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Objective: Nav1.8 expression is restricted to sensory neurons; it was

hypothesized that aberrant expression and function of this channel at the site

of injury contributed to pathological pain. However, the specific contributions

of Nav1.8 to neuropathic pain are not as clear as its role in inflammatory pain.

The aim of this study is to understand how Nav1.8 present in peripheral sensory

neurons regulate neuronal excitability and induce various electrophysiological

features on neuropathic pain.

Methods: To study the effect of changes in sodium channel Nav1.8 kinetics,

Hodgkin–Huxley type conductance-based models of spiking neurons were

constructed using the NEURON v8.2 simulation software. We constructed a

single-compartment model of neuronal soma that contained Nav1.8 channels

with the ionic mechanisms adapted from some existing small DRG neuron

models. We then validated and compared the model with our experimental data

from in vivo recordings on soma of small dorsal root ganglion (DRG) sensory

neurons in animal models of neuropathic pain (NEP).

Results: We show that Nav1.8 is an important parameter for the generation

and maintenance of abnormal neuronal electrogenesis and hyperexcitability.

The typical increased excitability seen is dominated by a left shift in the steady

state of activation of this channel and is further modulated by this channel’s

maximum conductance and steady state of inactivation. Therefore, modified

action potential shape, decreased threshold, and increased repetitive firing of

sensory neurons in our neuropathic animal models may be orchestrated by

these modulations on Nav1.8.

Conclusion: Computational modeling is a novel strategy to understand the

generation of chronic pain. In this study, we highlight that changes to the

channel functions of Nav1.8 within the small DRG neuron may contribute to

neuropathic pain.
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Introduction

Neuropathic pain is initiated or caused by a primary lesion
or dysfunction in the nervous system (Hawksley, 2006; Finnerup
et al., 2007) and it is a multidimensional condition that takes place
along three different sites within the nervous system—peripheral,
spinal, and supraspinal (Amir et al., 2005; DeLeo, 2006). It has
become evident that peripheral neuropathic pain is characterized
by membrane ectopic activity generated in both damaged as
well as neighboring intact/surviving fibers of primary sensory
neurons (Campbell and Meyer, 2006). These abnormal activities of
peripheral neurons are suggested to play a role as a pain signal and
as an inducer of central sensitization observed in animal models of
peripheral neuropathy (Schaible, 2007).

Nav1.8 expression is restricted to sensory neurons. It produces
the majority of the depolarizing inward current during an action
potential (AP) (Blair and Bean, 2002) and has been reported
to play an important role in a family of peripheral neuropathy
(Faber et al., 2012) and other pathological pain animal models
(Hameed, 2019). The biophysical characteristics of the Nav1.8
channel highlight its important contribution to repetitive firing and
neuronal excitability. However, the specific contributions of Nav1.8
to neuropathic pain are not as clear as its role in inflammatory
pain (Hameed, 2019). The high expression of Nav1.8 in nociceptors
is reduced at both the mRNA and protein level in most, but
not all, in vivo models of neuropathic pain (Boucher et al., 2000;
Decosterd et al., 2002; Gold et al., 2003; Rogers et al., 2006), as
well as in human patients (Coward et al., 2000). For example,
axotomy or nerve transection, causes a downregulation of Nav1.8
expression (Dib-Hajj et al., 1996; Amir et al., 2005; Chen et al.,
2011). Axotomy and spinal nerve ligation (SNL) reduces Nav1.8
expression by around 50%, while streptozotocin-induced diabetic
neuropathy produces a 25% reduction (Okuse et al., 1997; Hong
et al., 2004). Additionally, chronic constriction injury (CCI) elicits
a decreased expression of Nav1.8 mRNA (Novakovic et al., 1998).
Such reductions are thought to paradoxically conflict with the
increase in ectopic firing that characterizes neuropathic pain.
One proposed explanation involves a compensatory increase in
tetrodotoxin (TTX) sensitive channels (i.e., Nav1.3) (Rogers et al.,
2006; Hameed, 2019). Another hypothesis suggests that increased
excitability in uninjured nociceptors could lead to an increase in
the peripheral input, thereby contributing to the development of
chronic neuropathic pain (Rogers et al., 2006; Hameed, 2019).

However, the regulation of Nav1.8 channel mechanisms in
sensory neurons is complex (Chahine et al., 2005). In several
models of neural injury, research has reported changes not only
in the expression of the Nav1.8 channel but also in its voltage
dependent kinetics (Gold et al., 1998, 2003; Moore et al., 2002; Black
et al., 2004; Gold and Flake, 2005; Thakor et al., 2009). For example,
it has been reported that the Nav1.8 current density was markedly
decreased in injured dorsal root ganglion (DRG) neurons following
CCI, while the voltage-dependent activation of the Nav1.8 channel
in these neurons was shifted to depolarized potentials by 5.3 mV
and inactivation shifted to hyperpolarized potentials by 10 mV (Li
et al., 2015). On the other hand, it has been also reported that
Nav1.8 mutation with small-fiber neuropathy shift activation in a
5.3 mV hyperpolarizing direction (Huang et al., 2013). Clarifying
interactions between these changes in Nav1.8 in sensory neurons

is an important step toward understanding the development of
pathological pain.

Our previous investigation in a peripheral neuropathic animal
model (NEP) also showed abnormal neuronal electrogenesis and
heightened hyperexcitability in small DRG sensory neurons. The
present study aims to understand how changes to the expression
and kinetics of Nav1.8 modulate neuronal excitability, contributing
to the various electrophysiological features observed in these
neurons. We hypothesize that the increased excitability of DRG
sensory neurons associated with neuropathic pain may be caused
by changes in the kinetic properties of Nav1.8 channels as
described above, which compensate for the effects of reduced
Nav1.8 expression.

To test this hypothesis, we employed computer simulations
utilizing a computational model of DRG neurons that feature
Nav1.8 and other channels. Over the past few decades, a range of
biophysical models representing different neural subpopulations
have been developed, some of which are freely accessible
from model databases such as ModelDB (Hines et al., 2004),
NeuroML-DB (Birgiolas et al., 2023), and Open Source Brain
(Gleeson et al., 2019). Simulations of the current models can
describe the patterns of neural firing behavior by the relationship
between the firing frequency and the injected current (Ma and
Khadra, 2024). For example, Prescott et al. (2008) employed
the computational models to describe the biophysical basis
for three distinct dynamical mechanisms of action potential
initiation. In this study, according to our data from acute
intracellular electrophysiological recording, we constructed a
single-compartment model of neuronal soma that contained
Nav1.8 channels with the ionic mechanisms adapted from an
existing small DRG neuron models from ModelDB (Mandge
and Manchanda, 2018). Through computational modeling, we
systematically analyzed the impact of interactions between channel
parameters to gain a more complete understanding of Nav1.8 at
the cellular level. We demonstrated that Nav1.8 is an important
parameter in the generation and maintenance of abnormal
neuronal electrogenesis and hyperexcitability. This suggests that
Nav1.8 in an injured sensory neuron remains an important
candidate responsible for neuropathic pain.

Computational modeling study is a novel strategy to
understand the generation of chronic pain. The development
of mathematical and computational modeling enabled us to
incorporate the complex biological processes involved in pain
perception, and helped us deepen our understanding of the role of
the Nav1.8 sodium channel in neuropathic pain.

Materials and methods

Computational model

To study the effect of changes in sodium channel Nav1.8
kinetics, Hodgkin–Huxley type conductance-based models
of spiking neurons were constructed using the NEURON
v8.2 simulation software (Mandge and Manchanda, 2018).
A single-compartment neuronal soma model that contained
sodium currents and potassium currents was adapted
from previous models in small DRG neurons (Baker, 2005;
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Mandge and Manchanda, 2018). Three forms of sodium current
(TTX-s, Nav1.8 and Nav1.9), two types of potassium current
[transient A-type (KA) channel (slowly-inactivating), and a
delayed-rectifier (KDR)] were included in the simulation.

Briefly, the membrane potential was calculated using the
following equation:

dVm

dt
=

1
Cm

(Istim − Imembrane)

IStim is the stimulus current, while Imembrane is the total ionic
current contributed by cell membrane mechanisms such as pumps,
exchangers, and channels.

Imembrane was described by the following equations:

Imembrane = INaTTXS + INav1.8 + INav1.9 + IKA + IKDR + Ipas

Where, INaTTXS = gNaTTXS m3
NaTTXS hNaTTXS (Vm – ENa);

INav1.8 = gNav1.8 m3
Nav1.8 h Nav1.8 (Vm – ENa),

INav1.9 = gNav1.9 ∗mNav1.9 ∗ hNav1.9 (Vm – ENa),
IKA = gKAnKA(Vm – EK).
IKDR = gKDRn 4KDR (Vm – EK).
Ipas = gpas(Vm-Epas)

(Vm is the membrane potential, ENa, EK and Epas are the Na+,
K+ and passive channels equilibrium potentials)

The equations used for calculating above m, n and h are:

dn
dt
=

n∞ − n
τn

dm
dt
=

m∞ −m
τm

dh
dt
=

h∞ − h
τh

m∞, h∞, and n∞ are the steady states of the activated sodium
channel, inactivated sodium channel, and the potassium channel,
respectively. m, h, n are the corresponding time constants.

Control computational model
For the control model, we adapted existing models of the

small DRG sensory neuron [23] (ModelDB database, accession
number: 243448). We simplified the model so that only the 5 main
channels as described above are present. This strategy has been
applied to other studies of small DRG sensory neurons in rats
(Baker, 2005).

We then adjusted and validated the model against an
experimental electrophysiological recording in vivo to test
its robustness. This experimental recording was chosen
to fit the average properties of experimental recording
data including action potential shape and stimulation
threshold.

Our control model neuron included morphological parameters
based on available literature (Mandge and Manchanda, 2018): the
soma was 24 µm in diameter, with a total membrane capacitance of
28 pF, Rm = 10,000 �cm2, Ra = 100 �cm. T = 25◦C, Ek = −84.7
mV and ENa = 68.9 mV. These parameters resulted in a model with
a somatic input resistance (Rin) of 553 M�, membrane capacitance
(Cm) of 1.54 uF/cm. Based on our animal recording, we adjusted
Erest from −53.5 mV to −62 mV, which was similar to the resting
potential reported by other studies on DRG sensory neuron in rats
(Du et al., 2014). Epas is calculated to−50 mV to achieve the Erest.

We also used individual channel equations from previous
models (Mandge and Manchanda, 2018) to build our control

model. Following, we used NEURON’s built-in “multiple run fitter”
to achieve the best match between the experiment and the model.
Since adjusted individual channel maximum conductance (gmax)
are reported in other studies (Baker, 2005; Du et al., 2014) and may
be due to the different expression of the channels between different
species, age, sex and recording setting (Scheinman et al., 1989; Yang
et al., 2019), therefore the fitter method was only limited to gmax
of individual channels in this study. All other parameter values
related to the individual channel kinetics in equations remained
unchanged.

The gmax of individual channels was adjusted as follows:

gNaTTXS, from 0.0001 to 0.001 S/cm2

gNav1.8, from 0.0087177 to 0.0141 S/cm2

gKA, from 0.00136 to 0.00866 S/cm2

gKDR, from 0.002688 to 0.00388 S/cm2

Neuropathic computational model
Based on the control model, we simulated neuropathic models

using parameter changes and values described in previous studies.
The three Nav1.8 channel parameters varied in this study are
maximal conductance (gmax), the steady state of activation (m∞),
and the steady state of inactivation (h∞). These parameters were
manually investigated individually or jointly. gmax was either
increased or decreased ± 0.005 S/cm2 (+31.45%/−39.08%) while
m∞ and h∞ were shifted by ± 5 mV and ± 5 mV, respectively,
with corresponding equations shown in Figure 1.

Animal model induction

All experimental procedures were in accordance with the
Guide for the Care and Use of Laboratory Animals, Vols. 1
and 2, of the Canadian Council on Animal Care. All protocols
were reviewed and approved by the McMaster University Animal
Research Ethics Board.

Neuropathic animal model
Immunocompetent female Sprague-Dawley (SD) rats (Charles

River Inc. St. Constant, QC, Canada) weighing 170–200 g
randomly assigned to the NEP surgery group (n = 18).
A peripheral neuropathy was induced according to the method
previously described in detail (Mosconi and Kruger, 1996;
Zhu and Henry, 2012).

Under anesthesia, the right sciatic nerve was exposed in
the mid-thigh. Two 0.5 mm polyethylene (PE 90) tubing cuffs
(Intramedic PE-90, Fisher Scientific Ltd., Whitby, ON, Canada)
were inserted around the exposed nerve approximately 1 mm apart
and the wound was then sutured.

Control animal model
In our previous study, control rats were induced using the same

procedure except that no cuff was inserted around the sciatic nerve.
It was shown that DRG neuronal membrane properties in sham
rats were similar to unoperated control rats (Zhu et al., 2020).
Therefore, in this study, we did not use a separate sham group.
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FIGURE 1

Shifts in steady state activation and inactivation values of Nav1.8 channel for neuron modeling. (A) Left –5 mV (red) and right +5 mV (blue) shift the
voltage dependence of steady state activation (m∞) of the channel from the original (black) control model values. (B) Left +5 mV (blue) and right –5
mV (red) shift of the voltage dependence of steady state inactivation (h∞) of the channel from the original (black) control model values.
Corresponding modeling equations are also shown.

In vivo intracellular DRG recordings

Details of acute intracellular electrophysiological recording
techniques have been reported in our previous studies (Zhu and
Henry, 2012; Zhu et al., 2016, 2017, 2020, 2022). Briefly, each rat
was anesthetized and fixed in a stereotaxic frame with the vertebral
column rigidly clamped at lumbar L2 and L6. L4 DRGs containing
large numbers of hind leg afferent somatic cells were selected and
exposed for somata intracellular recordings. Sharp electrodes were
used for in vivo recording. Excitability was measured by evoking
action potentials (AP) in the soma of the DRG neurons using
stimulation by direct injection of depolarizing current. To quantify
soma excitability, with the aid of the “Protocol Editor” function
in the pClamp 9.2 software program (Molecular Devices), the
threshold of depolarizing current pulses injected into the soma
was determined. This was achieved by applying current injections
of 100 ms each, delivered with an amplitude of 0.5 to 2 nA with
increments of 0.5 nA.

Statistical analysis

We assessed and compared various parameters including AP
amplitude and duration to describe AP shape, as well as threshold

and number of spikes to evaluate neuron excitability between
different simulations. Data is presented as mean ± the SEM and
was analyzed with Mann–Whitney U tests for non-parametric
data. All statistical tests and graphing were done using Prism4
software (Graphpad, La Jolla, CA, USA). The condition P < 0.05
was considered to indicate a statistically significant difference, as
shown in the graphs.

Results

Comparison of neuropathic animal
model and control animal model

Intrasomal recordings in vivo were made from a total of 26 L4
dorsal root ganglion neurons. These included 12 and 14 C-fiber
sensory neurons recording in 10 control rats and 10 neuropathic
rats, respectively. Figure 2A showed two example recordings from
control and neuropathic rats, respectively, by applying 100 ms
rectangular current clamps of amplitudes ranging between 0.5 nA
and 2 nA in steps of 0.5 nA.

The first evoked action potential in each neuron was used to
determine any differences in configuration between control and
neuropathic animals. The right panel of Figure 2A illustrated
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FIGURE 2

Abnormal neuronal electrogenesis and hyperexcitability of C-fiber sensory neuron in neuropathic animal model. (A) Examples of DRG neuron soma
recording in control (left) and neuropathic rats (middle). Changes in Vm were generated by applying 100 ms rectangular current clamps of
amplitudes ranging between 0.5 nA and 2 nA in steps of 0.5 nA. Recordings at 1 nA were separately shown (right). Amplitude and duration
measurements were marked with a black line for the control rat and a red line for the neuropathic rat. (B) Comparison of action potential shape of
DRG neuron soma recording in control and neuropathic animal models. a: Resting membrane potential, b: Amplitude from Rest membrane
potential of AP, c: Duration at base of AP. (C) Comparison of excitability of sensory neurons. The number of spikes, corresponding stimulation at 0.5,
1, 1.5 and 2 nA with the rectangular current clamp for 100 ms. Scatter plots show the distribution of the variables with the median (horizontal line)
superimposed in each case. Asterisks above the graph indicate the significant differences between control and neuropathic animals: *P < 0.05
**P < 0.01.

how the resting membrane potential, action potential amplitude
(from resting membrane potential) and action potential duration
(at base) were actually measured on the experiment models. We
observed a trend of decreasing amplitude in neuropathic rats
compared to control rats (105.7 ± 2.678 mV in control and
97.94 ± 2,268 mV in NEP, p = 0.0523). Furthermore, there were
significant increases in AP duration in the neuropathic rat model
(7.892 ± 0.398 ms in control, 9.246 ± 0.4553 ms in neuropathic,
p = 0.0375). There is no significant difference in resting membrane
potential between control and neuropathic model (−61.70± 1.704
mV in control and −62.11 ± 2.445 mV in NEP, p = 0.893)
(Figure 2B).

There was a significant increase in excitability in the
neuropathic rat model, with decreased spike threshold and
increased number of spikes at 0.5–2 nA with 100 ms rectangular
stimulation (Figure 2C).

Validation of the control computational
model

In Figure 3, a comparison was shown between an AP of the
animal recording in control rat and an AP generated by the control
computational model, with a current injection of 100 ms duration,
1 nA amplitude stimulation.

Figure 3A showed this particular animal recording closely
captured the average AP shape (amplitude. duration) and the
average behavior (resting membrane potential, spike threshold and
single spike) among the recordings of control rats.

Figure 3B showed that the control computational simulation
closely matched the AP properties of this specific animal recording.
Table 1 shows the measured electrophysiological parameters,
including resting membrane potential (RMP); action potential
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FIGURE 3

Computational simulation matches control animal recording data. (A) One experimental recording from the control rat (black) fit the average
properties of control rat recording data (representative examples with blue) (B) Comparison of an action potential of small DRG neuron soma
between this recording (black) and computational simulation (red). AP was generated by a current clamp of 1 nA, 100 ms rectangular current.

TABLE 1 Comparison of computational modeling and animal recording AP characteristics.

Control animal Control model NEP animal NEP model

Resting membrane potential −63.5 mV −62 mV −59.8 mV −62 mV

AP amplitude (APA) 111.21 mV 109.78 mV 106.68 mV 104.71 mV

AP duration at base (APD) 8.61 ms 8.56 ms 10.38 ms 11.01 ms

amplitude from resting membrane potential (APA); action
potential duration at base (APD).

Single parameter changes of Nav1.8 in
computational model

The effects of single parameter changes of Nav1.8 were
tested through individual changes of ± 0.005 S/cm2 to maximal
conductance (gmax), ± 5 mV to the steady state of activation
(m∞), and ± 5 mV to the steady state of inactivation (h∞) which
is described in Figure 1.

Figure 4A shows the effects of single parameter changes of the
Nav1.8 channel on AP shape at threshold stimulation. Changes
in maximal conductance (gmax) altered the amplitude of the AP,

while both left and right shifts in the steady state of activation and
inactivation led to longer duration of AP. Figure 4B shows the
effects of parameter changes on excitability.

Notably, only left −5 mV shift of the steady state of activation
in Nav1.8 led to multiple spikes in stimulation ranges at 2 nA. The
other parameter changes did not lead to the appearance of multiple
spikes. The detailed comparisons of amplitude, duration, threshold
and number of spikes at 0.5–2 nA are shown in Table 2 (part 1).

Figure 5 shows individual channel current with and the
effects of single parameter changes of the Nav1.8 channel on
each individual channel currents. The left shift in the steady state of
activation leads to larger and broader inward currents of the Nav1.8
channel, both in stimulation at threshold and 2 nA (Figure 5A).
Comparing the control model (Figure 5B), the currents in other
channels also showed corresponding changes with the Nav1.8
channel (Figure 5C).
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FIGURE 4

Single parameter changes of Nav1.8 channel effect on AP shape and excitability. Single parameter changes of Nav1.8 channel is described in the
methods. Left panel: Comparison of control gmax (black) with decreased gmax (blue) and increased gmax (red). Middle panel: Comparison of
control m∞ (black) with right +5 mV shift (blue) and left –5 mV shift (red) of m∞. Right panel: Comparisons of control h∞ with left +5 mV shift
(blue) and right –5 mV shift (red) of h∞. gmax: maximum conductance; m∞: voltage dependence of steady state activation; h∞: voltage
dependence of steady state inactivation. (A) Effect of Nav1.8 Changes on AP shape. AP was stimulated at threshold. (B) Effect of Nav1.8 Changes on
AP excitability. APs generated with 2 nA, 100 ms stimulation.

TABLE 2 Comparison of Nav1.8 changes in computational modeling with AP characteristics.

AP
amplitude

(mV)

AP
duration

(ms)

AP
threshold

(nA)

Spikes at
0.5 nA

Spikes
at 1 nA

Spikes
at 1.5 nA

Spikes
at 2 nA

Single parameter changes of Nav1.8 in computational model

Control model 108.91 8.56 0.98 0 1 1 1

−0.005 s/cm2 Gmax 85.52 9.94 0.98 0 1 1 1

+0.005 s/cm2 Gmax 110.42 10.94 0.89 0 1 1 1

+5 mV m∞ 102.886 8.48 1.12 0 0 1 1

−5 mV m∞ 107.185 11.08 0.72 0 1 3 5

+5 mV h∞ 110.6394 10.88 0.93 0 1 1 1

−5 mV h∞ 105.056 10.86 0.92 0 1 1 1

Coupled parameter changes of Nav1.8 in computational model

−5 mV m∞ and−0.005 s/cm2 Gmax 62.35 10.92 0.78 0 1 1 4

−5 mV m∞ and +0.005 s/cm2 Gmax 110.78 11.34 0.68 0 1 5 7

−5 mV m∞ and +5 mV h∞ 106.81 12.50 0.72 0 1 1 1

−5 mV m∞ and−5 mV h∞ 103.06 11.64 0.71 0 1 4 7

−5 mV m∞ and−5 mV h∞ and
+0.005 s/cm2 Gmax

111.09 13.60 0.78 0 1 1 6

−5 mV m∞ and−5 mV h∞ and
−0.005 s/cm2 Gmax

95.05 10.96 0.67 0 1 5 8

According to animal data analysis in Figure 2, the expected values of NEP computational model comparing control computational model should be decreased amplitude, increased duration,
decreased spike threshold and multiple spikes at 2 nA. Red color marked AP characteristics of those computational models that match observed NEP animal recording. Blue color marked AP
characteristics of those computational models that incapably match the expected values on NEP animal recording.
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FIGURE 5

Single parameter changes of Nav1.8 channel effect on current. (A) Effect of Nav1.8 parameter changes on Nav1.8 channel current, at threshold (left)
and 2 nA (right), each change was marked with a different color. (B) 2 nA, 100 ms stimulation on control model. Each channel current was shown
with a different color. (C) Effect of Nav1.8 parameter changes on Nav1.8 (marked with blue or red) and other individual channel current, with 2 nA,
100 ms stimulation. Left panel: with decreased gmax (blue) and increased gmax (red); middle panel: right +5 mV shift (blue) and left –5 mV shift (red)
of m∞; right panel: left +5 mV shift (blue) and right –5 mV shift (red) of h∞.

Coupled parameter changes of Nav1.8

Based on the single parameter changes, we found that the
left shift in steady state of activation played an important role
in the AP shape and the excitability; however, this change

did not produce a similar AP amplitude shape (decreased
amplitude) observed in our neuropathic animal models. We then
constructed computational models combining this change coupled
with changes to the maximum conductance and the steady state
of inactivation.
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FIGURE 6

Coupled parameter changes of Nav1.8 channel effect on AP shape and excitability. Coupled changes combining left –5 mv shift of m∞ which
described in Figure 4 with the other parameters. Left panel: with decreased gmax (blue) and increased gmax (red). Middle panel: with left +5 mV
shift of h∞ (blue) and right –5 mV shift of h∞ (red). Right panel: with right –5 mV shift of h∞ and decreased gmax (blue); with right –5 mV shift of
h∞ and increased gmax (red); gmax: maximum conductance; m∞: voltage dependence of steady state activation; h∞: voltage dependence of
steady state activation. (A) Effect of Nav1.8 Changes on AP shape, which is stimulated at threshold, 100 ms. (B) Effect of Nav1.8 changes on AP
excitability. APs generated with 2 nA, 100 ms stimulation.

These coupled parameter changes modulated the AP shape
(Figure 6A) and excitability (Figure 6B). Notably, coupling
a left −5 mV shift of steady state activation to a decrease
in maximum conductance and/or to a right −5 mV shift of
steady state inactivation reduced the AP amplitude and kept
the broader duration. These coupled changes also maintained
the decreased threshold and multiple spikes characteristic in
neuropathic models.

The other coupled changes are incapable of matching all
expected values at the same time. For example, coupling a left −5
mV shift of steady state activation to an increase in maximum
conductance increased amplitude; coupling a left −5 mV shift of
steady state activation with a left + 5 mV shift of steady state
inactivation diminished the multiple spikes; and triple coupling a
left −5 mV shift of steady state activation with a right −5 mV
shift of steady state inactivation and an increase in maximum
conductance still increase the amplitude.

The detailed comparisons of amplitude, duration, threshold
and number of spikes at 0.5–2 nA and 100 ms stimulation are
shown in Table 2 (part 2).

Assessment of neuropathic
computational models

The comparison between the NEP computational simulations
and three different sensory neurons recording in neuropathic rats
was shown in Figure 7.

Three computational models were built by coupling changes
of a left shift of m∞, right shift of h∞ and decreased of gmax,

to similar degrees with the above discussed changes. The other
parameters were kept with no change.

The responses obtained in our neuropathic computational
model are comparable to the neuropathic animal model, bearing
close resemblance in terms of AP amplitude, duration and
spike threshold (Figure 7A). The measured electrophysiological
parameters, including resting membrane potential (RMP); action
potential amplitude from resting membrane potential (APA);
action potential duration at base (APD) was shown in Table 1. The
other two examples also demonstrated similar patterns of multiple
spikes with similar levels of rectangle 100 ms current stimulation
(Figures 7B, C).

Discussion

The specific contribution of Nav1.8 to neuropathic pain has
been debated in previous studies, mainly due to a paradoxical
reduction in expression which reduces inward current, yet
still presents with increased excitability (Rogers et al., 2006;
Hameed, 2019). However, potential shifts in steady state
of activation and inactivation of Nav1.8 were reported
in other peripheral NEP animal models (Li et al., 2015).
Therefore, it is important to fully elucidate the interaction
between changes to kinetic parameters and the expression
of this sodium channel isoform in the induction and
maintenance of DRG increased excitability in pathological
pain states.

Although recently, development of Nav1.8-selective blocker,
such as A-803476 and A-887826, which demonstrate the role
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FIGURE 7

Simple computational simulation matches neuropathic animal recording data. Comparison of an AP between animal recording (black) and
computational simulation (red). (A) Corresponding computational modeling was coupling changes with a left –5 mV shift of m∞, a right –6 mV shift
of h∞ and decreased –0.001 S/cm2 of gmax. AP generated by a current clamp of 0.5 nA (animal recording) and 0.75 nA (computational modeling),
100 ms rectangular current. (B) Corresponding computational modeling was coupling changes with a left –5 mV shift of m∞, right –5 mV shift of
h∞ and decreased –0.006 S/cm2 of gmax. AP generated by a current clamp of 1.5 nA (animal recording) and 1.8 nA (computational modeling),
100 ms rectangular current. (C) Corresponding computational modeling was coupling changes with a left –4 mV shift of m∞, right –6 mV shift of
h∞ and decreased –0.001 S/cm2 of gmax. AP generated by a current clamp of 2 nA (animal recording) and 1.95 nA (computational modeling),
100 ms rectangular current.

of Nav1.8 in pain mechanism regarding its ability to modulate
pain sensations, their usefulness as a research tool has been
limited by these and other factors (Theile and Cummins, 2011).
Additionally, isoform-specific sodium channel kinetic-altering
pharmaceutical drugs have yet to be developed. The aim of
this study was to deepen our current understanding of the
likely roles of Nav1.8 in neuropathic pain using computational
modeling. We studied the interactions of parameters using a
computational model of a DRG neuron to reveal the mechanisms
underlying the contributions of the Nav1.8 sodium channel in
neuropathic pain.

Although the interaction of Nav1.8 sodium channel with
other channels could vary depending on the types of other
channels, we constructed a simplified model in which only the
predominating channels are present, so that any differences in
the firing of APs between the modified and control model
could be attributed exclusively to changes in the Nav1.8 sodium
channel conductance.

Our study revealed how Nav1.8 channels present in peripheral
sensory neurons regulate neuronal excitability and induce various
electrophysiological features on neuropathic pain. We observed
abnormal neuronal electrogenesis and hyperexcitability in small
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DRG sensory neurons in our NEP animal model. Based on our
computational simulation, we found that a left shift in the steady
state of activation of the Nav1.8 sodium channel changed the
AP shape, decreased the stimulation threshold and increased the
number of spikes. Meanwhile, changes in maximum conductance
and the steady state of inactivation alone did not result in
multiple spikings, but played an important role when coupled
to a left shift in steady state of activation by further modulating
excitability and AP shape.

Based on our current results, the change of excitability observed
in sensory neurons in neuropathic pain may not be due solely to a
change in maximum conductance as most previous studies suggest
(Rogers et al., 2006; Hameed, 2019), but can be dominated by a left
shift (hyperpolarized) in the steady state of activation of Nav1.8.
Our results are consistent with the previous studies of Nav1.8’s
role in small-fiber neuropathy (Huang et al., 2013) and neuron
hyperexcitability (Ye et al., 2015), where a hyperpolarized shift
of activation of Nav1.8 increased excitability of sensory neurons.
Notably, our data showed the opposite finding of the of CCI model
where a depolarized shift of activation and hyperpolarized shift
of inactivation of Nav1.8 increase excitability of sensory neurons
(Li et al., 2015). It is not clear whether the difference between
our animal model and the CCI model is related to an alternative
mechanism of neuropathy. For example, the changes in Nav1.8
which lead to enhanced excitability might be related to their specific
physiological range of membrane potential and the interaction of
other channels.

Our computational model suggests that specific abnormal
neuronal electrogenesis (wider duration, decreased amplitude
of AP) and hyperexcitability (multiple spiking and decreased
stimulation threshold) observed in our animal model can be
orchestrated by coupled changes in Nav1.8, namely, a left shift in
the steady state of activation, decreased maximum conductance
and/or right shift in the steady state of inactivation. This result
implies that the effect of reduced expression of Nav1.8 can be
compensated by the left shift of steady state of activation in the NEP
animal model. Our study adds to the body of evidence that Nav1.8
plays an important role in neuropathic pain with its abnormal
expression and altered voltage dependent kinetics.

The limitation of this study is that we did not consider
the correlation between Nav1.7 and neuropathic pain. Looking
into current literature, the role of Nav1.7 in neuropathic pain is
still unclear. It thus remains questionable whether Nav1.7 does
contribute to the development of neuropathic pain (Hameed,
2019). However, the biophysical properties and high expression of
Nav1.7 and Nav1.8 channels in nociceptors indicate both channels
may play critical roles in determining the excitability of nociceptors,
emphasizing their importance in normal pain-signaling. In future
studies, specific isolated Nav1.7 channels instead of overall TTXS
channels in neuropathic pain should be investigated.

Due to limited optimization of the Nav1.8 parameters, the
comparison between computational and experimental models in
this study is only qualitative and does not appear to be particularly
quantitatively tight, especially in the neuropathic model. The other
limitation of this study is that we did not add or subtract the
dynamic Nav1.8 current to stimulate real sensory neurons. This is
due to our animal recording data only using rectangular current
clamps within general electrophysiological settings. Directly testing
the role of particular channels in real neurons can be applied

using dynamic clamps. In this configuration, a specific non-
predetermined membrane current can be added to or removed
from the cell while it is in free-running current clamp mode (Prinz
et al., 2004; Berecki et al., 2014). This current is usually computed
in real time, based on the recorded AP of the cell, and injected into
the target cell. In future studies, investigators can inject simulated
currents based on computational modeling results which describe
the detailed channel-specific kinetic changes.

In conclusion, the role of Nav1.8 in the generation
and maintenance of abnormal neuronal electrogenesis and
hyperexcitability highlights the importance of this channel in the
development of pathological pain. Our study provides a more
complete understanding of this unique contribution to pain state
at the cellular level that may allow for future developments of
mechanism-based treatments for pain.

Data availability statement

The raw data supporting the conclusions of this article will be
made available by the authors, without undue reservation.

Ethics statement

All experimental procedures were in accordance with the Guide
for the Care and Use of Laboratory Animals, Vols. 1 and 2, of the
Canadian Council on Animal Care. All protocols were reviewed
and approved by the McMaster University Animal Research Ethics
Board. The study was conducted in accordance with the local
legislation and institutional requirements.

Author contributions

PK: Data curation, Investigation, Methodology, Writing –
review & editing. YZ: Data curation, Investigation, Methodology,
Validation, Writing – original draft. JM: Data curation,
Formal analysis, Methodology, Software, Writing – review &
editing. GS: Conceptualization, Funding acquisition, Supervision,
Visualization, Writing – review & editing.

Funding

The authors declare financial support was received for the
research, authorship, and/or publication of this article. This study
was supported by the BHSc summer research grant awarded to PK
and by the Michael G. DeGroote Institute for Pain Research and
Care Seed Grant for GS and YZ.

Conflict of interest

The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could be
construed as a potential conflict of interest.

Frontiers in Computational Neuroscience 11 frontiersin.org

https://doi.org/10.3389/fncom.2024.1327986
https://www.frontiersin.org/journals/computational-neuroscience
https://www.frontiersin.org/


fncom-18-1327986 May 4, 2024 Time: 13:38 # 12

Kan et al. 10.3389/fncom.2024.1327986

Publisher’s note

All claims expressed in this article are solely those of the
authors and do not necessarily represent those of their affiliated

organizations, or those of the publisher, the editors and the
reviewers. Any product that may be evaluated in this article, or
claim that may be made by its manufacturer, is not guaranteed or
endorsed by the publisher.

References

Amir, R., Kocsis, J. D., and Devor, M. (2005). Multiple interacting sites of ectopic
spike electrogenesis in primary sensory neurons. J. Neurosci. 25, 2576–2585. doi:
10.1523/JNEUROSCI.4118-04.2005

Baker, M. D. (2005). Protein kinase C mediates up-regulation of tetrodotoxin-
resistant, persistent Na+ current in rat and mouse sensory neurones. J. Physiol. 567,
851–867. doi: 10.1113/jphysiol.2005.089771

Berecki, G., Arie, O. V., van Ginneken, A. C. G., and Wilders, R. (2014). Dynamic
Clamp as a tool to study the functional effects of individual membrane currents.
Methods Mol. Biol. 1183, 309–326. doi: 10.1007/978-1-4939-1096-0_20

Birgiolas, J., Haynes, V., Gleeson, P., Gerkin, R. C., Dietrich, S. W., and Crook, S.
(2023). ‘NeuroML-DB: Sharing and characterizing data-driven neuroscience models
described in NeuroML’. PLoS Comput. Biol. 19:e1010941. doi: 10.1371/journal.pcbi.
1010941

Black, J. A., Liu, S., Tanaka, M., Cummins, T. R., and Waxman, S. G. (2004). Changes
in the expression of tetrodotoxin-sensitive sodium channels within dorsal root
ganglia neurons in inflammatory pain. Pain 108, 237–247. doi: 10.1016/j.pain.2003.
12.035

Blair, N. T., and Bean, B. P. (2002). Roles of tetrodotoxin (TTX)-sensitive Na+
current, TTX-Resistant Na+ Current, and Ca2+ current in the action potentials of
nociceptive sensory neurons. J. Neurosci. 22, 10277–10290. doi: 10.1523/JNEUROSCI.
22-23-10277.2002

Boucher, T. J., Okuse, K., Bennett, D. L., Munson, J. B., Wood, J. N., and McMahon,
S. B. (2000). Potent analgesic effects of GDNF in neuropathic pain states. Science 290,
124–127. doi: 10.1126/science.290.5489.124

Campbell, J. N., and Meyer, R. A. (2006). Mechanisms of neuropathic pain. Neuron
52, 77–92. doi: 10.1016/j.neuron.2006.09.021

Chahine, M., Ziane, R., Vijayaragavan, K., and Okamura, Y. (2005). Regulation of
Nav channels in sensory neurons. Trends Pharmacol. Sci. 26, 496–502. doi: 10.1016/j.
tips.2005.08.002

Chen, X., Rp Pang, K. F., Shen, M., Zimmermann, W. J., Xin, Y. Y., Li, et al.
(2011). TNF-α enhances the currents of voltage gated sodium channels in uninjured
dorsal root ganglion neurons following motor nerve injury. Exp. Neurol. 227, 279–286.
doi: 10.1016/j.expneurol.2010.11.017

Coward, K., Plumpton, C., Facer, P., Birch, R., Carlstedt, T., Tate, S., et al. (2000).
Immunolocalization of SNS/PN3 and NaN/SNS2 sodium channels in human pain
states. Pain 85, 41–50. doi: 10.1016/s0304-3959(99)00251-1

Decosterd, I., Ji, R. R., Abdi, S., Tate, S., and Woolf, C. J. (2002). The pattern
of expression of the voltage-gated sodium channels Na(v)1.8 and Na(v)1.9
does not change in uninjured primary sensory neurons in experimental
neuropathic pain models. Pain 96, 269–277. doi: 10.1016/S0304-3959(01)
00456-0

DeLeo, J. A. (2006). Basic science of pain. J. Bone Joint Surg. 2, 58–62. doi: 10.2106/
JBJS.E.01286

Dib-Hajj, S., Black, J. A., Felts, P., and Waxman, S. G. (1996). Down-regulation
of transcripts for Na channel alpha-SNS in spinal sensory neurons following
axotomy. Proc. Natl. Acad. Sci. U.S.A. 93, 14950–14954. doi: 10.1073/pnas.93.25.
14950

Du, X., Hao, H., Gigout, S., Huang, D., Yang, Y., Li, L., et al. (2014). Control
of Somatic membrane potential in nociceptive neurons and its implications for
peripheral nociceptive transmission. Pain 155, 2306–2322. doi: 10.1016/j.pain.2014.
08.025

Faber, C. G., Lauria, G., Merkies, I. S. J., Cheng, X., Han, C., Ahn, H. S., et al. (2012).
Gain-of-function Nav1.8 mutations in painful neuropathy. Proc. Natl. Acad. Sci. U.S.A.
109, 19444–19449. doi: 10.1073/pnas.1216080109

Finnerup, N. B., Sindrup, S. H., and Jensen, T. S. (2007). ‘Chronic Neuropathic
pain: Mechanisms, drug targets and measurement. Fundament. Clin. Pharmacol. 21,
129–136. doi: 10.1111/j.1472-8206.2007.00474.x

Gleeson, P., Cantarelli, M., Marin, B., Quintana, A., Earnshaw, M., Sadeh, S.,
et al. (2019). Open source brain: A collaborative resource for visualizing, analyzing,
simulating, and developing standardized models of neurons and circuits. Neuron
103:395–411.e5. doi: 10.1016/j.neuron.2019.05.019.

Gold, M. S., Levine, J. D., and Correa, A. M. (1998). Modulation of TTX-R INa by
PKC and PKA and their role in PGE2-induced sensitization of rat sensory neurons

in vitro. J. Neurosci. 18, 10345–10355. doi: 10.1523/JNEUROSCI.18-24-10345.
1998

Gold, M. S., and Flake, N. M. (2005). Inflammation-mediated hyperexcitability of
sensory neurons. Neuro Signals 14, 147–157. doi: 10.1159/000087653

Gold, M. S., Weinreich, D., Kim, C. S., Wang, R., Treanor, J., Porreca, F., et al. (2003).
Redistribution of Na(V)1.8 in uninjured axons enables neuropathic pain. J. Neurosci.
23, 158–166. doi: 10.1523/JNEUROSCI.23-01-00158.2003

Hameed, S. (2019). Nav1.7 and Nav1.8: Role in the pathophysiology of pain. Mol.
Pain 15, 1744806919858801. doi: 10.1177/1744806919858801

Hawksley, H. (2006). ‘Managing pain after shingles: A nursing perspective’. Br. J.
Nurs. 15, 814–818. doi: 10.12968/bjon.2006.15.15.21687

Hines, M. L., Morse, T., Migliore, M., Carnevale, N. T., and Shepherd, G. M. (2004).
ModelDB: A database to support computational neuroscience. J. Comput. Neurosci.
17, 7–11. doi: 10.1023/B:JCNS.0000023869.22017.2e

Hong, S., Morrow, T. J., Paulson, P. E., Isom, L. L., and Wiley, J. W. (2004). Early
painful diabetic neuropathy is associated with differential changes in tetrodotoxin-
sensitive and -resistant sodium channels in dorsal root ganglion neurons in the rat.
J. Biol. Chem. 279, 29341–29350. doi: 10.1074/jbc.M404167200

Huang, J., Yang, Y., Zhao, P., Gerrits, M. M., Hoeijmakers, J. G. J., Bekelaar, K., et al.
(2013). Small-fiber neuropathy Nav1.8 mutation shifts activation to hyperpolarized
potentials and increases excitability of dorsal root ganglion neurons. J. Neurosci. 33,
14087–14097. doi: 10.1523/JNEUROSCI.2710-13.2013

Li, G., Liu, X., Du, J., Chen, J., She, F., Wu, C., et al. (2015). Positive shift of nav1.8
current inactivation curve in injured neurons causes neuropathic pain following
chronic constriction injury. Mol. Med. Rep. 12, 3583–3590. doi: 10.3892/mmr.2015.
3839

Ma, X., and Khadra, A. (2024). Neural Signaling in neuropathic pain: A
computational modeling perspective. Curr. Opin. Syst. Biol. 37:100509. doi: 10.1016/j.
coisb.2024.100509

Mandge, D., and Manchanda, R. (2018). A biophysically detailed computational
model of urinary bladder small DRG neuron soma. PLoS Comput. Biol. 14:e1006293.
doi: 10.1371/journal.pcbi.1006293

Moore, B. A., Stewart, T. M. R., Hill, C., and Vanner, S. J. (2002). TNBS ileitis
Evokes hyperexcitability and changes in ionic membrane properties of nociceptive
DRG neurons. Am. J. Physiol. 282, G1045–G1051. doi: 10.1152/ajpgi.00406.2001

Mosconi, T., and Kruger, L. (1996). Fixed-Diameter polyethylene cuffs applied to the
rat sciatic nerve induce a painful neuropathy: Ultrastructural morphometric analysis
of axonal alterations. Pain 64, 37–57. doi: 10.1016/0304-3959(95)00077-1

Novakovic, S. D., Tzoumaka, E., McGivern, J. G., Haraguchi, M., Sangameswaran, L.,
Gogas, K. R., et al. (1998). Distribution of the tetrodotoxin-resistant sodium channel
PN3 in rat sensory neurons in normal and neuropathic conditions. J. Neurosci. 18,
2174–2187. doi: 10.1523/JNEUROSCI.18-06-02174.1998

Okuse, K., Chaplan, S. R., McMahon, S. B., Luo, Z. D., Calcutt, N. A., Scott,
B. P., et al. (1997). Regulation of Expression of the sensory neuron-specific sodium
channel sns in inflammatory and neuropathic pain. Mol. Cell. Neurosci. 10, 196–207.
doi: 10.1006/mcne.1997.0657

Prescott, S. A., De Koninck, Y., and Sejnowski, T. J. (2008). Biophysical basis for
three distinct dynamical mechanisms of action potential initiation. PLoS Comput. Biol.
4:e1000198. doi: 10.1371/journal.pcbi.1000198

Prinz, A. A., Abbott, L. F., and Marder, E. (2004). The dynamic clamp comes of age.
Trends Neurosci. 27, 218–224. doi: 10.1016/j.tins.2004.02.004

Rogers, M., Tang, L., Madge, D. J., and Stevens, E. B. (2006). The role of sodium
channels in neuropathic pain. Semin. Cell Dev. Biol. 17, 571–581. doi: 10.1016/j.
semcdb.2006.10.009

Schaible, H. G. (2007). Peripheral and central mechanisms of pain generation.
Handb. Exp. Pharmacol. 177, 3–28. doi: 10.1007/978-3-540-33823-9_1

Scheinman, R. I., Auld, V. J., Goldin, A. L., Davidson, N., Dunn, R. J., and Catterall,
W. A. (1989). Developmental regulation of sodium channel expression in the rat
forebrain. J. Biol. Chem. 264, 10660–10666.

Thakor, D. K., Lin, A., Matsuka, Y., Meyer, E. M., Ruangsri, S., Nishimura, I., et al.
(2009). Increased peripheral nerve excitability and local NaV1.8 mRNA up-regulation
in painful neuropathy. Mol. Pain 5:14. doi: 10.1186/1744-8069-5-14

Frontiers in Computational Neuroscience 12 frontiersin.org

https://doi.org/10.3389/fncom.2024.1327986
https://doi.org/10.1523/JNEUROSCI.4118-04.2005
https://doi.org/10.1523/JNEUROSCI.4118-04.2005
https://doi.org/10.1113/jphysiol.2005.089771
https://doi.org/10.1007/978-1-4939-1096-0_20
https://doi.org/10.1371/journal.pcbi.1010941
https://doi.org/10.1371/journal.pcbi.1010941
https://doi.org/10.1016/j.pain.2003.12.035
https://doi.org/10.1016/j.pain.2003.12.035
https://doi.org/10.1523/JNEUROSCI.22-23-10277.2002
https://doi.org/10.1523/JNEUROSCI.22-23-10277.2002
https://doi.org/10.1126/science.290.5489.124
https://doi.org/10.1016/j.neuron.2006.09.021
https://doi.org/10.1016/j.tips.2005.08.002
https://doi.org/10.1016/j.tips.2005.08.002
https://doi.org/10.1016/j.expneurol.2010.11.017
https://doi.org/10.1016/s0304-3959(99)00251-1
https://doi.org/10.1016/S0304-3959(01)00456-0
https://doi.org/10.1016/S0304-3959(01)00456-0
https://doi.org/10.2106/JBJS.E.01286
https://doi.org/10.2106/JBJS.E.01286
https://doi.org/10.1073/pnas.93.25.14950
https://doi.org/10.1073/pnas.93.25.14950
https://doi.org/10.1016/j.pain.2014.08.025
https://doi.org/10.1016/j.pain.2014.08.025
https://doi.org/10.1073/pnas.1216080109
https://doi.org/10.1111/j.1472-8206.2007.00474.x
https://doi.org/10.1016/j.neuron.2019.05.019.
https://doi.org/10.1523/JNEUROSCI.18-24-10345.1998
https://doi.org/10.1523/JNEUROSCI.18-24-10345.1998
https://doi.org/10.1159/000087653
https://doi.org/10.1523/JNEUROSCI.23-01-00158.2003
https://doi.org/10.1177/1744806919858801
https://doi.org/10.12968/bjon.2006.15.15.21687
https://doi.org/10.1023/B:JCNS.0000023869.22017.2e
https://doi.org/10.1074/jbc.M404167200
https://doi.org/10.1523/JNEUROSCI.2710-13.2013
https://doi.org/10.3892/mmr.2015.3839
https://doi.org/10.3892/mmr.2015.3839
https://doi.org/10.1016/j.coisb.2024.100509
https://doi.org/10.1016/j.coisb.2024.100509
https://doi.org/10.1371/journal.pcbi.1006293
https://doi.org/10.1152/ajpgi.00406.2001
https://doi.org/10.1016/0304-3959(95)00077-1
https://doi.org/10.1523/JNEUROSCI.18-06-02174.1998
https://doi.org/10.1006/mcne.1997.0657
https://doi.org/10.1371/journal.pcbi.1000198
https://doi.org/10.1016/j.tins.2004.02.004
https://doi.org/10.1016/j.semcdb.2006.10.009
https://doi.org/10.1016/j.semcdb.2006.10.009
https://doi.org/10.1007/978-3-540-33823-9_1
https://doi.org/10.1186/1744-8069-5-14
https://www.frontiersin.org/journals/computational-neuroscience
https://www.frontiersin.org/


fncom-18-1327986 May 4, 2024 Time: 13:38 # 13

Kan et al. 10.3389/fncom.2024.1327986

Theile, J. W., and Cummins, T. R. (2011). Recent Developments regarding
voltage-gated sodium channel blockers for the treatment of inherited and acquired
neuropathic pain syndromes. Front. Pharmacol. 2:54. doi: 10.3389/fphar.2011.
00054

Yang, J., Xiao, Y., Li, L., He, Q., Li, M., and Shu, Y. (2019). Biophysical Properties
of somatic and axonal voltage-gated sodium channels in midbrain dopaminergic
neurons. Front. Cell. Neurosci. 13:317. doi: 10.3389/fncel.2019.00317

Ye, P., Jiao, Y., Li, Z., Hua, L., Fu, J., Jiang, F., et al. (2015). Scorpion
toxin BmK I directly activates Nav1.8 in primary sensory neurons to induce
neuronal hyperexcitability in rats. Protein Cell 6, 443–452. doi: 10.1007/s13238-015-
0154-4

Zhu, Y. F., and Henry, J. L. (2012). Excitability of Aβ sensory neurons is altered in
an animal model of peripheral neuropathy. BMC Neurosci. 13:15. doi: 10.1186/1471-
2202-13-15

Zhu, Y. F., Kan, P., and Singh, G. (2022). Differences and similarities in spontaneous
activity between animal models of cancer-induced pain and neuropathic pain. J. Pain
Res. 15, 3179–3187. doi: 10.2147/JPR.S383373

Zhu, Y. F., Linher-Melville, K., Niazmand, M. J., Sharma, M., Shahid, A., Zhu,
K. L., et al. (2020). An evaluation of the anti-hyperalgesic effects of cannabidiolic acid-
methyl ester in a preclinical model of peripheral neuropathic pain. Br. J. Pharmacol.
177, 2712–2725. doi: 10.1111/bph.14997

Zhu, Y. F., Ungard, R., Seidlitz, E., Zacal, N., Huizinga, J., Henry, J. L., et al. (2016).
Differences in electrophysiological properties of functionally identified nociceptive
sensory neurons in an animal model of cancer-induced bone pain. Mol. Pain
12:1744806916628778. doi: 10.1177/1744806916628778

Zhu, Y. F., Ungard, R., Zacal, N., Huizinga, J. D., Henry, J. L., and Singh, G. (2017).
Rat model of cancer-induced bone pain: Changes in non-nociceptive sensory neurons
in vivo. Pain Rep. 2:e603. doi: 10.1097/PR9.0000000000000603

Frontiers in Computational Neuroscience 13 frontiersin.org

https://doi.org/10.3389/fncom.2024.1327986
https://doi.org/10.3389/fphar.2011.00054
https://doi.org/10.3389/fphar.2011.00054
https://doi.org/10.3389/fncel.2019.00317
https://doi.org/10.1007/s13238-015-0154-4
https://doi.org/10.1007/s13238-015-0154-4
https://doi.org/10.1186/1471-2202-13-15
https://doi.org/10.1186/1471-2202-13-15
https://doi.org/10.2147/JPR.S383373
https://doi.org/10.1111/bph.14997
https://doi.org/10.1177/1744806916628778
https://doi.org/10.1097/PR9.0000000000000603
https://www.frontiersin.org/journals/computational-neuroscience
https://www.frontiersin.org/

	Computational modeling to study the impact of changes in Nav1.8 sodium channel on neuropathic pain
	Introduction
	Materials and methods
	Computational model
	Control computational model
	Neuropathic computational model

	Animal model induction
	Neuropathic animal model
	Control animal model

	In vivo intracellular DRG recordings
	Statistical analysis

	Results
	Comparison of neuropathic animal model and control animal model
	Validation of the control computational model
	Single parameter changes of Nav1.8 in computational model
	Coupled parameter changes of Nav1.8
	Assessment of neuropathic computational models

	Discussion
	Data availability statement
	Ethics statement
	Author contributions
	Funding
	Conflict of interest
	Publisher's note
	References


