nelson.

Grant, C. A., Wallace, L. M., and Spurgeon, P. C. (2013). An exploration of the 
psychological factors affecting remote e-worker's job effectiveness, well-being and work-
life balance. Empl. Relat. 35, 527–546. doi: 10.1108/ER-08-2012-0059

Greenhaus, J. H., and Beutell, N. J. (1985). Sources of conflict between work and family 
roles. Acad. Manag. Rev. 10, 76–88. doi: 10.2307/258214

Greenhaus, J. H., and Powell, G. N. (2006). When work and family are allies: A theory 
of work–family enrichment. Acad. Manag. Rev. 31, 72–92. doi: 10.5465/
amr.2006.19379625

Grzywacz, J. G., and Marks, N. F. (2000). Reconceptualizing the work–family 
interface: an ecological perspective on the correlates of positive and negative spillover 
between work and family. J. Occup. Health Psychol. 5, 111–126. doi: 
10.1037/1076-8998.5.1.111

Gupta, S., and Pathak, G. S. (2018). Virtual team experiences in an emerging economy: 
a qualitative study. J. Organ. Chang. Manag. 31, 778–794. doi: 10.1108/
JOCM-04-2017-0108

Hair, J. F., Black, W. C., Babin, B. J., and Anderson, R. E. (2019). Multivariate Data 
Analysis. 8th Edn. London: Cengage.

https://doi.org/10.3389/fpsyg.2025.1546832
https://www.frontiersin.org/journals/psychology
https://www.frontiersin.org
https://doi.org/10.1016/S0149-2063(02)00190-3
https://doi.org/10.1002/hrdq.21276
https://doi.org/10.1002/hrdq.21276
https://doi.org/10.2307/41409963
https://doi.org/10.1108/GM-01-2013-0005
https://doi.org/10.1108/02683941011023749
https://doi.org/10.1037/a0038278
https://doi.org/10.3389/fpsyg.2020.00918
https://doi.org/10.1177/09596801231178904
https://doi.org/10.1080/10773525.2018.1436015
https://doi.org/10.1108/01409170810846821
https://doi.org/10.1007/s12232-022-00392-6
https://doi.org/10.3390/ijerph17218013
https://doi.org/10.3390/ijerph17218013
https://doi.org/10.1177/0950017012461837
https://doi.org/10.18843/ijms/v5i3(9)/15
https://doi.org/10.1177/014920630002600502
https://doi.org/10.1177/014920630002600502
https://doi.org/10.1016/j.jvb.2005.02.002
https://doi.org/10.1016/j.chb.2018.09.001
https://doi.org/10.1108/JABS-08-2020-0318
https://doi.org/10.1111/1748-8583.12433
https://doi.org/10.1108/JMP-08-2014-0236
https://doi.org/10.1108/JMP-08-2014-0236
https://doi.org/10.1177/0950017013500112
https://doi.org/10.17708/DRMJ.2019.v08n01a01
https://doi.org/10.17708/DRMJ.2019.v08n01a01
https://doi.org/10.1016/j.emj.2013.12.003
https://doi.org/10.3389/fpsyg.2019.01938
https://doi.org/10.1108/IJEBR-01-2021-0067
https://doi.org/10.1007/BF02310555
https://doi.org/10.1016/j.apergo.2013.02.009
https://doi.org/10.1016/j.ijinfomgt.2020.102171
https://doi.org/10.1080/1359432X.2012.711013
https://doi.org/10.1111/joop.12083
https://doi.org/10.1108/S1877-636120190000023012
https://doi.org/10.1108/S1877-636120190000023012
https://doi.org/10.1080/09585192.2013.796314
https://doi.org/10.1108/eb055400
https://doi.org/10.1080/03637751.2012.673000
https://doi.org/10.1177/002224378101800104
https://hbr.org/2020/04/how-to-combat-zoom-fatigue
https://doi.org/10.1037/0021-9010.85.6.888
https://doi.org/10.1016/j.jik.2023.100357
https://doi.org/10.1016/j.jik.2023.100357
https://doi.org/10.1108/ER-08-2012-0059
https://doi.org/10.2307/258214
https://doi.org/10.5465/amr.2006.19379625
https://doi.org/10.5465/amr.2006.19379625
https://doi.org/10.1037/1076-8998.5.1.111
https://doi.org/10.1108/JOCM-04-2017-0108
https://doi.org/10.1108/JOCM-04-2017-0108


Cavicchioli et al. 10.3389/fpsyg.2025.1546832

Frontiers in Psychology 18 frontiersin.org

Halbesleben, J. R., and Wheeler, A. R. (2008). The relative roles of engagement and 
embeddedness in predicting job performance and intention to leave. Work Stress. 22, 
242–256. doi: 10.1080/02678370802383962

Hanelt, A., Bohnsack, R., Marz, D., and Antunes Marante, C. (2021). A systematic 
review of the literature on digital transformation: insights and implications for strategy 
and organizational change. J. Manag. Stud. 58, 1159–1197. doi: 10.1111/joms.12639

Hartman, R. L., and Barber, E. G. (2020). Women in the workforce: the effect of gender 
on occupational self-efficacy, work engagement and career aspirations. Gender Manag. 
35, 92–118. doi: 10.1108/GM-04-2019-0062

Hassard, J., and Morris, J. (2022). The extensification of managerial work in the digital 
age: middle managers, spatio-temporal boundaries and control. Hum. Relat. 75, 
1647–1678. doi: 10.1177/00187267211003123

Hastie, T., and Tibshirani, R. (1986). Generalized additive models. Stat. Sci. 1, 
297–310. doi: 10.1214/ss/1177013604

Hess, T., Matt, C., Benlian, A., and Wiesböck, F. (2016). Options for formulating a 
digital transformation strategy. MIS Q. Exec. 15, 123–139. doi: 10.4324/9780429286797-7

Hokke, S., Mason, S., Crawford, S. B., Cooklin, A. R., Giallo, R., and Bennetts, S. K. 
(2024). Flexible work patterns and experiences of the work–family interface among 
Australian parents. J. Ind. Relat. 66, 161–185. doi: 10.1177/00221856231221637

Hooi, L. W., and Chan, A. J. (2023). Does workplace digitalization matter in linking 
transformational leadership and innovative culture to employee engagement? J. Organ. 
Chang. Manag. 36, 197–216. doi: 10.1108/JOCM-06-2022-0184

Imran, F., Shahzad, K., Butt, A., and Kantola, J. (2021). Digital transformation of 
industrial organizations: toward an integrated framework. J. Chang. Manag. 21, 451–479. 
doi: 10.1080/14697017.2021.1929406

James, G., Witten, D., Hastie, T., and Tibshirani, R. (2017). An introduction to 
statistical learning: With applications in R. 8th Edn. New York: Springer.

Johnson, S., Cooper, C., Cartwright, S., Donald, I., Taylor, P., and Millet, C. (2005). 
The experience of work-related stress across occupations. J. Manag. Psychol. 20, 178–187. 
doi: 10.1108/02683940510579803

Johnson, A., Dey, S., Nguyen, H., Groth, M., Joyce, S., Tan, L., et al. (2020). A review 
and agenda for examining how technology-driven changes at work will impact 
workplace mental health and employee well-being. Aust. J. Manag. 45, 402–424. doi: 
10.1177/0312896220922292

Junça Silva, A., and Lopes, C. (2023). Cognitive and affective predictors of occupational 
stress and job performance: the role of perceived organizational support and work 
engagement. J. Econ. Adm. Sci. 39, 1013–1026. doi: 10.1108/JEAS-02-2021-0020

Kane, G. C., Palmer, D., Phillips, A. N., Kiron, D., and Buckley, N. (2015). Strategy, 
not technology, drives digital transformation. MIT Sloan Manag. Rev. 14, 1–25. Available 
at: https://sloanreview.mit.edu/projects/strategy-drives-digital-transformation/

Klassen, R. M., Usher, E. L., and Bong, M. (2010). Teachers’ collective efficacy, job 
satisfaction, and job stress in cross-cultural context. J. Exp. Educ. 78, 464–486. doi: 
10.1080/00220970903292975

Kline, R. B. (2016). Principles and practice of structural equation modeling. 4th Edn. 
New York: Guilford Publications.

Kristof, A. L. (1996). Person-organization fit: an integrative review of its 
conceptualizations, measurement, and implications. Pers. Psychol. 49, 1–49. doi: 
10.1111/j.1744-6570.1996.tb01790.x

La Torre, G., Esposito, A., Sciarra, I., and Chiappetta, M. (2019). Definition, symptoms 
and risk of techno-stress: a systematic review. Int. Arch. Occup. Environ. Health 92, 
13–35. doi: 10.1007/s00420-018-1352-1

Leal-Rodríguez, A. L., Sanchís-Pedregosa, C., Moreno-Moreno, A. M., and 
Leal-Millán, A. G. (2023). Digitalization beyond technology: proposing an explanatory 
and predictive model for digital culture in organizations. J. Innov. Knowl. 8:100409. doi: 
10.1016/j.jik.2023.100409

Lee, W. T., Burch, T. C., and Mitchell, T. R. (2014). The story of why we stay: a review 
of job embeddedness. Annu. Rev. Organ. Psych. Organ. Behav. 1, 199–216. doi: 10.1146/
annurev-orgpsych-031413-091244

Lesener, T., Gusy, B., Jochmann, A., and Wolter, C. (2020). The drivers of work 
engagement: a meta-analytic review of longitudinal evidence. Work Stress. 34, 259–278. 
doi: 10.1080/02678373.2019.1686440

Locke, E. A. (1976). “The nature and causes of job satisfaction” in Handbook of 
industrial and organizational psychology. ed. M. D. Dunnette (Chicago: Rand McNally), 
1297–1349.

Luebstorf, S., Allen, J. A., Eden, E., Kramer, W. S., Reiter-Palmon, R., and 
Lehmann-Willenbrock, N. (2023). Digging into “zoom fatigue”: A qualitative exploration 
of remote work challenges and virtual meeting stressors. Merits 3, 151–166. doi: 10.3390/
merits3010010

Mahand, T., and Caldwell, C. (2023). Quiet quitting–causes and opportunities. Bus. 
Manag. Res. 12, 9–19. doi: 10.5430/bmr.v12n1p9

Mahboob, A., and Khan, T. (2016). Technostress and its management techniques: A 
literature review. J. Hum. Resour. Manag. 4, 28–31. doi: 10.11648/j.jhrm.20160403.12

Mäkikangas, A., Juutinen, S., Mäkiniemi, J. P., Sjöblom, K., and Oksanen, A. (2022). 
Work engagement and its antecedents in remote work: A person-centered view. Work 
Stress. 36, 392–416. doi: 10.1080/02678373.2022.2080777

Malik, A., Budhwar, P., Mohan, H., and Srikanth, N. R. (2023). Employee experience–
the missing link for engaging employees: insights from an MNE's AI-based HR 
ecosystem. Hum. Resour. Manag. 62, 97–115. doi: 10.1002/hrm.22133

Marsh, E., Perez Vallejos, E., and Spence, A. (2024). Digital workplace technology 
intensity: qualitative insights on employee wellbeing impacts of digital workplace job 
demands. Front. Organ. Psychol. 2:1392997. doi: 10.3389/forgp.2024.1392997

Martin, L., and Omrani, N. (2015). An assessment of trends in technology use, 
innovative work practices and employees’ attitudes in Europe. Appl. Econ. 47, 623–638. 
doi: 10.1080/00036846.2014.978072

Meade, A. W., and Craig, S. B. (2012). Identifying careless responses in survey data. 
Psychol. Methods 17, 437–455. doi: 10.1037/a0028085

Mitchell, T. R., Holtom, B. C., Lee, T. W., Sablynski, C. J., and Erez, M. (2001). Why 
people stay: using job embeddedness to predict voluntary turnover. Acad. Manag. J. 44, 
1102–1121. doi: 10.2307/3069391

Mostafa, A. M. (2016). High performance HR practices, work stress and quit 
intentions in the public health sector: does person–organization fit matter? Public 
Manag. Rev. 18, 1218–1237. doi: 10.1080/14719037.2015.1100319

Mucci, N., Giorgi, G., Cupelli, V., Gioffrè, P. A., Rosati, M. V., Tomei, F., et al. (2015). 
Work-related stress assessment in a population of Italian workers. The stress 
questionnaire. Sci. Total Environ. 502, 673–679. doi: 10.1016/j.scitotenv.2014.09.069

Nadkarni, S., and Prügl, R. (2020). Digital transformation: a review, synthesis and 
opportunities for future research. Manag. Rev. Q. 71, 233–341. doi: 10.1007/s11301- 
020-00185-7

Netemeyer, R. G., Boles, J. S., and McMurrian, R. (1996). Development and validation 
of work–family conflict and family–work conflict scales. J. Appl. Psychol. 81, 400–410. 
doi: 10.1037/0021-9010.81.4.400

Ng, T. W. H., and Feldman, D. C. (2009). How broadly does education contribute to 
job performance? Pers. Psychol. 62, 89–134. doi: 10.1111/j.1744-6570.2008.01130.x

Ninaus, K., Diehl, S., and Terlutter, R. (2021). Employee perceptions of information 
and communication technologies in work life, perceived burnout, job satisfaction and 
the role of work-family balance. J. Bus. Res. 136, 652–666. doi: 10.1016/j.jbusres.2021. 
08.007

Olsen, K. M., Hildrum, J., Kummen, K., and Leirdal, C. (2023). How do young 
employees perceive stress and job engagement while working from home? Evidence 
from a telecom operator during COVID-19. Emp. Relat.: Int. J. 45, 762–775. doi: 
10.1108/ER-05-2022-0230

Podsakoff, P. M., MacKenzie, S. B., and Podsakoff, N. P. (2012). Sources of method 
Bias in social science research and recommendations on how to control it. Annu. Rev. 
Psychol. 63, 539–569. doi: 10.1146/annurev-psych-120710-100452

Qvarfordt, M., and Lagrosen, S. (2023). Healthcare digitalisation and its association 
with quality and employee health, a mixed-methods study. Int. J. Work. Health Manag., 
1–20. doi: 10.1108/IJWHM-03-2022-0045

Ramsay, T. O., Burnett, R. T., and Krewski, D. (2003). The effect of concurvity in 
generalized additive models linking mortality to ambient particulate matter. 
Epidemiology 14, 18–23. doi: 10.1097/00001648-200301000-00009

Ratna, R., and Kaur, T. (2016). The impact of information technology on job related 
factors like health and safety, job satisfaction, performance, productivity and work life 
balance. J. Bus. Financ. Aff. 5:171. doi: 10.4172/2167-0234.1000171

Richardson, K. M. (2017). Managing employee stress and wellness in the new 
millennium. J. Occup. Health Psychol. 22, 423–428. doi: 10.1037/ocp0000066

Rosseel, Y. (2012). Lavaan: an R package for structural equation modeling. J. Stat. 
Softw. 48, 1–36. doi: 10.18637/jss.v048.i02

Schaufeli, W. B., Bakker, A. B., and Salanova, M. (2006). The measurement of work 
engagement with a short questionnaire. Educ. Psychol. Meas. 66, 701–716. doi: 
10.1177/0013164405282471

Schneider, B., Hanges, P. J., Smith, D. B., and Salvaggio, A. N. (2003). Which comes 
first: employee attitudes or organizational financial and market performance? J. Appl. 
Psychol. 88, 836–851. doi: 10.1037/0021-9010.88.5.836

Schwarzmüller, T., Brosi, P., Duman, D., and Welpe, I. M. (2018). How does the digital 
transformation affect organizations? Key themes of change in work design and 
leadership. Manag. Rev. 29, 114–138. doi: 10.5771/0935-9915-2018-2-114

Shah, N., Irani, Z., and Sharif, A. M. (2017). Big data in an HR context: exploring 
organizational change readiness, employee attitudes and behaviors. J. Bus. Res. 70, 
366–378. doi: 10.1016/j.jbusres.2016.08.010

Shepherd, S. S. G. (2008). Computer skills, technostress, and gender in higher 
education. Online Dist. Learn. 35, 3011–3019. doi: 10.4018/978-1-59904-935-9.ch245

Siu, O. L., Lu, J. F., Brough, P., Lu, C., Bakker, A. B., Kalliath, T., et al. (2010). Role 
resources and work–family enrichment: the role of work engagement. J. Vocat. Behav. 
77, 470–480. doi: 10.1016/j.jvb.2010.06.007

https://doi.org/10.3389/fpsyg.2025.1546832
https://www.frontiersin.org/journals/psychology
https://www.frontiersin.org
https://doi.org/10.1080/02678370802383962
https://doi.org/10.1111/joms.12639
https://doi.org/10.1108/GM-04-2019-0062
https://doi.org/10.1177/00187267211003123
https://doi.org/10.1214/ss/1177013604
https://doi.org/10.4324/9780429286797-7
https://doi.org/10.1177/00221856231221637
https://doi.org/10.1108/JOCM-06-2022-0184
https://doi.org/10.1080/14697017.2021.1929406
https://doi.org/10.1108/02683940510579803
https://doi.org/10.1177/0312896220922292
https://doi.org/10.1108/JEAS-02-2021-0020
https://sloanreview.mit.edu/projects/strategy-drives-digital-transformation/
https://doi.org/10.1080/00220970903292975
https://doi.org/10.1111/j.1744-6570.1996.tb01790.x
https://doi.org/10.1007/s00420-018-1352-1
https://doi.org/10.1016/j.jik.2023.100409
https://doi.org/10.1146/annurev-orgpsych-031413-091244
https://doi.org/10.1146/annurev-orgpsych-031413-091244
https://doi.org/10.1080/02678373.2019.1686440
https://doi.org/10.3390/merits3010010
https://doi.org/10.3390/merits3010010
https://doi.org/10.5430/bmr.v12n1p9
https://doi.org/10.11648/j.jhrm.20160403.12
https://doi.org/10.1080/02678373.2022.2080777
https://doi.org/10.1002/hrm.22133
https://doi.org/10.3389/forgp.2024.1392997
https://doi.org/10.1080/00036846.2014.978072
https://doi.org/10.1037/a0028085
https://doi.org/10.2307/3069391
https://doi.org/10.1080/14719037.2015.1100319
https://doi.org/10.1016/j.scitotenv.2014.09.069
https://doi.org/10.1007/s11301-020-00185-7
https://doi.org/10.1007/s11301-020-00185-7
https://doi.org/10.1037/0021-9010.81.4.400
https://doi.org/10.1111/j.1744-6570.2008.01130.x
https://doi.org/10.1016/j.jbusres.2021.08.007
https://doi.org/10.1016/j.jbusres.2021.08.007
https://doi.org/10.1108/ER-05-2022-0230
https://doi.org/10.1146/annurev-psych-120710-100452
https://doi.org/10.1108/IJWHM-03-2022-0045
https://doi.org/10.1097/00001648-200301000-00009
https://doi.org/10.4172/2167-0234.1000171
https://doi.org/10.1037/ocp0000066
https://doi.org/10.18637/jss.v048.i02
https://doi.org/10.1177/0013164405282471
https://doi.org/10.1037/0021-9010.88.5.836
https://doi.org/10.5771/0935-9915-2018-2-114
https://doi.org/10.1016/j.jbusres.2016.08.010
https://doi.org/10.4018/978-1-59904-935-9.ch245
https://doi.org/10.1016/j.jvb.2010.06.007


Cavicchioli et al. 10.3389/fpsyg.2025.1546832

Frontiers in Psychology 19 frontiersin.org

Soffia, M., Leiva-Granados, R., Zhou, X., and Skordis, J. (2024). Does technology use 
impact UK workers’ quality of life? A report on worker wellbeing. London: Institute for 
the Future of Work.

Stamps, P. L., and Piedmonte, E. B. (1986). Nurses and work satisfaction: An index for 
measurement. Ann Arbor: Health Administration Press Perspectives.

Stich, J. F., Tarafdar, M., and Cooper, C. L. (2018). Electronic communication in the 
workplace: boon or bane? J. Organ. Effect. People Perform. 5, 98–106. doi: 10.1108/
JOEPP-05-2017-0046

Suh, A., and Lee, J. (2017). Understanding teleworkers’ technostress and its influence 
on job satisfaction. Internet Res. 27, 140–159. doi: 10.1108/IntR-06-2015-0181

Syrek, C., Kühnel, J., Vahle-Hinz, T., and de Bloom, J. (2022). Being an accountant, 
cook, entertainer and teacher-all at the same time: changes in employees’ work and 
work-related well-being during the coronavirus (COVID-19) pandemic. Int. J. Psychol. 
57, 20–32. doi: 10.1002/ijop.12761

Tarafdar, M., Cooper, C. L., and Stich, J. F. (2019). The technostress trifecta-techno 
eustress, techno distress and design: theoretical directions and an agenda for research. 
Inf. Syst. J. 29, 6–42. doi: 10.1111/isj.12169

Tarafdar, M., Tu, Q., Ragu-Nathan, B. S., and Ragu-Nathan, T. S. (2007). The impact 
of technostress on role stress and productivity. J. Manag. Inf. Syst. 24, 301–328. doi: 
10.2753/MIS0742-1222240109

Ter Hoeven, C. L., and Van Zoonen, W. (2015). Flexible work designs and employee 
well-being: examining the effects of resources and demands. N. Technol. Work. Employ. 
30, 237–255. doi: 10.1111/ntwe.12052

Towers, I., Duxbury, L., Higgins, C., and Thomas, J. (2006). Time thieves and space 
invaders: technology, work and the organization. J. Organ. Chang. Manag. 19, 593–618. 
doi: 10.1108/09534810610686076

Trenerry, B., Chng, S., Wang, Y., Suhaila, Z. S., Lim, S. S., Lu, H. Y., et al. (2021). 
Preparing workplaces for digital transformation: an integrative review and framework 
of multi-level factors. Front. Psychol. 12:620766. doi: 10.3389/fpsyg.2021.620766

Vega, R. P., Anderson, A. J., and Kaplan, S. A. (2015). A within-person examination 
of the effects of telework. J. Bus. Psychol. 30, 313–323. doi: 10.1007/s10869-014-9359-4

West, S. G., Taylor, A. B., and Wu, W. (2012). “Model fit and model selection in 
structural equation modeling” in Handbook of structural equation modeling. ed. R. H. 
Hoyle (New York: The Guilford Press), 209–231.

Westerman, J. W., and Vanka, S. (2005). A cross-cultural empirical analysis of person-
organization fit measures as predictors of student performance in business education: 
comparing students in the unites states and India. Acad. Manag. Learn. Educ. 4, 409–420. 
doi: 10.5465/amle.2005.19086783

Wood, S. N. (2003). Thin plate regression splines. J. R. Stat. Soc. Ser. B Stat. 65, 95–114. 
doi: 10.1111/1467-9868.00374

Wood, S. N. (2017). Generalized additive models: An introduction with R. Second 
Edition (2nd ed.) Edn. New York: Chapman and Hall/CRC.

Zhao, D., Tian, F., Sun, X., and Zhang, D. (2021). The effects of entrepreneurship on 
the enterprises’ sustainable innovation capability in the digital era: the role of 
organizational commitment, person–organization value fit, and perceived organizational 
support. Sustain. For. 13:6156. doi: 10.3390/su13116156

https://doi.org/10.3389/fpsyg.2025.1546832
https://www.frontiersin.org/journals/psychology
https://www.frontiersin.org
https://doi.org/10.1108/JOEPP-05-2017-0046
https://doi.org/10.1108/JOEPP-05-2017-0046
https://doi.org/10.1108/IntR-06-2015-0181
https://doi.org/10.1002/ijop.12761
https://doi.org/10.1111/isj.12169
https://doi.org/10.2753/MIS0742-1222240109
https://doi.org/10.1111/ntwe.12052
https://doi.org/10.1108/09534810610686076
https://doi.org/10.3389/fpsyg.2021.620766
https://doi.org/10.1007/s10869-014-9359-4
https://doi.org/10.5465/amle.2005.19086783
https://doi.org/10.1111/1467-9868.00374
https://doi.org/10.3390/su13116156

	Employees’ attitudes and work-related stress in the digital workplace: an empirical investigation
	1 Introduction
	2 Theoretical framework and hypotheses
	2.1 Digitalization, work-life interface, and work-related stress
	2.2 Digitalization, positive employees’ attitudes towards their job and organization, and work-related stress

	3 Materials and methods
	3.1 Sample and data collection
	3.2 Measures
	3.2.1 Dependent variable
	3.2.2 Independent variables
	3.2.3 Control variables
	3.3 Data analysis

	4 Results
	4.1 CFA and construct validity
	4.2 Common method variance
	4.3 Predictive analysis

	5 Discussion
	5.1 Limitations and further research

	6 Conclusion

	References

