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This paper investigates whether domestic migration of households in urban China has any
impact on their risks of being defrauded. By utilizing the China Household Finance Survey
(CHFS) in 2015, we find that domestic migration is significantly positively related to
households’ risk of being defrauded. After controlling the corresponding individual and
household characteristics, the result indicates that the probability of being defrauded with
any losses and the amount of money being defrauded of migrant households in urban
areas increased significantly by 0.98 and 7.43% compared to local urban households,
respectively. This positive relationship between the risk of being defrauded and migration
status of households is mainly concentrated in eastern China and highly educated
households. Besides, the baseline results remain robust when we perform robustness
checks, including the IV estimation which tackles the potential endogeneity of themigration
status of the household head. Furthermore, we find that migrant households with fewer
local social networks or less satisfaction of the current level of social security tend to be
defrauded more intensively. The findings call for reflections on policies of domestic
migration and urbanization and their unintentional consequences of social integration
and security.
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1 INTRODUCTION

In the criminal law of China, fraud refers to the act of defrauding public and private properties by
making up facts or concealing the truth for the purpose of illegal possession. Fraud crimes have
increased drastically from the early 2010s onwards in China1. This has caused significant losses to
investors involved and seriously affected the stability of the financial system and society as a whole2.
In 2018, the State Council’s general inspector launched a comprehensive campaign to crack down on
illegal and criminal activities such as financial fraud. In 2021, it further issued another notice on
preventing and handling fraud activities in illegal fundraising, which aims at strengthening the
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1Lai et al. (2021a) and Lai et al., (2021b) shows that one category of fraud crimes, the illegal fundraising, has increased from 195
criminal court cases in 2013–4,545 cases in 2019.
2China Judicial Big Data Research Institute shows that the number of cases of the national telecom network fraud exhibited an
upward trend from 2015 to 2017, with a year-on-year increase of 51.47 and 70.34% in 2016 and 2017, respectively. And the data
show that telecom fraud is still the main way of fraud, but network fraud has increased significantly. The 2019 Research Report
on the trend of online fraud shows that financial fraud is the type of fraud with the highest number of reports, and the victims of
financial fraud suffer high losses.
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overall coordination of financial supervision to protect ordinary
investors. Thus, research on fraud related issues has important
policy implications in China.

Meanwhile, with the continuous advancement of urbanization
and industrialization in China, immigrant labor has played a
crucial rule during this process. Previous research mainly
focuses on social integration problems of immigrant labor in
urban areas such as their economic status, social security, and
residential rights as compared to local Hukou registered
residents (Alba and Nec, 2003; Chen and Deng, 2019; Yin
et al., 2020). In addition, some have investigated the
contribution of domestic migration on the effectiveness of
the allocation of resources and economic growth (Taylor and
Williamson, 1997; Batista et al., 2019; Gu and Wan, 2020).
Meanwhile, the unprecedented flow of domestic migration has
brought pressure to the local government and the public, and
many places regard migrants as a social management problem.
In particular, as fraud crimes have increased significantly since
the 2010s, it is important to investigate whether migration
status has any impact on the risk of households being
defrauded in urban areas. According to the Report of China
Household Finance Survey in 2015, 56.69% of the residents
suffered from telephone fraud, SMS fraud, online fraud (QQ,
WeChat, Fetion, phishing websites, etc.), and face-to-face fraud,
and among those 6.29% suffered economic losses. Apparently,
households are more likely to encounter fraud than to suffer
losses due to fraud, indicating that Chinese households have a
certain sense of financial protection (Gan et al., 2014). At the
same time, the relationship between migration and crime has
also been widely discussed (Schemer, 2012; Zatz and Smith,
2012). What is the effect of domestic migration on the risk of
households being defrauded in urban China? This paper utilizes
the China Household Finance Survey (CHFS) in 2015 to answer
this question.

A large number of studies have investigated the crime rate of
migration from the perspective of offenders (Becker, 1968;
Martens, 1997; Lee et al., 2001; Eckert, 2002; Chen et al.,
2009). However, migrants are very often victims of crimes as
well. Specifically, migrants are generally at the bottom of society,
exposed to the complex environment, which makes them
vulnerable to crime offenses. They have become the “absolute
victim” of the double attacks from a small number of floating and
permanent population perpetrators (Brian and Stephen, 2011;
Tong, 2013; Luca, 2015; Belli et al., 2019). This paper adds to the
literature in that we use micro household survey data to
empirically test the effect of domestic migration on the risk of
households being defrauded in urban China, and to investigate
the potential causes why the migrants are cheated and victimized
in fraud crimes. We find that domestic migration status has a
significantly positive impact on the risk of households being
defrauded in urban China. In particular, this positive effect
mainly comes from households that reside in eastern China
and with a highly educated household head. Furthermore, we
find that migrant households with less local social networks or
less satisfaction of the current level of social security tend to be
defrauded more intensively. Our result is consistent with the
explanation that, because domestic migrants are often excluded

from the local social safety net and enjoy fewer social security
protections compared with the local residents, and have less social
communication with local people3, this makes them more
vulnerable to be illegally infringed and increase their risk of
being defrauded. The remainder of this paper is organized as
follows: Section 2 presents the data. Section 3 presents the model
and the estimation results. Section 4 concludes.

2 DATA

The data used in this paper are the 2015 wave of China
Household Finance survey (CHFS), which was carried out
nationwide by Survey and Research Center for China
Household Finance in Southwest University of Finance and
Economics. The sample covers 29 provinces (autonomous
regions and municipalities directly under the central
government), 351 counties (districts and county-level cities),
and 1,396 village communities. The survey questionnaires
include household demographics, assets and liabilities,
insurance and security, expenditure and income, and
subjective attitudes of family members. The CHFS also
provided detailed information on whether the household
suffered losses due to being defrauded, and the hukou status
in the part of household basic information.

In this paper, domestic migrants (migrant) in urban China
are defined as a group of residents that consist of two sub
groups: non-local registered residents and local rural registered
residents living in urban areas. It takes the value of 1 if an urban
resident belongs to one of the above two sub groups, and 0
otherwise. The key dependent variable is the risk of households
being defrauded, which corresponds to answers to the
questions “Whether you or other family members have
suffered losses due to being defrauded?” and “How much is
the economic loss due to being defrauded?” in the
questionnaire of the 2015 wave of the CHFS data (Gan
et al., 2014)4. We measure the probability of the risk of
households being defrauded by evaluating whether or not a
household has suffered losses due to being defrauded (loss),
while the intensity of being defrauded is measured by the
logarithm of loss due to being defrauded (ln_loss). After
excluding the observations with missing values, we come up
with 24,336 observations across 158 cities and 29 provinces.

3Contacts are generally limited to relatives, villagers, and other acquaintances, and
rarely communicate with other outsiders, which refers to Peng, D., 2020,
Involution and Inverse Involution: Differences in the Direction of
Intergenerational Changes in the Social Communication of the Migrant
Population, Journal of Shenzhen University (Humanities and Social
Sciences),38(05),112–123.
4The definition of household members in CHFS is those who should be able to
jointly determine household income and expenditure (see CHFS 2015
Questionnaire), among whom some may live together with the person
surveyed, some may not. But domestic helpers and drivers employed are not
included. In addition, adult children are not counted as household members from
the perspective parents. As such, the parents are not considered household
members of migrant children, and vice versa.
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TABLE 1 | Descriptive statistics of the variables.

Variable Variable definition Obs Mean Std. Dev Min Max

loss Whether or not a household has been defrauded and suffered losses, = 1 if the answer corresponds
to the question “whether your household has suffered losses due to fraud” is yes, and = 0 otherwise

24,336 0.0368 0.1883 0 1

ln_loss The logarithm of the economic losses from being defrauded. 24,336 0.2684 1.4418 0 14.5087
Migrant Domestic migrant status, = 1 if a resident is non-local registered resident or local rural registered

resident living in urban areas, and = 0 otherwise.
24,336 0.1004 0.3005 0 1

Age Age 24,336 53.0471 14.9531 18 99
age2 Age squared (/100) 24,336 30.3758 16.3355 3.24 98.01
Male = 1 if male 24,336 0.6988 0.4588 0 1

= 0 if female — — — — —

Party Whether a communist party member? 24,336 0.1985 0.3989 0 1
= 1 if yes — — — — —

= 0 if no — — — — —

Health Self-evaluated health level 24,336 2.5377 0.9092 1 5
= 1 if excellent — — — — —

= 2 if good — — — — —

= 3 if not very good — — — — —

= 4 if bad — — — — —

= 5 if very bad — — — — —

Marry Marital status 24,336 0.8508 0.3563 0 1
= 1 if married — — — — —

= 0 otherwise — — — — —

Eduy Years of education 24,336 10.4331 4.0968 0 22
= 22 if doctor and above = 19 if master’s degree — — — — —

= 16 if bachelor’s degree — — — — —

= 12 if senior high school — — — — —

= 9 if junior high school — — — — —

= 6 if primary school — — — — —

= 0 if no school education — — — — —

Employed Employment status 24,336 0.5921 0.4915 0 1
= 1 if employed — — — — —

= 0 otherwise — — — — —

Pension Do you have pension? 24,336 0.8023 0.3983 0 1
= 1 if yes — — — — —

= 0 if otherwise — — — — —

soc_me_ins Do you have social medical insurance? 24,336 0.9178 0.2746 0 1
= 1 if yes — — — — —

= 0 if otherwise — — — — —

un_ins Do you have unemployment insurance? 24,336 0.1982 0.3986 0 1
= 1 if yes — — — — —

= 0 if otherwise — — — — —

hous_fud Do you have housing fund? 24,336 0.1919 0.3938 0 1
= 1 if yes — — — — —

= 0 if otherwise — — — — —

risk_seek Risk preference: Risk seeking 24,336 0.1055 0.3072 0 1
risk_aver Risk preference: Risk averse 24,336 0.6289 0.4831 0 1
tra_fin Had any training in finance? 24,336 0.0902 0.2865 0 1

= 1 if yes — — — — —

= 0 if otherwise — — — — —

child_dep Child dependency ratio 24,336 0.1017 0.1514 0 0.7143
old_dep Elderly dependency ratio 24,336 0.1831 0.3219 0 1
fam_size No. of family members 24,336 3.3116 1.4998 1 20
House Housing ownership 24,336 0.8085 0.3935 0 1

= 1 if owned — — — — —

= 0 otherwise — — — — —

atten_fin Attention to economy and finance news reports 24,336 2.2129 1.0922 1 5
= 1 if never — — — — —

= 2 if a little — — — — —

= 3 if some — — — — —

= 4 if more than some — — — — —

= 5 if very much — — — — —

ln_asset Logarithm of household total real assets 24,336 13.0526 1.6025 2.3026 16.8112
ln_hhincome Logarithm of household total annual real income 24,336 10.3910 2.3583 0 15.4250
pro_risk The proportion of risky financial assets in total financial assets of a household 24,336 0.1022 0.2462 0 1
ln_loan The logarithm of loan 24,336 0.7314 1.2416 0 8.6307

(Continued on following page)
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The descriptive statistics of the variables are shown in Table 1.
It shows that the proportion of domestic migrants in the whole
sample is 10.04%.5 Meanwhile, roughly 4% of the urban
households have suffered losses due to being defrauded, and
the maximum economic losses could go as high as
2,000,000 yuan.

Before we enter into empirical investigation, we graph the
average probability of being defrauded and the average amount of
being defrauded for local urban residents and migrants in
Figure 1. It could be observed that both numbers are higher
for migrants than for local residents in urban China.

3 MODEL SPECIFICATION AND
ESTIMATION RESULTS

3.1 The Model and the Baseline Results
We employ the following empirical specification to estimate the
effect of domestic migrant on the risk of households being
defrauded:

risk defraudedi � β0 + β1 × migranti + γ +Xi + εi (1)
where risk_defraudedi represents the risk of household i being
defrauded. It refers to either lossi or ln_lossi. Lossi indicates
whether or not household i has been defrauded and suffered
any losses. Ln_lossi is the logarithm of loss due to being
defrauded.

Migranti represents the migration status of household i, which
equals one if households are non-local registered residents or
local rural registered residents living in urban areas. The
parameter β1 is the key parameter that we are interested in. A
significantly positively estimated β̂1 indicates that domestic
migration has a significantly positive effect on the risk of
households being defrauded, and vice versa. Xi contains the
control variables at the individual and household level, which

are displayed in Table 1, while εi is the random disturbances that
are assumed to be independently and identically distributed.

Table 2 presents the baseline results. From Columns (1) to (3)
the dependent variable is loss, while from Columns (4) to (6) it is
ln_loss. In Columns (1) and (4), only migrant plus the provincial
dummies which control for the unobservable effects originating
from where the households live are included. In Columns (2) and
(5), the individual characteristic control variables are added. In
Columns (3) and (6), household characteristic variables are
further added. The estimated β̂1 associated with migrant
across all columns are positive and significant. In particular, in
Columns (3) and (6), the estimated β̂1 is 0.0098 and 0.0743,
respectively. Both are statistically significant at the 5% level. This
shows that domestic migration exerts a positive effect on the risk
of households being defrauded. In particular, the probability of
incurring loss from being defrauded and the loss amount due to
being defrauded tend to rise by 0.98 and 7.43% on average
respectively, if a household migrates from a hometown to
other urban areas in China.

For the control variables, we observe that from Column (6),
ln_asset has a significantly positive impact on ln_loss, indicating
that households with higher assets suffer more losses from being
defrauded. The estimated parameters of ln_loan and pro_plloan
are also significantly positive at the 1% level, showing that
households with higher loans or more involved in an informal
financial market borrowing and lending suffer more losses from
being defrauded. For the social security and insurance variables,
households with a housing provident fund suffer less losses due to
being defrauded, as the estimated parameter associated with
hous_fud is significantly negative at the 1% level. Meanwhile,
Columns (3) and (6) show that an increase of financial literacy
measured by training in finance (tra_fin) increases the risk of
households being defrauded. This result is very interesting. One
possible explanation could be that perhaps people with training in
finance are more open to new forms of finance, such as internet
finance. But development of internet finance is also positively
correlated with fraud crimes such as illegal fundraising (Lai, et al.,
2021b), which may lead those with training in finance to suffer
more losses. In addition, age has a U-shaped effect on the risk of
households being defrauded, with young households and elder
households having higher risk of being defrauded compared to

TABLE 1 | (Continued) Descriptive statistics of the variables.

Variable Variable definition Obs Mean Std. Dev Min Max

pro_plloan The amount of borrowing and lending in the informal finance market over total borrowing and lending
at both the informal and formal financial market at the household level

24,336 0.8702 0.2967 0.0002 1

Lnhprice Logarithm of housing price at the city level 22,310 8.9450 0.5962 7.2332 10.1810

Loss and ln_loss are the dependent variables. Loss indicates the extensive effect of the risk of households being defrauded, which equals one if a household has suffered losses due to
being defrauded in urban China, and 0 otherwise. Ln_loss indicates the intensive effect of households being defrauded, which is measured by the logarithm of loss due to being defrauded.
Migrant indicates non-local registered residents or local rural registered residents living in urban areas. The control variables at the individual level include age, age2, male, party, health,
marry, eduy, employed, pension, soc_me_ins, un_ins, hous_fud, risk_seek, risk_aver, tra_fin, and atten_fin. Those at the household level include child_dep, old_dep, fam_size, house,
ln_asset, ln_hhincome, pro_risk, ln_loan, and pro_plloan. For individual level variables, we use those of the household head. We also include provincial dummies to control for provincial
fixed effects. In particular, pension, soc_me_ins, un_ins and hous_fud represent social insurance and security of the household head. Risk_seek and risk_aver describe subjective risk
attitude of respondents, where risk_seek indicates that the household head prefers investment products with high risk and expected return, and risk_aver indicates with low risk or no risk
at all. Atten_fin and tra_fin represent the financial literacy of the household head. And child_dep, old_dep, and fam_size describe family member status. In addition, house, ln_asset,
ln_hhincome, pro_risk, and ln_loan indicate the status of household asset, income, and loan. Pro_ploan indicates households’ participation in the informal financial market. Lnhprice
indicates local housing price at the city level where the household resides.

5This number is consistent with data from other nationally representative survey
such as China Labor Dynamic Survey, where the proportion of migrants of urban
total population is around 10% as well (Lai, Ye and Zhang, 2020).
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those middle-aged households. Besides, married couples have
lower risk of being defrauded compared to single households,
while poorer self-evaluated health status has a positive impact on
the risk of being defrauded. Other control variables do not have a
significant effect on the dependent variable.

3.2 Heterogeneity Test
In this section, we perform the heterogeneity test of the effect of
domestic migration on households’ risk of being defrauded.

Columns (1) to (4) of Table 3 display the estimation results
when households are grouped to subsamples according to the
years of education (eduy) of household head. Columns (1) and (3)
show the results when eduy of household head is high school or
below, while Columns (2) and (4) show the results when eduy is
above high school. The estimated coefficient associated with
domestic migration is positive and significant for those of
above high school education. This result is very interesting.
This indicates that migrants that are highly educated are more
vulnerable toward being defrauded compared to local residents
who are also highly educated. This is probably due to two reasons.
First, highly educated people could more easily obtain credit from
the formal financial market, such as from banks. As such, if they
are being defrauded, they may suffer more losses because of their
easier access to credits compared to other households. Second,
highly educated migrants may not have an extended social
network in the place of residence compared with highly
educated local residents, which makes them more vulnerable
when they encounter risky events such as frauds. As such, they
may be more likely to suffer from fraud events.

In Table 4, we group the 29 provinces in CHFS to three
regions: East, Middle, and West. Households are grouped by the
region of their residing area. The estimated coefficient associated

withmigrant in Columns (1) and (4) is positive and significant for
the eastern regions, while it is positive but insignificant for the
west. However, it becomes slightly negative but insignificant for
the middle. This result shows that the vulnerability of migrants in
terms of being defrauded is more severe in the east part of China,
where economic development is more advanced compared to the
other two regions. This may be due to two reasons. First, fraud
activities have cost, and those originators may find it more
profitable when conducting fraud activities in places where
people are more densely populated, such as the east coastal
region, which leads to economy of scale for fraud activities.
Second, people in the eastern region have a significantly higher
per capita income compared to those in other regions; thus,
fraud originators may potentially obtain more money from
fraud activities in the eastern region compared to other
regions.

3.3 Robustness Analysis
We specify the following model to perform the robustness check
of the baseline:

risk defraudedp
i � β0 + β1 × migranti + γ × Xi + ξ i

Pr(rsik defraudedi � 1) � Pr(risk defraudedp
i > 0)

� Φ(β0 + β1 × migranti + γ × Xi) (2)
where risk defraudedpi is the latent variable in the Probit Model.
Risk_defraudedi indicates whether or not household i has been
defrauded and suffered any loss. If the parameter in front of
migranti, β1, is estimated as significantly positive, this indicates
that domestic migration has a positive impact on the risk of
households being defrauded. ξi is the random disturbances.
Control variables are similar as in Eq. 1.

FIGURE 1 | The average of the probability of being defrauded (A) and the average log amount of being defrauded (B) for urban residents (Migrant = 0) andmigrants
(Migrant = 1).
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TABLE 2 | The regression of risk of households being defrauded on domestic migrant.

Variables (1) (2) (3) (4) (5) (6)

ols_loss ols_loss ols_loss ols_ln_loss ols_ln_loss ols_ln_loss

Migrant 0.0099** 0.0111** 0.0098** 0.0683* 0.0851** 0.0743**
(0.0047) (0.0051) (0.0047) (0.0353) (0.0388) (0.0348)

Age — −0.0019*** −0.0015* — −0.0127** −0.0103*
— (0.0006) (0.0008) — (0.0047) (0.0059)

age2 — 0.0000*** 0.0000** — 0.0001*** 0.0001*
— (0.0000) (0.0000) — (0.0000) (0.0001)

Male — −0.0021 −0.0019 — −0.0256 −0.0230
— (0.0028) (0.0028) — (0.0212) (0.0214)

Party — 0.0004 0.0001 — 0.0167 0.0135
— (0.0045) (0.0045) — (0.0356) (0.0365)

Health — 0.0025* 0.0027* — 0.0196* 0.0220**
— (0.0014) (0.0013) — (0.0105) (0.0105)

Marry — −0.0051 −0.0083** — −0.0256 −0.0536**
— (0.0035) (0.0036) — (0.0246) (0.0257)

Eduy — 0.0003 0.0000 — 0.0044 0.0021
— (0.0004) (0.0004) — (0.0026) (0.0028)

Employed — −0.0017 −0.0029 — −0.0159 −0.0244
— (0.0032) (0.0032) — (0.0244) (0.0244)

Pension — −0.0001 −0.0003 — −0.0037 −0.0056
— (0.0042) (0.0041) — (0.0314) (0.0308)

soc_me_ins — 0.0001 −0.0005 — 0.0076 0.0017
— (0.0034) (0.0033) — (0.0242) (0.0236)

un_ins — 0.0062 0.0065 — 0.0538 0.0557
— (0.0059) (0.0058) — (0.0464) (0.0458)

hous_fud — −0.0139** −0.0139** — −0.1246*** −0.1259***
— (0.0053) (0.0052) — (0.0415) (0.0410)

risk_pre — 0.0073 0.0054 — 0.0588 0.0402
— (0.0052) (0.0052) — (0.0365) (0.0376)

risk_aver — −0.0018 −0.0010 — −0.0051 0.0037
— (0.0030) (0.0031) — (0.0237) (0.0241)

tra_fin — 0.0152*** 0.0136*** — 0.1170*** 0.1017***
— (0.0046) (0.0045) — (0.0330) (0.0330)

atten_fin — 0.0037** 0.0025 — 0.0304** 0.0186
— (0.0017) (0.0017) — (0.0133) (0.0131)

child_dep — — −0.0002 — — 0.0215
— — (0.0080) — — (0.0661)

old_dep — — 0.0109 — — 0.0733
— — (0.0065) — — (0.0491)

fam_size — — 0.0013 — — 0.0089
— — (0.0009) — — (0.0065)

House — — −0.0053 — — −0.0474
— — (0.0044) — — (0.0345)

ln_asset — — 0.0015 — — 0.0179*
— — (0.0014) — — (0.0098)

ln_hh_income — — 0.0001 — — −0.0004
— — (0.0005) — — (0.0036)

pro_risk — — 0.0073 — — 0.0775
— — (0.0059) — — (0.0513)

ln_loan — — 0.0099*** — — 0.0867***
— — (0.0011) — — (0.0094)

pro_plloan — — 0.0236*** — — 0.2178***
— — (0.0060) — — (0.0513)

Provincial dummies Yes Yes Yes Yes Yes Yes
Constant 0.0458*** 0.0743*** 0.0219 0.3253*** 0.4424*** −0.0499

(0.0002) (0.0166) (0.0192) (0.0017) (0.1222) (0.1585)
Observations 24,336 24,336 24,336 24,336 24,336 24,336
R-squared 0.003 0.006 0.009 0.003 0.007 0.010

a. The standard errors are in parentheses. *, **, and *** denote the 10, 5, and 1% significance level, respectively. b. The provincial dummies represent dummies for provinces. In total there
are 29 provincial dummies, where the dummy for Beijing is omitted. c. All the variables and their summary statistics could be found in Table 1.
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The estimation results are displayed in Table 5. Column (1)
displays the results of estimated coefficients, and Column (2)
shows the marginal effect of the Probit Model. The estimated

coefficients associated with migrant are significantly
positive at the 5% level, which is consistent with the results
in Table 2. In addition, the magnitude of the marginal effects of

TABLE 4 | The regression of risk of households being defrauded on migrant grouped by region.

Variables East Middle West East Middle West

(1) (2) (3) (4) (5) (6)

ols_loss ols_loss ols_loss ols_ln_loss ols_ln_loss ols_ln_loss

Migrant 0.0159*** −0.0080 0.0108 0.1254*** −0.0517 0.0575
(0.0042) (0.0105) (0.0121) (0.0317) (0.0786) (0.0793)

Individual characteristic variables Yes Yes Yes Yes Yes Yes
Household characteristic variables Yes Yes Yes Yes Yes Yes
Provincial dummies Yes Yes Yes Yes Yes Yes
Constant −0.0086 0.1100 −0.0223 −0.2850 0.6123 −0.3558*

(0.0220) (0.0614) (0.0199) (0.2009) (0.4600) (0.1698)
Observations 13,651 5,505 5,180 13,651 5,505 5,180
R-squared 0.012 0.011 0.013 0.014 0.012 0.015

a. The standard errors are in parentheses. *, **, and *** denote the 10, 5, and 1% significance level, respectively. b. The provincial dummies represent dummies for provinces. In total there
are 29 provincial dummies, where the dummy for Beijing is omitted. c. Other control variables and their summary statistics could be found in Table 1. d. East region includes Beijing, Tianjin,
Hebei, Liaoning, Shanghai, Jiangsu, Zhejiang, Fujian, Shandong, Guangdong, and Hainan. Middle region includes Shanxi, Jilin, Heilongjiang, Anhui, Jiangxi, Henan, Hubei, and Hunan.
West region includes Inner Mongolia, Guangxi, Chongqing, Sichuan, Guizhou, Yunnan, Shaanxi, Gansu, Qinghai, and Ningxia.

TABLE 5 | The Probit model estimation of the risk of households being defrauded on migrant.

Variables (1) (2)

Estimation
coefficient Probit_loss

Marginal effect Probit_loss

Migrant 0.1185** 0.0093**
(0.0545) (0.0043)

Individual characteristic variables Yes Yes
Household characteristic variables Yes Yes
Provincial dummies Yes Yes
Constant −1.9753*** —

(0.2239) —

Observations 24,336 24,336

a. The standard errors are in parentheses. *, **, and *** denote the 10, 5, and 1% significance level, respectively. b. The provincial dummies represent dummies for provinces. In total there
are 29 provincial dummies, where the dummy for Beijing is omitted. c. Other control variables and their summary statistics could be found in Table 1.

TABLE 3 | The regression of risk of households being defrauded on migrant grouped by education.

Variables
High school education

or below
Above

high school education
High school education

or below
Above

high school education

(1) ols_loss (2) ols_loss (3) ols_ln_loss (4) ols_ln_loss

Migrant 0.0059 0.0268*** 0.0434 0.2061**
(0.0042) (0.0095) (0.0325) (0.0803)

Individual characteristic variables Yes Yes Yes Yes
Household characteristic variables Yes Yes Yes Yes
Provincial dummies Yes Yes Yes Yes
Constant 0.0433* −0.0010 0.1690 −0.2971

(0.0231) (0.0397) (0.1850) (0.3381)
Observations 17,075 7,261 17,075 7,261
R-squared 0.008 0.019 0.009 0.020

a. The standard errors are in parentheses. *, **, and *** denote the 10, 5, and 1% significance level, respectively. b. The provincial dummies represent dummies for provinces. In total there
are 29 provincial dummies, where the dummy for Beijing is omitted. c. All variables and their summary statistics could be found in Table 1.
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Column (2) is also very close to that of Column (3) of the
baseline in Table 2.

In addition, it is possible that there exists reversed causality
between the risk of being defrauded and the decision of
migration. The migration decision of a migrant may be caused
by being defrauded at the home city. In order to address this
problem, we first postulate that when people change place of
residence, usually they also change jobs. As such, by looking at
how long they have worked in their current employment, we can
filter out samples that have worked in their current job for less
than 1 year, during which they report whether or not they were
being defrauded. This can help us deal with the potential
endogeneity of migration decisions to some extent. CHFS
provided a relevant question that asks, “From which year did
you start to do the current job?” A total of 701 respondents
replied that they started the current job less than 1 year before. As
such, we excluded them and re-estimated the baseline regressions.
The estimation results are presented in Table 6. It shows that the
estimated coefficients associated with migrant status remain
positive in both Columns (1) and (2), while it is significant at
the 5% level in Column (2). This shows that migrant status has a
significantly positive effect on the amount of losses that
households suffer from being defrauded, which is consistent
with the baseline results in Table 2.

3.4 Instrumental Variable Estimation
In the previous section, we have excluded the samples that
migrated during the same year as they were being defrauded
to tackle the potential endogeneity problem. However, a more
systematic way is to use the instrumental variable estimation. As
such, we employ an instrumental variable for the variable
migrant, which is the local housing price that the household
resides in. Local housing price is directly correlated with the
number of local migrants, as more migrants lead to higher
demand for housing and an increase in housing price.
However, local housing price does not have a direct impact on
whether a local household is being defrauded. The estimation
results are presented in Table 7.

The first column shows that local housing price is significantly
correlated with migrant status of household head. Columns (2)
and (3) show that the IV regressions yield.

3.5 Impact Channel Analysis
The main difference between domestic migrants and local
residents in the urban areas is that the former group has less
access to social security, social benefits, and other public
resources, almost all of which are operated by the local city
governments (Yang, 2012). Table 1 shows that with the
household level CHFS data, the average value of pension and
medical insurance in urban China is 80.23 and 91.78%
respectively, while that of unemployment insurance and
housing fund are less than 20%. It is difficult for domestic
migrants in urban areas to enjoy the same social welfare as
the local residents in terms of housing fund, unemployment
insurance, and so on, even if the migrant has worked as and
made as great contributions to urban area development as local
residents (Deng and Hu, 2007; Du et al., 2005). Here we want to

test if this lack of social security or the subjective view of migrants
towards these unequal treatments may lead to the greater risk of
migrant households being defrauded. Therefore, the satisfaction
of the current social security level (ss_satis) and the social or
commercial insurance (insur) are considered as additional
possible factors affecting the risk of households being defrauded.

At the same time, research has shown that the living conditions
of migrants, such as renting or sharing houses, could increase their
chances of victimization (Zhang, 2012). The theory of crime mode
shows that the weakening of crime defense caused by the
weakening of rental mode6 and family structure7 further
aggravate the imbalance of the power balance between

TABLE 6 | The robustness check of risk of households being defrauded on
migrant status (excluding samples that started their current works in less than
1 year).

Variables (1) (2)

ols_loss ols_ln_loss

Migrant 0.0077 0.0648**
(0.0046) (0.0319)

Individual characteristic variables Yes Yes
Household characteristic variables Yes Yes
Provincial dummies Yes Yes
Constant 0.0218 −0.0504

(0.0198) (0.1616)
Observations 23,817 23,817

a. The standard errors are in parentheses. *, **, and *** denote the 10, 5, and 1%
significance level, respectively. b. The provincial dummies represent dummies for
provinces. In total there are 29 provincial dummies, where the dummy for Beijing is
omitted. c. Control variables and their summary statistics could be found in Table 1.

TABLE 7 | IV Regression of risk of households being defrauded on migrant status.

Variables (1) (2) (3)

Migrant iv_loss iv_ln_loss

Lnhprice 0.0566*** — —

(0.0155) — —

Migrant — 0.1252* 1.0107*
— (0.0689) (0.5281)

Provincial dummies Yes Yes Yes
Control vars Yes Yes Yes
Constant 0.1446 -0.0570 -0.6823

(0.1350) (0.0543) (0.4202)

F-test 13.32 — —

Prob > F = 0.0004 — —

Observations 22,310 22,310 22,310
R-squared 0.212 -0.018 -0.019

a. The standard errors are in parentheses. *, **, and *** denote the 10, 5, and 1%
significance level, respectively. b. The provincial dummies represent dummies for
provinces. In total there are 29 provincial dummies, where the dummy for Beijing is
omitted. c. Control variables and their summary statistics could be found in Table 1.
Consistent results as from the baseline in Table 2.

6The weakening of residential defense, especially the rental mode, is reflected in the
lack of physical and symbolic protection facilities.
7The weakening of family structure includes the small number of family members,
living habits far away from the family, and so on.
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predators and defenders, and increase the incidence of crime high
(Cheng et al., 2016). Therefore, it is assumed that one of the
influencing factors of the increase of victimization caused by
migration lies in the spatial weakness, namely the reduction of
social scope (net_social), as they usually have smaller number of
close contacts, such as relatives compared to local residents.
Besides, their relatively poor living conditions and lack of
security, especially the rental mode (rent_house), may make
them more vulnerable to crimes. As such, we specify the
following model:

risk defraudedi � β0 + β1 × migranti + β2 × net sociali
+ β3 × migranti × net sociali
+ β4 × ss satisi + β5 × migranti × ss satisi
+ βz × oth + chanelsi,j,t
+ βz+1 × migranti × oth chaneli,j,t + γ +Xi + ]i

(3)
where net_sociali indicates the level of the number of relatives
with blood lineage of household i’s living in the same county or
city, ss_satisi indicates household i’s satisfaction of the current
social security level, and oth_channelsi includes insuri,
rent_housei. We test whether these are potential channels
through which migrant status exerts its positive effect on
households’ risk of being defrauded.

The estimation results are displayed in Table 8, which shows
that the estimated parameter of the interactive terms migranti
×net_sociali and migranti ×ss_satisi are significantly negative at
the 5 and 10% level in Columns (1) and (2), respectively, whereas
the estimated parameter associated with net_social is positively
insignificant while that with ss_satis is negatively significant at the
10% level. This indicates that when domestic migration increases
in urban China, households that have wider social networks in the
local area or are satisfied with the current social security level tend
to have lower risk of being defrauded when compared to migrants
with less extensive social networks and lower satisfaction with the
current social security level. Meanwhile, the estimated parameter
of the migrant is still significantly positive at the 5% level in
Column (1), but it becomes insignificant in Column (2). In
addition, the estimated parameter of ss_satis and its interactive
term with migrant has a significantly negative impact on the risk
of households being defrauded when we add other channels such
as insur and rent_house, while the estimated coefficient in front of
migrant is no longer significant. This shows that the effect of
domestic migration on the risk of households being defrauded is
mainly through the channel of the satisfaction of the current
social security level, as shown in Column (3). However, when it
comes to the loss due to being defrauded, the above results do
not exist.

TABLE 8 | The impact channel analysis of risk of households being defrauded on migrant.

Variables (1) (2) (3) (4) (5) (6)

ols_loss ols_loss ols_loss ols_ln_loss ols_ln_loss ols_ln_loss

Migrant 0.0289** 0.0450 0.0527 0.1764** 0.3697 0.3887
(0.0109) (0.0292) (0.0327) (0.0738) (0.2509) (0.2828)

net_social 0.0014 — 0.0011 0.0124 — 0.0102
(0.0012) — (0.0016) (0.0104) — (0.0125)

Migrant × net_social -0.0076** — -0.0065 -0.0402 — -0.0347
(0.0036) — (0.0065) (0.0253) — (0.0539)

ss_satis — -0.0037* -0.0037* — -0.0383** -0.0381**
— (0.0021) (0.0021) — (0.0164) (0.0164)

Migrant × ss_satis — -0.0137* -0.0136* — -0.1055 -0.1061
— (0.0082) (0.0082) — (0.0720) (0.0723)

Insur — — -0.0005 — — -0.0130
— — (0.0115) — — (0.0906)

Migrant × insur — — 0.0089 — — 0.0793
— — (0.0193) — — (0.1451)

rent_house — — 0.0066 — — 0.0727
— — (0.0089) — — (0.0632)

Migrant × rent_house — — -0.0001 — — -0.0119
— — (0.0115) — — (0.1081)

Control variables Yes Yes Yes Yes Yes Yes
Provincial dummies Yes Yes Yes Yes Yes Yes
Constant 0.0180 0.0226 0.0147 -0.0759 -0.0501 -0.1217

(0.0188) (0.0382) (0.0404) (0.1569) (0.3065) (0.3171)
Observations 24,336 11,226 11,226 24,336 11,226 11,226
R-squared 0.009 0.011 0.011 0.010 0.013 0.013

a. The standard errors are in parentheses. *, **, and *** denote the 10, 5, and 1% significance level, respectively. b.Net_social indicates the level of the number of relatives with blood lineage
living in the same county or city, which have four levels, equal to one if none, two if one to three persons, three if four to six, four if six or more.Ss_satis indicates the satisfaction of the current
social security level, which have five divisions from the bottom, very unsatisfied, to the top, very satisfied. Rent_house indicate the residential status, which equals to 1 if households reside
in a rental housing, otherwise 0. Insur indicates whether the household have social or commercial insurance. The provincial dummies represent dummies for provinces. In total there are 29
provincial dummies, where the dummy for Beijing is omitted. c. Other control variables and their summary statistics could be found in Table 1.
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4 CONCLUSION

This paper investigates the effect of domestic migration on the
risk of households being defrauded. We employ the 2015 wave of
China Household Finance Survey data and find that domestic
migration has a positive effect on the risk of households being
defrauded. In addition, this positive effect mainly comes from
households that live in eastern China or are highly educated.
Besides, the baseline results remain robust when we perform
robustness checks, including the IV estimation which tackles the
potential endogeneity of the migration status of the household
head. Further tests on the impact channels show that the
satisfaction of current social security level is the primary
channel through which domestic migration exerts its positive
impact on the risk of households being defrauded. Our result
provides important policy implications on urban social security
provided by city governments. In particular, social security of

migrants should be provided in an equal way as to local residents,
and the government should pay attention to its potential effect on
strengthening migrants against being defrauded.
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